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Non-Technical Summary

During periods of low labour demand, competition for jobs is fierce as an unemployed person
has to compete not only with a larger pool of other unemployed people but also with the
employed who are looking for a better job. Job search theory suggests that employed workers
look for jobs that pay a higher wage than their current job, while the unemployed look for
jobs that offer wages exceeding their reservation wage (the wage at which the unemployed
are indifferent between accepting the job offer and rejecting the offer in favour of continued
job search). Most models assume that employed and unemployed job seekers are the same,
differing only in their labour force status and in the intensity and effectiveness of their search.
Empirically however there is little evidence that employed and unemployed job seekers have
similar characteristics. If this is not the case, then it prompts the question of whether they
compete for the same jobs. Our focus in this paper is to compare the characteristics and
behaviour of employed and unemployed job seekers, and hence the nature of the competition
between them, and how these vary over the business cycle.

We combine data from the British Labour Force Survey from 1984 to 2009 and the British
Household Panel Survey from 1993 to 2007 to identify: (1) differences in observable
characteristics between employed people who search for another job and those who do not;
(2) the extent to which employed and unemployed job seekers have similar individual
characteristics, work histories, preferences over working hours and job search strategies; and
(3) the extent to which this varies over the business cycle. If employed and unemployed job
seekers are observationally different, or if they apply to different kinds of jobs, then in
contrast to the assumptions made in the theoretical literature we cannot conclude that they are
in direct competition for the same vacancies or that the experience and decisions of one group
will influence the outcomes of the other.

Our results indicate that employed people who engage in on-the-job search tend to be in
worse jobs than employed individuals who are not searching. We find some evidence that
unemployed job seekers apply to — or accept — worse jobs than employed job seekers, but
continue to search for better opportunities when employed. We also find significant
differences in the characteristics of employed and unemployed job seekers, which persist
when also taking into account differences in (un)employment histories and unobserved
characteristics. Employed and unemployed job seekers differ in their preferences in terms of
working hours and search methods used, although differences are larger among the more
highly educated. Such differences persist over the business cycle.

Therefore in contrast to what is typically assumed in the literature, our evidence suggests that
employed and unemployed job seekers are systematically different and are unlikely to
directly compete for the same vacancies. Consequently the job search activities of employed
people should not affect the outcomes of unemployed job seekers.
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|. Introduction

As the UK economy struggles to emerge from recasdite unemployment rate is at its
highest level for 16 years at 8.4% while about 7@%he UK working age population is in
work (ONS 2012a). These headline rates, howevsgudie churning in the labour market as
workers move into and out of work and from job td jin an attempt to find a suitable
employer and maximise their wages. For examplen esering the current economic
stagnation, data from the Labour Force Survey sstghat more than 400,000 working age
people moved from employment to unemployment wbid®,000 moved in the opposite
direction between October and December 2011 (ONRI20 During periods of low labour
demand, competition for jobs is fierce as an uneyea person has to compete not only with
a larger pool of other unemployed people but alsth wmployed job seekers who are
looking for either a better worker-firm match ogher wages. Our focus in this paper is to
compare the characteristics and behaviour of emeplagnd unemployed job seekers, and
hence the likely nature of the competition betwéleem, and how these vary over the
business cycle. This is important given that thegosition of each group is likely to differ
in periods of growth and recession (Burgess 1993).

According to job search theory, employed workeskshigher paying jobs while the
unemployed seek jobs that offer wages exceeding tleservation wage (Burdett and
Mortensen 1998). In models such as Burdett and éviegn (1998) and van den Berg and
Ridder (1998), both employed and unemployed joltkesseapply for the same jobs. Job
seekers are homogeneous, with employed and uneeatpjolp seekers differing only in their
labour market status, search intensity and effenggs. As potential employers cannot
observe the productivity of job applicants, they ymmterpret previous or current
unemployment as a signal of low productivity. Henaden receiving applications from
employed and unemployed job seekers, employergmpyelh applicants who are employed
(Eriksson and Gottfries 2005). Consequently thesgmee of employed job seekers should
reduce the chances of unemployed people findind \{Rogerson et al. 2005; Eckstein and
van den Berg 2007). However empirical evidencéhensimilarities and differences between
employed and unemployed job seekers is scarce, gpirognthe question of the extent to
which they compete for the same jobs. Our contiviouto the literature is to compare the
characteristics and behaviour of employed and ufeyeg job seekers over the business
cycle. If they are observationally different, theme cannot conclude that they directly

compete with each other for the same job vacanoretat the experience and decisions of
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one group will influence the outcomes of the othbr.this case we would conclude that the
labour market is segmented, with the unemployedesmployed operating in different labour
markets. Such segmentation may be more bindingenogs of economic growth when

unemployment is low and labour demand is high thgperiods of recession when most job
seekers are likely to be unemployed.

We address three research questions. First, watigaée the similarity of employed
and unemployed job seekers in terms of their oleskecharacteristics. Previous literature,
such as Pissarides and Wadsworth (1994), has reddékk sequential decision of whether to
search for a job, followed by the decision of wletho search while employed or
unemployed. Although they compare employed peopie search and who do not search,
they do not compare employed and unemployed jokesgand thus implicitly neglect the
possibility that there might be substantial diffezves between them.

The extent to which employed job seekers affecotiteomes of the unemployed will
depend on the extent to which they search for Hrmaestypes of job. Ideally any such
comparison should use information on the vacanmieshich job seekers apply. However,
this information is rarely available. The assumptiiat employed and unemployed job
seekers search for a job in the same occupationttteacurrent (for employed) or previous
job (for unemployed) is rather strong since recétdrature has shown substantial
occupational mobility among both employed and urleggal job seekers (Kambourov and
Manovskii 2008; Longhi and Brynin 2010; Longhi afdylor 2012). There is also evidence
that employed and unemployed job seekers use @liffesearch methods with different
chances of success (Van Ours 1995; Gorter et 8B;19ndeboom et al. 1994; Weber and
Mahringer 2008). We explore the extent to which lygd and unemployed job seekers
search for similar types of jobs and use similarcge methods and how this varies over the
business cycle.

Our second research question investigates theasityibf employed and unemployed
job seekers in terms of their job and employmerdtonies, also taking into account
unobserved individual heterogeneity. By focusing employers’ perceptions of their job
applicants, the recruiting literature suggests tihete might be important differences between
unemployed and employed job applicants in termexgierience (e.g. Atkinson et al. 1996;
Rosholm and Svarer 2004). Furthermore, there ideee of a strong causal relationship
between past and current unemployment, which stgdesat the unemployed will be more
likely than the employed to have experienced unegmpént in the past (Arulampalam et al.
2000; Boheim and Taylor 2002; Gregg 2001; Stewad72.
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If employers prefer hiring applicants who are athg in work (Eckstein and van den
Berg 2007; Andrews et al. 2001), the presence gil@yed job seekers should reduce the
chances of unemployed people finding a job (e.@drson et al. 2005). In this case we might
expect the level of competition between employed @memployed job seekers to also vary
over the business cycle. Empirical research tendassume that on-the-job search falls
during recessions, and competition for jobs is mik&ly to come from the unemployed in
economic downturns than during periods of econogrmwth (Burgess 1993; Pissarides
1994). However, if employed and unemployed job seelare different, there is no reason to
assume that unemployed people will be more nedwtiaéfected by the presence of
employed job seekers in periods of growth thanawmturns. Our third research question
asks whether differences between employed and uogetp job seekers vary over the
business cycle and whether there are differences ttve business cycle in the impact that
on-the-job search has on unemployed job seekers.

No single dataset allows these three questioh® taddressed. The quarterly Labour
Force Survey (LFS) directly identifies employed Wans engaging in on-the-job search, but
has a very limited panel dimension. The British behold Panel Survey (BHPS) contains a
long panel element but does not ask questions abothe-job search activities. We use the
quarterly LFS to identify (1) observable factorss@sated with the probability that
employees engage in on-the-job search; and (2) hehetmployed and unemployed job
seekers have similar individual characteristiceferences over working hours, and job-
search strategies. We then combine the quarterly with the BHPS to identify (3) the
impact of differences in past employment histonasthe employment status of job seekers
accounting for unobserved individual-specific hetgmeity. Finally, we combine the
qguarterly and annual LFS to provide a sufficiembigg time-series to analyse (4) differences
between unemployed and employed job seekers ogdausiness cycle.

We find that unemployed and employed job seekéiferdsignificantly in their
individual characteristics, past employment higteripreferences over working hours, and
job-search strategies, and that such differencesigpeover the business cycle. These
systematic differences suggest that the unemplayedunlikely to directly compete with
employed job seekers. Our results are consistehtavsegmented labour market and with a
no-pay low-pay cycle, where workers become lockea isequence of unemployment and

low quality jobs.



Il. Theoretical background

While many theoretical models of job search asstima¢ employed and unemployed job
seekers are substitutes and apply to the same cias&f®.g. Burdett and Mortensen 1998;
van den Berg and Ridder 1998), other theories éctly suggest otherwise. For example
Pissarides (1994) characterises the labour magk&gdod’ and ‘bad’ jobs, where employed
job seekers only apply for and accept jobs that lster than their current one. The
unemployed are more likely to be hired in ‘bad’gand to engage in on-the-job search after
accepting the ‘bad’ job. Consequently ‘good’ jobsdd be filled by employed people who
do not engage in on-the-job search, ‘bad’ jobs khbe filled by employed people looking
for a ‘good’ job, and the unemployed should mostbply to ‘bad’ jobs. As they apply to
different types of jobs, employed and unemploydal geekers do not directly compete with
each other.

There are other reasons why employed and unengpjoyeseekers may not directly
compete with each other. Unemployment is higherrayrgeople with low rather than high
education, and the probability of on-the-job sealdo varies with education (Pissarides and
Wadsworth 1994). If employed job seekers have lagals of education and the unemployed
have low levels of education, they are unlikelyafiply to the same vacancies. Furthermore,
the literature on unemployment persistence suggésis current employment is strongly
related to past unemployment (e.g. Arulampalam [e@00; Gregg 2001), even when
allowing for observed and unobserved differenceswéen individuals. Hence, the
unemployed and employed are also likely to havey \different job and employment
histories. Furthermore, employed and unemployed gelekers may differ in other
unobservable ways, for example in terms of theitivation, reservation wages and the types
of jobs they find acceptable.

Less is known about the characteristics of the gught, or the search methods used.
Van Ours (1995) argues that employers introduce petiton between employed and
unemployed job seekers by using different recruithedannels for the same vacancy, while
Gorter et al. (1993) and Lindeboom et al. (1994} fihat the use of particular recruitment
channels reduces the probability that the vacasdilléd by an unemployed job applicant.
Weber and Mahringer (2008) find self-selection aghgob seekers in terms of search
methods and that the effectiveness of differentos is related to the labour market status

of the job seeker.



Even when applying for the same jobs, if emplojadil seekers are preferred to the
unemployed because of, for example, more occupapegific human capital (Rosholm and
Svarer 2004), differences in the quality of jobsanied may be partly due to differences in
previous experience. Employers may interpret unegympént as a negative signal and
consequently unemployed job seekers may often treited into low quality jobs with a
high rate of destruction, resulting in unstable Eyment trajectories and repeated spells of
unemployment (Boheim and Taylor 2002; Stewart 208iQwever, there is more scope to
discriminate against the unemployed in periodsrofMh when unemployment is low, while
discrimination is harder in periods of recessiorewimost job seekers are unemployed. Also
high-quality workers may lose their job during resiens, raising the average quality of the
pool of unemployed job seekers. If so we expecfedifices between employed and
unemployed job seekers to fall, and competitionrwbeh them to increase, in periods of
recession. But if only employed job seekers with tighest probability of finding a job
search during a recession, the average qualityhefpool of employed job seekers will
increase, and differences between employed and ploged job seekers will persist over the
business cycle. This would suggest that employeduaemployed job seekers are unlikely to
directly compete with each other.

We contribute to the literature by comparing emngptb and unemployed job seekers
in terms of their individual characteristics, empteent histories, job search strategies, and
preferences in terms of job characteristics. We alsalyse whether differences between
employed and unemployed job seekers vary over ukaéss cycle to shed light on whether

employed and unemployed job seekers directly coanfoetjobs.

[ll. Data and Descriptive Statistics

To accurately identify whether employed and unelygdo job seekers are in direct
competition requires data on the extent to whi@ythpply for the same jobs. However such
data are not available. Instead we compare thectaistics and behaviour of employed and
unemployed job seekers and identify differences simdlarities, and draw inferences from
these. We use data from the LFS and the BHPS, e&ckhich have strengths and
weaknesses. The LFS collects detailed informatiojob search behaviour by the employed
and unemployed, while the BHPS is a panel datas¢tcbllects information on employment

histories.



The LFS is a nationally representative householey which collects data on a
range of individual and household characteristiosussing in particular on employment
status, education, and job characteristics. Itlieen collected biannually between 1975 and
1983, annually from 1984 to 1991 and quarterly esih®92. We use data from 1984 to 2009
(as prior to 1984 unemployment was not defined ming to the ILO standard). The
advantage of the LFS is that it asks questions amn gearch to both employed and
unemployed respondents. This allows us to compereharacteristics of employees who do
and do not search for a new job, as well as of eygal and unemployed job seekers.
Although there are comparability issues betweeratireual and quarterly data, the questions
on job search activities were similar over timewdwer, fewer details about the type of job
sought were asked before 1992.

We define job seekers in the LFS as those whoar@ Jooking for paid employment;
(2) have looked for work in the last four weeksd §8) mention at least one method of job
search. We focus on men and women of working a§e54/64) who are either employed or
unemployed. The self-employed, people in governmemhing programs, unpaid family
workers and inactive people (about 6% of all jobkeses) and the small proportion (less than
1%) of unemployed people who do not satisfy thedhconditions are excluded from our
analysis. The quarterly LFS has a rotating pamatgire in which people are interviewed for
up to five successive quarters. To avoid repeabsérvations per individual, in most models
we use data from the first interview within the gady panel structure; the exception is in
models analysing the determinants of on-the-jolockefor which we only use data from the
fifth interview (when questions are asked on wages)

The BHPS is a nationally representative panel olkkbolds in the UK, in which each
household member is interviewed annually. The sustarted in 1991 and the most recent
wave available to date refers to 2007. Our BHP3yaisaalso focuses on people of working
age (16-59/64) who are employed or unemployed. BHES has two advantages over the
LFS. Firstly it collects job and employment hisés;i allowing us to identify differences in
previous employment experiences between employeédiaemployed job seekers. It collects
retrospective information on job and (un)employmeptlls that individuals experience
between two waves of data (or in the previous 12thg). We use this to identify previous
changes in occupation and unemployment and inacspeells. Secondly the BHPS is a panel
dataset, allowing us to account for unobservecedifices across individuals in estimation.

Although it includes a large quantity of informaticon individual, household and job



characteristics, like many datasets the BHPS dslldata on job search activity only from
people who are currently unemployed.

As we do not directly observe job search amongethployed in the BHPS, we use
information in the quarterly LFS to construct a rabaf on-the-job search which we then use
to predict job search among employees in the BHP& step only uses job characteristics
that are available in both datasets. Current wageslikely to be key determinants of
engaging in on-the-job search and this is only lakbke in the LFS from 1993 onwards.
Therefore this part of our analysis is restricethe period 1993-2007.

We first use LFS data to summarise job searclhistat LFS respondents (Table 1).
The quarterly and annual series are broadly cargisind show that about 6% of employed
workers look for a job, with no difference betwemen and women. Most job seekers are
unemployed, although they are more equally disteébubetween unemployment and

employment among women.

Table 1 Proportion of people searching for a job, ES 1984—-2009; 1992-2009

Quarterly Data (1992-2009) Men Women

) 2 ) 2
Employed not searching 94.22 94.36
Employed searching 5.78 43.09 5.64 49.98
Unemployed 56.91 50.02
Total 100.00 100.00 100.00 100.00
Annual Data (1984-2009)
Employed not searching 94.09 93.67
Employed searching 591 40.49 6.33 48.03
Unemployed 59.51 51.97
Total 100.00 100.00 100.00  100.00

Columns (1) are percentages of those who are on@reearching for a job; Columns (2) are percerganf
those who are employed and unemployed, conditimmaearching for a job

Figure 1 shows how the proportion of employeefhé&ltFS who are looking for a job
varies over the business cycle. The right panelvshibe quarterly data, and the left shows
the annual series, in which the 1992-2009 quamegsaggregated by calendar year. In a
given year or quarter, between 5% and 7.5% of eyegl®o engage in on-the-job search,
consistent with Pissarides and Wadsworth (1994)ilaMhere is some evidence that this
proportion varies in a procyclical manner, the &aon over the business cycle is perhaps
smaller than suggested by previous theoretical lo(eeg. Mumford and Smith 1999;
Anderson and Burgess 2000).
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Figure 2 shows the proportion of job seekers wie employed. This varies from
30% to more than 55% and more clearly follows vaomes in the business cycle: a larger
proportion of job seekers are employed in periddsconomic growth. As Figure 1 suggests
that the proportion of employed people engagingrirthe-job search varies relatively little
over time, changes in the proportion of job seekens are employed are mostly due to
changes in unemployment.

The top panel of Table 2 shows differences betwaaployed and unemployed job
seekers in their preferences over working hourslevthe bottom panel shows differences in
terms of job search methods. There are clear diifsgs between types of job seekers in
terms of preferences over working hours. For exanifgPo of employed job seekers prefer a
full-time job (30+ hours per week), 18% prefer atyiane job (less than 30 hours per week)

and less than 5% have no preference. A larger ptiopoof the unemployed than employed



prefer a part-time job (25%), while 57% prefer dl-fime job and 18% are indifferent

between the two.

Table 2: Preferences over working hours by employnmme status, LFS 1992—2009

Preference for: Employed job seeker Unemployed All
Full-time (%) 77.38 56.73 66.26
Part-time (%) 18.10 2485 21.73
No preference (%) 452 18.42 12.01
Observations 38,756 45,235 83,991
Job search method:

Job centre, careers office, job club 14.21 33.53 2461
Advertising, answering ads in newspapers 63.97 4477  53.63
Direct approach to employers 8.38 10.27 9.4
Ask friends and relatives 8.45 8.79 8.64
Do anything else 4.99 2.65 3.73
Observations 38,759 45,240 83,999

Column percentages

Job seekers also differ in terms of the main jedrsh method used. The majority of
employed job seekers (64%) use responding to asleerénts as their main method of job
search, compared with 45% of unemployed job seekrsmployed job seekers are twice as
likely as on-the-job searchers to use job centraser offices and job clubs (34% compared
with 14%). Between 8-10% of employed and unemplogedkers approach employers
directly and use friends and relatives. These geser statistics indicate differences between
employed and unemployed job seekers in terms dfyfhe of job sought and search methods

used, which we now investigate more rigorously.

[V. Estimation

Our research questions relate to differences betwagloyed and unemployed job seekers,
to examine the extent to which they are similar smdikely to compete for the same jobs and
how this varies over the business cycle. Our gjsaievolves five steps. The first identifies
differences between employees who do and do nocagengn on-the-job search. This is
important to identify whether any differences bedtwemployed and unemployed job seekers
merely reflect differences between the employed anedmployed. The second examines
differences between employed and unemployed jolesge If they are systematically

different then we cannot conclude that they digectimpete with each other for the same job
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vacancies or that the decisions of one group wiluence the outcomes of the other. In the
third step we identify whether, other things equahployed and unemployed job seekers
look for the same types of job (part- or full-tima)d use the same main method of search. If
employed and unemployed job seekers who are olismrally similar search for different
types of jobs and/or use different job search naghthen this casts doubts on the extent to
which they compete for the same jobs. These madelgstimated using the quarterly series
of the LFS from 1992 to 2009.

We then identify whether any differences in obablte characteristics between
unemployed and employed job seekers persist afteralling for employment histories and
unobserved individual-specific characteristics,ahhinvolves combining the BHPS and LFS.
Unobserved characteristics are likely to be impuri§ for example, more motivated or
inherently able job seekers remain employed whilgaging in job search, while previous
research indicates that the employed and unemplogee different employment histories. If
these are correlated with other observables, openeeived by potential employers as signals
of worker productivity, then this will bias estineal coefficients. Therefore having identified
employed job seekers in the BHPS from models estidnasing LFS data, the fourth step is
to estimate models of the employment status of $elekers which incorporate both
employment histories and unobserved individual-gjgecharacteristics.

In the fifth step we examine whether or not diffeves between employed and
unemployed job seekers, and hence the nature gbdtemtial competition between them,
vary over the business cycle by combining the ahaund quarterly LFS. There may be
smaller differences in unobservable characteristicsmployed and unemployed job seekers
during economic downturns when higher quality woskenter unemployment, raising the
average quality of the pool of unemployed job seekié so we expect differences between
employed and unemployed job seekers to fall, amdpetition between them to increase, in
periods of recession. However if only employed gaekers with the highest probability of
finding a job search during a recession, the aweplity of the pool of employed job
seekers will increase, and differences between @yagdl and unemployed job seekers will
persist over the business cycle. We describe oproaph to estimating each of these steps

below.

Who searches on the job?
We first examine factors associated with employegmging in on-the-job search. Pissarides

(1994) suggests that workers who engage in onethesg¢arch are in worse jobs, with lower
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wages and in less permanent positions than thosedeot search. If so then differences
between employed and unemployed job seekers doneatly reflect differences between
employed and unemployed people in general. We astira probit modetonditional on
being employed, where the dependent varialeequals one if the employed worke) is

searching for a job and zero if not searching. Mioelel is specified as:
Yi* = Xi‘ﬁl +\Ni‘,82 +B,NE, + B,PE +¢ 1)
where y; denotes the unobservable propensity for the eragloyorker to search for a new

job. Explanatory variables include both individyA]) and job-related W) characteristics.
Individual characteristics include age, househaldcsure and education. Job characteristics
include employment type (temporary or permanem@}ias (private or public), occupation,
job tenure, wages and hours worked. The modelsimtdade two variables aggregated at the
regional level: the quarterly change in the numifeemployees in the regioNE;), and the
proportion of job seekers that are employed ingharter and regionPE;).! These capture
regional labour market conditions which we expednfluence the decision to engage in on-

the-job search. Region, year and quarter idenditiee also included.

Differences between employed and unemployed job &ees
We identify factors associated with being an emgtbyather than an unemployed job seeker
using a probit modeatonditional on job search. Here the dependent varialdeequals one if

the job seeker is employed, and zero if unemploybd.model is specified as:

z = X.a,+a,NE, +¢ (2)
where zi* denotes the unobservable propensity for a jobesagekbe employed. Explanatory

variables include individual characteristics (irdihg the length of job search), and the

quarterly change in the number of employees irr¢lgeon?

Preferences and search behaviour of employed and employed job seekers
If employed and unemployed job seekers have diitgiab preferences they are unlikely to

directly compete for the same jobs. We investigatether they have similar preferences in

! Regional variations are important: Robson (200iggests that regional differences in the outflowrdr
unemployment are mostly due to differences in tative competitiveness of unemployed job seekattser
than in regional variations in hirings. Becausdauak of data availability on smaller geographiaatas, and
similar to Pissarides and Wadsworth (1994), we thsenine Government Office Regions for Englandsplu
Wales, Scotland and Northern Ireland.

2 Since we are not interested in the outcome o$étaech, search intensity is not relevant in thigext.

11



terms of working hours using a multinomial probiodael in which the dependent variable

distinguishes between three statgs1 = preference for a full-time job, 2 = prefecerfor a
part-time job, or 3 = no preference, via the latertable pref, :

pref” = Xy, + 1, B+, 3)
wherey;; are i.i.d. and follow a multivariate normal disution. The probability of observing
individual i having preferencgis the probability thapref; > prefi, for eachj # g. Differences
between job seekers are captured using a binargblandentifying whether a job seeker is
employed E;) with unemployed being the reference group. Th@amatory variables are the
same as in equation (2).

A similar model is used to identify whether emmdyand unemployed job seekers
use the same search methods. As previously distugsemployed and unemployed job
seekers use different methods which have diffelergls of effectiveness, those using the
least effective method will be disadvantaged inrtjftd search. If different types of jobs are
advertised using different methods, the choiceeafch method might be related to the type
of job sought, and if employed and unemployed pdkers use different methods of search it
suggests that they are not applying for the sat® jo

Our dependent variable in this case distinguidiete/een five search methods: job
centre, careers office or private employment ageniinect approach to employers; ask
friends and relatives; do anything else; with atisgrg and answering adverts in newspapers
etc. as the reference group.

The impact of employment histories on job search
We next incorporate employment histories and imtligd-specific unobserved effects into
our analysis. Both are likely to be important givérat employed and unemployed job
seekers are likely to differ in unobservables (sashmotivation, ability etc), and have
experienced different work trajectories. Modelst ttha not take these into account are likely
to yield biased coefficients and we do so using BHRata.

Employed job seekers are not directly identifiabl¢he BHPS. Therefore we predict
who among employed BHPS respondents are most likkelgngage in on-the-job search
using models estimated on LFS data. Given the randationally representative nature of

both data sets, it seems reasonable to assumthéhedlationship between on-the-job search

% Using the internet to search for a job is not ofithe possible options. It is likely that peopking the internet
classify this as ‘advertising and answering advertaewspapers’ or ‘do anything else’, which is tiesidual
category in the LFS questionnaire.
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and job characteristics estimated using the LFSkawan also be applied to respondents in
the BHPS sample. We estimate a probit model foagimg in on-the-job search similar to

equation (1) using the LFS sample. The dependerdbla distinguishes between employed
people not searching and employed people searé¢bimg new job. Explanatory variables

that are available and comparable in both dataselisde whether the job is temporary, part-
time, in the public sector, occupation dummies, jebure, weekly earnings, and hours of
work.* The model also includes the proportion of job seskvho are employed by quarter

and region to capture regional labour market caoorast

We use estimates from this model to predict thebalbility that each employed
respondent in the BHPS engages in on-the-job se&slshown in Figure 1, on average
about 6% of employees in the LFS engage in ondghesgarch and this varies between 5 and
7.5% over the business cycle. Therefore for eaen we identify employed job seekers in
the BHPS as those 6% of respondents with the higitebability of engaging in on-the-job
search. We compare the characteristics of thoseifidel as engaging in employed search in
the BHPS with those of employed job seekers irL#® in the results section.

Having identified the group of employed job seskierthe BHPS, we next examine
the impact of past employment histories on the abdly of being an employed rather than
an unemployed job seeker. We account for individuabbserved heterogeneity by
estimating a random effects logit model, and reteextypical (and restrictive) assumption of
independence between observed characteristics anbservables by including within-
individual means of the time-varying covariates (idlak 19787 We model the probability

that the job seekeris employed E=1) rather than unemploye&%£0) at timet via the latent
variable E; :

E. =X, B+X, y+u +v, (4)
where E; denotes the unobservable propensity for the jelieseto be employed at tinte

andx is a vector of observable characteristics thdtianfce E;, . A job seeker is observed in

employment when his/her propensity to be emplogedreater than zeroj refers to the

vector of individual means of time-varying covaesitover timeu; denotes the individual-

* Sensitivity analyses show that excluding individeharacteristics from the model does not reduse it
predictive power. While job tenure is likely to bedogenous, we use this purely to identify BHP$ardents
most likely to engage in on-the-job search rathantto identify causal effects.

®> We prefer random effects to fixed effects estiomatior two reasons. Firstly a fixed effects modelud be
identified by individuals who participated in batimployed and unemployed job search over the pewbith
would substantially reduce the effective samplee.si@econdly, one of our key explanatory variabkes i
education level which is time invariant and itseeffwould not be directly estimated in fixed effeestimation.
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specific unobservable effects amds random error, which is i.i.d. and follows a Istig
distribution. Explanatory variables include age, household structure, education, regio
and year identifiers, plus variables summarisirgggtrevious (un)employment and job history
of the job seeker. These capture whether or notdheseeker had an unemployment or
inactivity spell in the previous 12 months (distighing between spells lasting less and more
than 3 months), variables capturing earlier unegrpknt or inactivity spells that lasted more
than three months and recent and earlier occutohrange.

We identify BHPS respondents engaging in on-tlegearch with error. At the
extreme none of the employees we identify as j@kess will engage in on-the-job search,
and our models would compare employment historiesmployed and unemployed people.
Therefore differences between employed and uneraglgyb seekers may be overestimated
if employed job seekers are more similar than thgpleyed who do not search to
unemployed people. We check the robustness of eswlts to different definitions of
employed job seekers, one of which identifies jebkers within the BHPS as people who
move from job to job within the following 12 monthgthout an intervening employment
interruption (and who are therefore likely to hagaged in on-the-job search).

Differences over the business cycle

Finally, we estimate whether differences betweemleyed and unemployed job seekers
vary over the business cycle. We combine the anaglthe quarterly series of the LFS by
grouping the quarterly data into years and keepimg observation per individual. We then
re-estimate models of job search behaviour (equ&)oand method of job search (equation
3) separately for periods when unemployment rateseevincreasing and decreasing. This
allows us to identify whether the unemployed ara@emamilar to employed job seekers in
economic downtowns than in periods of economic ¢nowPeriods of increasing
unemployment include 1984, 1991, 1992, 1993, amaden 2005 and 2009; all other years
are classified as periods of falling unemploynfeltodel specifications differ slightly from
those described previously because of inconsissrmier time in data availability.

® We have also estimated the models separately dapgs with high or low — rather than increasing or
decreasing — unemployment. If we use as a thrésiiolunemployment rate of 7%, then we classifyydmrs
between 1998 and 2008 as periods of low unemploynemd the remaining years as periods of high
unemployment. The results are not sensitive to shelmges in the definition of business cyclespdptussing

on data from 1994 onwards (and so capturing thenteecession only).
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V. Results

Determinants of on-the-job search

Table 3 presents marginal effects from models efdéterminants of participating in on-the-
job search conditional on employment (equatiore&)imated separately for men and women
using LFS data from 1993 to 2009. Consistent withliterature, the probability of engaging
in on-the-job search falls with wages and job ten&arning £10 more per hour is associated
with a two percentage point lower probability ofgaging in on-the-job search. Ten more
years of job tenure reduces the probability by éhpercentage points for men and two
percentage points for women. On-the-job searcHsis more likely among older workers.
Married women are two percentage points less likedy single women to search on-the-job,
but marriage only reduces the probability by 0.%ceetage points for men. Dependent
children reduce on-the-job search but only for womEor both men and women, the
probability of searching on-the-job increases watlucation, such that having a university
degree is associated with a 5 percentage poinehigiobability of engaging in on-the-job
search relative to having no qualifications.

Having a temporary job increases the probabilitgearching on-the-job by between
four and five percentage points relative to a pewna job as does working in a part-time
rather than full-time job among men (see also Adss and Wadsworth 1994). This suggests
that the part-time job is unsatisfactory in terrh$&abour supply preferences, and is consistent
with non-standard forms of employment such as {ae- and temporary jobs being ‘bad’
jobs (McGovern et al. 2004). Workers may accept-fyae jobs to escape unemployment,
even though they preferred a full-time job.

Our estimates suggest that the probability ofr@ijob search is independent of total
employment, although men are more likely to engagen-the-job search when a larger
proportion of job seekers are employed.

These results suggest that, consistent with thewsoykers engaging in on-the-job
search are in different (possibly worse) jobs ttiense not searching. For example, they have

" Descriptive statistics from the LFS are consisteitt this: 18% of unemployed people who were logiior a
full-time job accepted a part-time job, while 12%tloose looking for a part-time job accepted a-fuiie job.
Less than 10% of job-to-job movers were lookingffd-time work but accepted a part-time job, whil@% of
those looking for a part-time job accepted a funie job.
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lower wages and are more likely to be in tempomarpart-time worl® We next investigate

the determinants of being an employed rather timamyloyed job seeker.

Table 3: Determinants of on-the-job search, LFS 133-2009

Men Women
Age /10 0.063* 0.034*
(0.005) (0.006)
Age square / 100 0.009* 0.005*
(0.001) (0.001)
Married/cohabiting -0.005* -0.023*
(0.002) (0.002)
Whether dependent children -0.002 -0.004
(0.002) (0.002)
University degree or higher 0.050* 0.049*
(0.004) (0.004)
Other higher 0.026* 0.031*
(0.004) (0.004)
GCSE, A levels 0.024* 0.022*
(0.004) (0.004)
Other qualifications 0.016* 0.017*
(0.004) (0.004)
Job temporary 0.049* 0.046*
(0.003) (0.003)
Part-time 0.031* 0.003
(0.004) (0.003)
Gross hourly wage £/10 -0.021* -0.020*
(0.002) (0.002)
Job tenure years / 10 -0.033* -0.023*
(0.003) (0.004)
Job tenure square years / 100 0.001 0.001
(0.001) (0.002)
Public sector -0.003 -0.003
(0.002) (0.002)
Usual hours / 10 0.002 0.002
(0.001) (0.001)
Quarter-to-quarter change in the number of empljrethe region -0.019 -0.105
(0.068) (0.090)
Proportion job seekers who are employed (%) 0.001* 0.000
(0.000) (0.000)
Log likelihood -25856 -20764
Observations 122,707 97,336

Marginal effects from a probit model where the dejant variable is 1 if an employee searches fobaand 0
if she does not; Standard errors, clustered bysygaarters x regions, in parentheses. All modeds aiclude
occupation, region, year, and quarter dummies.

* statistically significant at 1%; + statisticalbygnificant at 5%.

8 Results in Table 3 are robust to changes in msgetification. For example excluding job tenure iphihis
potentially endogenous) has only a small impacthenestimated coefficients. Using a one quarterofathe
proportion of job seekers who are employed, or wholy the variable altogether, has no impact on the
estimates.
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The determinants of being an employed rather than memployed job seeker

Table 4 presents marginal effects from models ahdgen employed rather than an
unemployed job seeker (equation 2). These showthigaprobability of being an employed
job seeker increases with age for both men and wpmkhough the relationship is non-
linear. The probability of being an employed rattitem an unemployed job seeker is higher
if married (by 17 percentage points for men andeBcentage points for women), and
increases with education. For example, having aedemcreases the probability of being an
employed job seeker by 36-38 percentage pointsvelto having no qualifications. This is
consistent with studies of recruitment behaviounjolv find that one of the reasons why the
unemployed do not get a particular job is that ttleynot meet the job requirements in terms
of qualification and experience levels (e.g. Goeeral. 1993; Behrenz 2001). Dependent
children reduce the probability of being an emptby@b seeker by 13 percentage points for

women and 3 percentage points for men.

Table 4: Determinants of being an employed job seek LFS 1992—-2009

Men Women

Age 0.036* 0.034*
(0.001) (0.001)

Age square -0.001~ 0.000*
(0.000) (0.000)

Married/cohabiting 0.173* 0.064*
(0.006) (0.006)

Whether dependent children -0.035* -0.134*
(0.005) (0.005)

University degree or higher 0.377* 0.358*
(0.007) (0.008)

Other higher 0.263* 0.259*
(0.007) (0.009)

GCSE, A levels 0.213* 0.203*
(0.007) (0.007)

Other qualifications 0.153* 0.130*
(0.008) (0.008)

Searching for 3-12 months -0.056* -0.046*
(0.005) (0.006)

Searching for more than 12 months -0.134* -0.110*
(0.005) (0.007)
Quarter-to-quarter change in the number of empley®eegion 0.769* 0.796*
(0.242) (0.249)

Log likelihood -27941 -24745
Observations 47,786 39,757

Marginal effects of a probit model where the demamdvariable is 1 if job seeker is employed andf O i
unemployed; Standard errors, clustered by yeand&psax regions, in parentheses. Models also irchegjion,
year and quarter dummies.

* statistically significant at 1%; + statisticalbygnificant at 5%.
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We also find that the longer the length of the cleapell, the less likely the respondent is to
be an employed job seeker. This suggests that getgblob seekers tend to search for short
periods while the unemployed are more likely torcledor longer and hence competition
between employed and unemployed job seekers féllsthe length of the search.Local
labour market characteristics are also importanpdrticular, the probability of engaging in
employed rather than unemployed search increasts thve increase in the number of
employees in the region. This suggests that onetihesearch is pro-cyclical relative to
unemployment, consistent with Figure 2. A largespartion of job seekers are employed in
periods of economic growth.

Hence we find systematic, and large, differencethe characteristics of employed
and unemployed job seekers in terms of age, fastidyus and education. This is first
evidence suggesting that employed and unemployedgekers are different and may not
compete for the same jobs. We investigate thishéurby examining the extent to which
employed and unemployed job seekers have the samrengy hour preferences and use the
same job search methods.

Preferences in working hours and differences in jolsearch methods

Table 5 presents marginal effects associated veithgban employed rather than unemployed
job seeker from models of preferences over workiogrs (equation 3). Since education is a
major determinant of the employment status of pdkers, we estimate models of work hour
preferences and of search methods used separgtetjubation. For brevity, we only present
the marginal effects on the variable of interedtjclv identifies whether the job seeker was
employed rather than unemployed. Full sets of ed@sare available from the authors on
request.

Estimates indicate that employed job seekers gfisiantly more likely than the
unemployed to prefer full-time jobs. For examplajomg men employed job seekers are
between 10 and 13 percentage points more likely thea unemployed to prefer a full-time
job, while among women they are between 18 ande2&eptage points more likely. Among
men educated to below GCSE level, employed jobessdikave a higher probability than the

otherwise similar unemployed of also preferringaat{time job (by 1-2 percentage points).

° This finding is confirmed by estimates from a rimdmial model in which the dependent variable
distinguishes between employed job seekers, the sron unemployed and long-term unemployed. Engdoy
job seekers are more similar to the short-term yobeyed than to longer-term unemployed, but diffesn
similar to those described here still emerge.
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However among more highly qualified men, employeld $eekers are up to 3 percentage
points less likely than the unemployed to prefgragt-time job. This suggests that the low
educated unemployed have no preference betweendundl part-time jobs and are less
restrictive than employed job seekers in termsobfijthat they find acceptabf®This is

further, suggestive, evidence that employed andnpieyed job seekers may not directly

compete for the same jobs.

Table 5: The impact of being an employed rather tha unemployed job seeker on preferences
over working hours, LFS 1992—-2009

Men Women
University degree or higher N = 9,929 9,136
Looking for full-time job 0.098* 0.193*
(0.006) (0.009)
Looking for part-time job -0.015* -0.093*
(0.004) (0.009)
Other higher 10,435 6,544
Looking for full-time job 0.132* 0.248*
(0.008) (0.011)
Looking for part-time job -0.031* -0.147*
(0.006) (0.011)
GCSE, A levels 12,694 13,830
Looking for full-time job 0.129* 0.224*
(0.008) (0.007)
Looking for part-time job -0.006 -0.108*
(0.005) (0.008)
Other qualifications 6,709 5,231
Looking for full-time job 0.118* 0.234*
(0.010) (0.012)
Looking for part-time job 0.012 -0.091*
(0.006) (0.012)
No qualifications 10,319 6,961
Looking for full-time job 0.132* 0.187*
(0.012) (0.013)
Looking for part-time job 0.018* -0.071*
(0.006) (0.013)

Marginal effects associated with being an employather than unemployed job seeker, estimated from
multinomial probit models where the dependent \deias 1 if job seeker prefers a full-time job,fDiefers a
part-time job, and 3 if has no preference (refeeecategory). Standard errors, clustered by yeaasiens x
regions in parentheses. All models also include dgmmies for marital status, presence of depentsltren
in the household, for length of search, regiony yeal quarter.
* statistically significant at 1%; + statisticaléygnificant at 5%.

1% We have investigated if these differences var\ngth of search. Adding interaction terms betwsearch
duration and the employment status of the job geslews no clear pattern. (These results are dkaifeom
the authors on request.) These are cross-sectiataland so we are unable to disentangle whetfferatices
between people who search for different lengthnod are due to adaptation to circumstances otrareesults

of self-selection.
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Descriptive statistics on labour market transitidrem the quarterly LFS provide
further support for this conclusion. The unemploged more likely than job-to-job movers
to enter a temporary or a part-time job (34% eatemporary job and 41% enter a part-time
job compared with 23% and 26% of job-to-job movefd)ey are also more likely to engage
in on-the-job search in the new job (15% comparéd 820). This is in line with Booth et al.
(2002) who find that, though undesirable, tempojabg are stepping stones to better jobs.

Table 6 presents marginal effects associated ethg an employed rather than an
unemployed job seeker with main search method @sethe dependent variable, again
estimated separately by education level. Thesecatelithat employed job seekers are less
likely than the otherwise similar unemployed to e centres, career offices or job clubs
across all education levels for both men and workkenwvever these differences are smaller
for more highly educated than for less educated gebkers. Among the more highly
educated, employed job seekers are also less likatythe unemployed to directly approach
employers. Employed job seekers are more likelga@nything else and, among those with
low qualifications, to ask friends and relativesislsuggests that the unemployed rely more
than employed job seekers on employment agenciésreme formal job search channels,
rather than engaging in proactive (or informal) gaarch behaviour. If different types of job
vacancies are filled via different channels, ascatgd by the literature (Gorter et al. 1993;
Lindeboom et eal. 1994), then this again suggésiseémployed and unemployed job seekers
may not directly compete for the same jobs. Howewer estimates also suggest that
differences in search methods used by employediaachployed job seekers are smaller for
women than for men, which may indicate that contipeti between employed and

unemployed job seekers is higher for women than. men
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Table 6: The impact of being an employed rather tha unemployed job seeker on main job
search method used, LFS 1992-2009

Men Women
University degree or higher N = 9,929 9,139
Job centre, careers office, job club -0.107* -01082
(0.008) (0.007)
Direct approach to employers -0.017* -0.011
(0.006) (0.007)
Ask friends and relatives -0.002 0.003
(0.006) (0.006)
Do anything else 0.034* 0.027*
(0.007) (0.007)
Other higher N = 10,438 6,545
Job centre, careers office, job club -0.190* -0*124
(0.008) (0.009)
Direct approach to employers -0.027* -0.034*
(0.006) (0.007)
Ask friends and relatives 0.005 -0.008
(0.006) (0.006)
Do anything else 0.025* 0.027*
(0.004) (0.006)
GCSE, A levels N = 12,696 13,833
Job centre, careers office, job club -0.238* -0x147
(0.008) (0.007)
Direct approach to employers 0.003 -0.010
(0.005) (0.005)
Ask friends and relatives 0.024* 0.014*
(0.005) (0.004)
Do anything else 0.036* 0.026*
(0.004) (0.004)
Other qualifications N = 6,711 5,235
Job centre, careers office, job club -0.273* -0*¥159
(0.012) (0.012)
Direct approach to employers 0.000 -0.012
(0.008) (0.007)
Ask friends and relatives 0.022 0.022*
(0.009) (0.008)
Do anything else 0.027* 0.025*
(0.005) (0.006)
No qualifications N 10,320 6,962
Job centre, careers office, job club -0.298* -0¥160
(0.012) (0.012)
Direct approach to employers 0.002 -0.001
(0.007) (0.007)
Ask friends and relatives 0.046* 0.027*
(0.008) (0.008)
Do anything else 0.018* 0.017~*
(0.004) (0.005)

Marginal effects associated with being an employather than unemployed job seeker, estimated using
multinomial probit models where the dependent ¥dgias 1 if main method of job search is using la gentre

etc, 2 if uses direct approach to employers, 3kkdriends/relatives, 4 if does anything else, &rifdresponds

to adverts in newspapers (reference category).datdnerrors, clustered by years/quarters X regiams,
parentheses. All models also include age, dummiestah status, presence of dependent children & th
household, dummies for the length of search, regiear and quarter.

* statistically significant at 1%; + statisticalbygnificant at 5%.
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Introducing employment histories and unobserved intvidual-specific effects

Thus far, all models have ignored potential unole=grdifferences between employed and
unemployed job seekers, and any differences iniguevemployment histories. We now

extend the analysis to introduce previous employmexperiences and unobserved

individual-specific effects. The first stage indhprocess is to identify employed job seekers
in the BHPS by estimating models of on-the-job slearsing LFS data and applying the

estimated coefficients to BHPS respondents. Theaanmf job characteristics on the

probability of engaging in on the-job search estedausing the LFS are shown in Table Al
in the Appendix, and are largely consistent withsthin Table 3*

We use these estimated coefficients to predict vameong employed BHPS
respondents are most likely to engage in on-thesgérch. The individual probability of
engaging in on-the-job search varies over time,amby because of potential changes in the
characteristics of the job but also because ofntlaeroeconomic climate, captured in the
models by year and quarter identifiers and the qgutagn of job seekers who are employed by
quarter and regiotf

The predicted probabilities of BHPS respondentgagimg in on-the-job search that
result from these estimates range from almost tteeomaximum of 27%, with a median of
4.5% (see Figure Al in the Appendix). Such low predi probabilities are not surprising,
given that the LFS data indicate that on averadg &b of employed people engage in on-
the-job search. For each year of BHPS data we eamioyees according to their predicted
probability of being an employed job seeker, anggarise as employed job seekers those
6% with the highest probability. Hence the thredhmtobability used to identify employed
job seekers varies by year, and ranges from alautc911.5%. Table A2 in the Appendix
shows how the threshold probability varies overetirand the corresponding BHPS sample
sizes.

The average characteristics of men and womenifabeh&s employed job seekers and
non-seekers in the BHPS are similar to those i status in the LFS (see Table A3 in the

™ The only notable difference between Tables 3 amdsAthat the impact of part-time shifts from piveitto
zero for men and from zero to negative for womere &stimates in Table 3 use data from 1992 to 20Bie

for comparability with the BHPS sample those in [EaBh1 use data from 1993 to 2007 and do not include
individual characteristics among the explanatonyaldes.

12 Alimost 95% of those who do not search are coyetdssified while 5% of them are incorrectly ciéisg as
searching. The model correctly classifies 15%hoke who search on-the-job. While this is relagivelv, we
argue that the model is successful in distinguigthietween employees who do and do not search,idsneed

by descriptive statistics presented in Table A3 estimates presented in Table A4. These are disduater in

the paper.
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Appendix). The table also shows differences betwaseployed people who search and those
who do not search. For example employed job seek®rson average younger than non-
seekers and are less likely to be married. Theyakse more highly educated. Furthermore,
the BHPS data suggest that those identified as amgljob seekers are more likely than
those identified as not searching to have expeggnimemployment or inactivity spells in the
previous 12 months and these spells have also lbeger’® Those identified as employed
job seekers are also more likely than those idedtifas not searching to have had
occupational changes in the past, perhaps indgcatiess stable employment trajectory.

For comparison, Table A3 also shows the charatiesiof unemployed people in the
BHPS. The unemployed are more likely than the eggumoto have experienced earlier
unemployment spells, less likely to have experidnpeevious occupational changes, and
have employment histories that are between thosatifted as employed people not
searching and employed people searching for a abw |

We use the BHPS to investigate the role of unateskmdividual heterogeneity and
past employment histories in shaping differencesvéen employed and unemployed job
seekers by initially estimating a logit model paogliobservations over the years. Table 7
presents odds ratios, so that an estimated effées® than (more than) one indicates that the
characteristics reduces (increases) the probabilitya job seeker being employed. The
estimates, shown in column (i), are consistent withprevious analysis of factors associated
with being an employed or unemployed job seekebl@d). Married people are more likely
than single people to be employed rather than ulmmeg job seekers. The probability of
being an employed rather than unemployed job seskarger for the more highly educated.

We next incorporate time invariant unobserved vialial heterogeneity into the
specifications by estimating random effect logitdals, shown in column (ii). We might
expect employed and unemployed job seekers tordiffeterms of, for example, their
unobserved motivation or ability, and this may bégtimates from cross-sectional models.
Our models relax the restrictive assumption that uhobserved individual-specific effects
are uncorrelated with observable characteristicanbiuding the individual means of the
time-varying covariates over time (Mundlak 1978)lthAaugh some of the individual
characteristics (such as marital status) lose #gitanatory power in this specification, the
impact of the level of education remains large atatistically significant. Therefore
education affects the probability of being an emgptbrather than unemployed job seeker

13 Although note that the unemployed here includesnall proportion of long-term unemployed who cannot
have had another recent spell of unemploymentamamic inactivity.
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even when accounting for unobserved individual ati@ristics. Given the strong correlation
between past and current unemployment (Arulampatal 2000; Gregg 2001), this could
be related to the lower probability of highly qdigd people experiencing unemployment in
the past. We examine this in column (iii), where ag@d information on employment
histories. However the estimates on the educatoimbies in column (iii) are very similar to
those in column (ii), indicating that the impacteafucation on the employment status of job
seekers is not related to differences in employntastories of people with different
educational outcomes. It is clear that educatidhpsays a statistically — and economically —
significant role. For example, a man with a uniitgrdegree is six times more likely than an
otherwise similar man with no qualifications to d® employed rather than unemployed job
seeker.

The coefficients on the previous labour market egigmce variables are also
revealing. For example past experiences of unempdoy increase the probability that the
job seeker is employed rather than unemployedetiads had an unemployment spell in the
past are more likely to be currently employed ageksg a new job. This is consistent with
the idea that there is some turnover in unemployraed that the unemployed on average are
recruited into low quality jobs. They find a jolytithen keep searching for a better job while
employed. The table also shows that — especiatlywéamen — the impact on the status of job
seekers of longer unemployment spells is largen tha@ impact of shorter unemployment
spells, and that earlier spells are less impottaan recent ones. This is consistent with a no-
pay low-pay cycle. Those who suffered recent unegmpent spells are more likely than
those who did not to be searching on-the-job, wivtenen who experience unemployment
more than one year previously are just as likelyp¢oan employed as an unemployed job
seeker. A recent inactivity spell reduces the pbdltg that a male job seeker is employed
rather than unemployed. This may indicate that m&ve from economic inactivity into
unemployment and then from unemployment into a )ljall in which they keep searching
for a new (good) job. Earlier spells of inactivibve positive effects for both men and
women: people who had an inactivity spell more tbae year ago are more likely to be
employed job seekers rather than unemployed jokesgeconsistent with the story that
people move from economic inactivity to unemployitremd then into a job from which they

continue to search. Occupational changes seenttweehe probability that the job seeker is
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employed rather than unemployed, suggesting arabiestareer history, although the odds
ratios are not statistically significatit.

The validity of our results relies crucially on roability to accurately identify
employed people in the BHPS who engage in on-thesgarch. Failure to do so results in
models that simply compare the unemployed witheitmployed. As robustness checks, we
compare results using different strategies to iflenh-the-job search (see Table A4 in the
Appendix). Column (i) reproduces the estimates fibable 7 where employed job seekers
are identified as the 6% of BHPS respondents eaahwith the highest predicted probability
of being an employed job seeker. Column (ii) presestimates when employed job seekers
are identified as the 15% of BHPS respondents ggar with the highest predicted
probability of being an employed job seeker, whiddumn (iii) defines all employees in the
BHPS as employed job seekers. Looking across themos of Table A4 indicates that the
coefficients on individual characteristics do chengnd some gain statistical significance
when comparing all employed people to the unemployghe impact of qualifications
changes less, while those of previous unemploymsaeits become smaller and the effects of
inactivity remain. This suggests that there arentifiable differences between those
classified as employed job seekers (columns (i) @hdand the average employed person
(column (iii)) and confirms that the group that wentify as employed job seekers differs
from the whole pool of employed people. Hence thase genuine differences between
unemployed and employed job seekers (rather th&awebae employed and unemployed
people), suggesting that employees searching f@awajob are more similar to unemployed
people than to employees who do not search. Fangbea they might have higher risk of
losing their job and have low chances to find ao@jojob (and therefore to become an

employee who does not engage in on-the-job search).

14 As education is a key factor determining whether job seeker is unemployed or employed, we have re
estimated the models separately by qualificatiselleResults confirm the main findings of TableFar all
qualification levels previous unemployment sigrafitly reduces the probability of being an unempibjab
seeker, recent inactivity increases it, while eaiactivity reduces it.
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Table 7: Determinants of being an employed ratheritan unemployed job seeker, BHPS 1993—-

2007
(i) (ii) (iii)
Logit model Random effect Random effect
Logit model Logit model
Men Women Men Women Men Women
Age 0.975 1.009 1.627 1.600 1.577 1.568
(-1.40) (0.30) (2.55) (1.11) (2.34) (0.98)
Age square 1.000 1.000 1.000 1.002 1.000 1.002
(1.20) (-0.26) (0.11) (1.17) (0.25) (1.40)
Married 1.470* 1.472* 1.128 1.331 1.180 1.325
(4.47) (3.52) (0.55) (0.75) (0.75) (0.68)
Children 0-15 0.675* 1.221 0.629* 0.843 0.621* ®382
(-5.51) (1.87) (-2.64) (-0.47) (-2.66) (-0.48)
Qualification (reference: no qualifications)
First/higher degree 3.474* 4.493* 5.418* 9880 5.987* 9.628*
(9.96) (7.16) (8.48) (6.74) (8.86) (6.13)
Other higher 2.524* 2.373* 3.632* 3.802* BB3  4.096*
(8.12) (4.44) (7.33) (4.58) (7.25) (4.36)
GCSE, A levels 2.323* 2.461* 3.211* 3.779* Qor 4.278*
(8.21) (5.00) (7.23) (4.93) (7.12) (4.86)
Recent unemployment
spell <= 3m 2.168* 2.023
(4.54) (2.10)
Recent unemployment
spell > 3m 2.052* 3.937*
(4.95) (3.60)
Recent inactivity spell
<=3m 0.519 0.659
(-2.31) (-0.85)
Recent inactivity spell
>3m 0.382* 0.308*
(-4.16) (-2.88)
Recent occupational
change 0.761 1.017
(-1.89) (0.05)
Earlier unemployment
spell > 3m 1.525* 0.994
(2.99) (-0.02)
Earlier inactivity spell
>3 m 1.649 5.395*
(2.28) (4.05)
Earlier occupational
change 0.953 0.747
(-0.31) (-0.90)
Log likelihood -3720 -1454 -3491 -1403 -3397 -1354
Observations 5,980 2,307 5,980 2,307 5,980 2,307

Odds ratios from (random effects) logit models vehire dependent variable is 1 if the job seekeniployed,
and 0 if unemployed. T-statistics in parenthesendard errors are clustered by individuals inltigit model.

All models also include region and year dummies medns of time-varying covariates over time.

* statistically significant at 1%; + statisticalbygnificant at 5%.
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It seems reasonable to assume that employed petplenove between jobs without
any intervening spell of non-employment were sdagchwhile in their previous job.
Therefore an alternative way to identify employel geekers is as those who subsequently
experience job-to-job moves with no intervening +4eomployment. Although job-to-job
moves can be identified from the BHPS, this onbnitfies those who are successful in their
search (i.e. people who subsequently experienob-ojjob move), which may be a highly
selected group of all employees who engage in exeh search. The models comparing
successful employed job seekers to the unemplafenlyn in column (iv) of Table A4, are
more consistent with those in column (iii) than gboin columns (i) and (ii). The only
difference is in the impact of previous occupatlacteanges, which increase the probability
of moving from job-to-job relative to being unemydal. Generally however the estimates
suggest that job-to-job moves are not a good wagentify employed people engaging in
on-the-job search; at least when interviews areyeae apart.

Estimates from this analysis suggest that empla@yetunemployed job seekers have
different levels of education and different empl@nt histories, further evidence that they
have different characteristics and are unlikelgitectly compete for jobs.

Differences over the business cycle

Our final contribution is to use the combined anraral quarterly LFS to examine whether
differences between employed and unemployed jokesgevary over the business cycle.
This provides evidence on whether, for example, uhemployed compete more with
employed job seekers during periods of economigvtirdhan recessions. In contrast to our
previous analysis, we use annual LFS data from 1884dards to be able to identify any
effects from the recession of the early 1990s. & &presents marginal effects from probit
models of the determinants of being an employedsgdker, where the dependent variables
take the value one if the job seeker is employeati zsro if unemployed. Table 9 presents
marginal effects from models of search method u3éekse are estimated for the whole
period (1984-2009), and separately for the subegsriof increasing and decreasing

unemployment.

27



Table 8: Determinants of being an employed ratheritan unemployed job seeker over the
business cycle, LFS 1984-2009

Men All years Decreasing Increasing
unemployment unemployment
Age 0.030* 0.031* 0.028*
(35.00) (31.88) (16.67)
Age square 0.000* 0.000* 0.000*
(-39.75) (-36.37) (-19.06)
Married/cohabiting 0.136* 0.140* 0.127*
(34.58) (29.34) (18.57)
Degree or higher 0.389* 0.399* 0.366*
(72.85) (61.27) (39.30)
Other qualifications 0.216* 0.223* 0.199*
(59.31) (50.95) (31.89)
Prop. job seekers employed (%) 0.008* 0.008* 0.008*
(28.92) (26.16) (15.55)
Searching for 3-12 months -0.063* -0.063* -0.064*
(-14.37) (-11.34) (-8.65)
Searching for more than 12 months -0.153* -0.162* 0.131*
(-30.12) (-24.62) (-21.01)
Log likelihood -49329 -33660 -15631
Observations 88,294 60,435 27,859
Women
Age 0.026* 0.028* 0.022*
(24.97) (22.23) (12.35)
Age square 0.000* 0.000* 0.000*
(-23.10) (-20.67) (-11.28)
Married/cohabiting -0.007 -0.012 0.004
(-1.31) (-1.81) (0.49)
Degree or higher 0.380* 0.386* 0.368*
(57.50) (49.85) (29.74)
Other qualifications 0.197* 0.198* 0.193*
(43.36) (36.20) (23.77)
Prop. job seekers employed (%) 0.008* 0.007* 0.009*
(16.41) (14.52) (8.92)
Searching for 3-12 months -0.063* -0.067* -0.053*
(-12.40) (-11.33) (-5.69)
Searching for more than 12 months -0.133* -0.141* 0.114*
(-20.18) (-17.39) (-10.58)
Log likelihood -45473 -31375 -14081
Observations 72,203 49,806 22,397

Marginal effects from a probit model where the defent variable is 1 if job seeker is employed anid O

unemployed; T-statistics in parenthesis, standena®are clustered by year x regions. All modéte énclude

region and year dummies.

* statistically significant at 1%; + statisticaléygnificant at 5%.
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The results in Table 8 are consistent with thasaguquarterly data in Table 4. The
probability of being an employed rather than uneayetl job seeker increases with age (at a
declining rate), with education and with marriagdthough the effect is not statistically
significant for women). Having no qualificationscieases the probability of being an
unemployed rather than employed job seeker. Thisnaig suggestive of a low degree of
substitution between unemployed and employed jefiess. A comparison of the estimates
in periods of rising and falling unemployment sugfgehat education has smaller impacts in
periods of increasing than in periods of decreasimgmployment, but these differences are
not large™

In terms of job search methods used, the resulfsable 9 are consistent with those
using the quarterly data (Table 6). Employed jolekees are more likely than the
unemployed to answer advertisements in newspapersamd do anything else, and less
likely to use all other methods. Estimates do vamyperiods of falling and rising
unemployment — differences between employed andnployed job seekers in search
method used are generally less pronounced in eriofl increasing than falling
unemployment. Again however such differences ara@lsm

Results indicate that differences between empl@redl unemployed job seekers are
smaller during recessions, suggesting that uneregl@and employed job seekers become
more similar during economic downturns than periofl'economic growth. Nevertheless
differences remain, and remain statistically sigaifit. The persistence in differences over
the business cycle suggests that the low degresulbbstitution between employed and
unemployed of job seekers does not change sulataniith economic conditions or with

the stock of unemploye§.

! As a sensitivity analysis we have also includethin model the quarterly percentage change in gmyat

in manufacturing/construction and the quarterlycpatage change in employment in services. For ithen,
coefficients on these variables are statisticaflgignificant and their inclusion has no impact te bther
estimated effects. For women, the coefficientsraestatistically significant when looking at resiess. In
periods of economic growth, only the change in e@wplent in manufacturing/construction is statistical
significant and has a negative but extremely seiddict. Hence in periods of economic growth anéase in
employment in manufacturing is associated withightlly smaller probability that women are employether
than unemployed job seekers.

® The comparison of consecutive quarters in the kEgests that the proportion of employees who start
searching is similar in periods of growth and retms However in periods of recession fewer empsystop
searching (e.g. because they found a better joig, ealarger proportion keep searching in both qusurt
Similarly in periods of recession a smaller projooriof the unemployed move into work (from whichetogage
in on-the-job search) while a larger proportion a@m unemployed. If only the best candidates firmligable
job, we can conclude that the average quality opleped and unemployed job seekers changes in tie sa
direction. Both in periods of growth and recessit, unemployed are in a different market and foegeare
unlikely to compete with employed job seekers.
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Table 9: The impact of being an employed rather tha unemployed job seeker on main job search methodsad over the business cycle, LFS 1984—

2009
Men Women
Increasing unemployment

Base: Degree or Other No Degree or Other No
Advertising and answering higher qualifications gualifications higher qualifications gualifications
ads in newspapers N=3,708 N=12,843 N=5,078 N=3,724 N=11,173 N=3,546
Job centre, careers office, job club -0.134* -0¥281 -0.325* -0.113* -0.176* -0.184*

(0.016) (0.012) (0.018) (0.011) (0.009) (0.020)
Direct approach to employers -0.007 -0.002 0.004 .00® -0.014* 0.003

(0.012) (0.005) (0.008) (0.009) (0.005) (0.009)
Ask friends and relatives 0.008 0.030* 0.043* 0.005 0.012* 0.024

(0.009) (0.005) (0.009) (0.008) (0.004) (0.010)
Do anything else 0.038* 0.032* 0.018* 0.041* 0.033* 0.018*

(0.010) (0.004) (0.005) (0.011) (0.004) (0.006)

Decreasing unemployment

Degree or Other No Degree or Other No

higher qualifications gualifications higher qualifications gualifications

N=8,555 N=33,189 N=18,691 N=7,033 N=30,135 N=12,637
Job centre, careers office, job club -0.161* -02295 -0.317* -0.101* -0.177* -0.159*

(0.011) (0.007) (0.009) (0.010) (0.006) (0.009)
Direct approach to employers -0.019* 0.007 0.020* -0.015 -0.003 0.011*

(0.007) (0.003) (0.004) (0.007) (0.003) (0.004)
Ask friends and relatives -0.007 0.008* 0.028* aLo 0.000 0.008

(0.005) (0.003) (0.004) (0.006) (0.002) (0.005)
Do anything else 0.028* 0.024* 0.012* 0.014 0.020* 0.009*

(0.007) (0.002) (0.002) (0.008) (0.002) (0.003)

Marginal effects associated with being an emplagder than unemployed job seeker, estimated usirijnomial probit models where the dependent \égidgs 1 if main
method of job search is using a job centre etd,usés direct approach to employers, 3 if askqdisérelatives, 4 if does anything else, and 5 spomnds to adverts in
newspapers (reference category). Standard erdostered by years/quarters x regions, in parenthedémodels also include age, dummies for mastatus, presence of
dependent children in the household, for the len§fearch, region, year and quar?dEchudes Northern Ireland.

* statistically significant at 1%; + statisticalygnificant at 5%.
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VI. Conclusions

We use data from the LFS from 1984 to 2009 and fteenBHPS 1991 to 2007 to
investigate the extent to which employed and uneygul job seekers have similar
individual characteristics (including employmenstbries), preferences over working
hours, and job search strategies. The job seatefatlire suggests that competition
with employed job seekers reduces the job oppdrésnavailable to the otherwise
similar unemployed, and assumes that both competthé same jobs. Our aim in
this paper is to investigate the assumption thaileyed and unemployed job seekers
are similar — and therefore compete for the sarbg. jWe find systematic differences
between employed and unemployed job seekers: in ithdividual characteristics,
employment histories, job search strategies anfemmces in terms of working
hours. Our interpretation is that these resultgrealict the assumption that employed
and unemployed job seekers compete for the same job

Our initial analysis suggests that employed jokkees are in worse jobs than
employees who do not search. There is some evidéatehe unemployed apply to
and accept different (worse) jobs than employedsgdkers, but then keep searching
for better employment opportunities once employ®de also find significant
differences in the characteristics of employed amémployed job seekers. For
example, the more highly educated are much moedylito be employed rather than
unemployed job seekers and, conditional on thel lef’feeducation, employed and
unemployed job seekers also have different prefe®mn terms of working hours.
Employed job seekers have much stronger preferaneesd full-time jobs than the
unemployed. Employed and unemployed job seekers afe different search
methods. These differences do not change subdhamtieer the business cycle. This
evidence is consistent with the unemployed havimgel expectations in terms of job
sought than employees, and suggests that employkedreemployed job seekers are
different and are unlikely to apply for similar gb

Our estimates also indicate that employed and uloy@g job seekers have
different employment histories, and suggest that uhemployed transit into ‘bad’
jobs from which they keep looking for a ‘good’ jobmployed job seekers may have
accepted job offers which were not ideal in orderxkit unemployment, and then
engage in on-the-job search. However, they tentietan unstable jobs, with few

chances to find a ‘good’ job and therefore to steprching. Such people might be
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locked in a low-pay no-pay cycle, while others,hwtiomparatively worse individual
characteristics, might never find a job at all.

Hence contrary to what is often assumed in tlegditire, we find evidence
that employed and unemployed job seekers are sgiitatty different and unlikely
to directly compete with each other. This is caesis with a segmented labour
market in which the job search activities of empley are unlikely to affect
unemployed job seekers, even during periods of ledyur demand. Our estimates
indicate that the higher competition that the unierygd face in periods of recession
comes from other unemployed people rather than fseople engaging in on-the-job
search — who tend to search for different typegob$. This suggests that policies
should focus on creating job opportunities to alln unemployed to return to work,
while ensuring that these jobs provide the platfdon more stable and lasting
employment. This will facilitate progression ingood’ jobs in the primary sector and

minimise the risk of no pay-low pay cycles.
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Appendix
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Figure Al: Distribution of the probability of engaging in on-the-job search: BHPS 1993
2007
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Table Al: Determinants of on-the-job search, LFS 1983-2007

(1) (2)
Men Women
Marginal effects Marginal effects
Temporary job 0.049 0.045
(0.003) (0.003)
Part-time 0.007 -0.007
(0.004) (0.003)
Gross weekly pay (hundreds) -0.005 -0.005
(0.000) (0.001)
Job tenure (years/10) -0.029 -0.034
(0.003) (0.003)
Job tenure squared (years/10) -0.002 0.002
(0.001) (0.001)
Public sector -0.001 -0.003
(0.002) (0.002)
Usual hours per week / 10 0.001 0.008
(0.001) (0.001)
Proportion job seekers who are employed (%) 0.001 .0010
(0.000) (0.000)
Log likelihood -25504 -19628
Observations 121,589 95,622

Estimates from a probit model where the dependarigbie is 1 if the employee is searching for a new
job, and 0 if not searching. T-statistics in panesis, standard errors are clustered by yearségsart
regions. Models also include dummies for occupatiegions, year, and quarter.

* statistically significant at 1%; + statisticalygnificant at 5%.
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Table A2: Threshold probability of engaging in on-the-job search, BHPS 1993-2007

Threshold Employed not searching Employed searching Unemployed
Year Probability (%) (observations) (observations) (observations)
1993 0.090 3,838 246 546
1994 0.100 3,919 251 508
1995 0.106 3,878 248 392
1996 0.112 4,081 261 393
1997 0.115 4,654 298 408
1998 0.106 4,650 297 365
1999 0.103 6,388 408 588
2000 0.110 6,362 407 568
2001 0.098 6,352 406 514
2002 0.102 5,637 360 424
2003 0.097 5,514 353 458
2004 0.099 5,343 342 371
2005 0.089 5,284 338 407
2006 0.104 5,368 343 409
2007 0.095 5121 327 322
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Table A3: Individual characteristics, BHPS and LFS1993—-2007

Dataset: LFS BHPS Diff. LFS BHPS Diff. BHPS LFS BHPS Diff. LFS BHPS Diff. BHPS
Employed men Employed men Unempl. Employed Women Employed Women  Unempl.
not searching searching men not searching searching women
Age 39.10 38.68 042 34.13 30.90 323 34.12 38.03 37.94 009 33.64 31.04 260 33.33
Married 0.608 0.749 -0.141 0.476 0.463 0.013 0.486 0.582 0.718 -0.136 0.405 0.516 -0.110 0.419
Children 0-15 0.382 0.400 -0.019 0.378 0.302 0.076 0.391 0.399 0.404 -0.006 0.377 0.393 -0.016 0.409
Degree 0.276 0.174 0.102 0.334 0.181 0.153 0.088 0.269 0.163 0.107 0.339 0.219 0.119 0.094
Other higher 0.268 0.337 -0.069 0.247 0.249 -0.002 0.186 0.162 0.298 -0.136 0.182 0.217 -0.035 0.181
GCSE, A levels 0.243 0.380 -0.138 0.247 0.487 -0.239 0.431 0.328 0.427 -0.098 0.313 0.494 -0.181 0.478
Other/no qualification 0.213 0.108 0.105 0.172 0.083 0.088 0.296 0.240 0.112 0.128 0.167 0.070 0.097 0.247
Recent unempl. spell <= 3m 0.019 0.122 0.053 0.019 0.145 0.053
Recent unempl. spell > 3m 0.018 0.113 0.096 0.016 0.101 0.058
Recent inact. spell <= 3m 0.005 0.025 0.023 0.009 0.068 0.027
Recent inact. spell > 3m 0.017 0.112 0.092 0.053 0.263 0.123
Recent occup. change 0.055 0.186 0.086 0.062 0.203 0.083
Earlier unempl. spell > 3m 0.037 0.116 0.149 0.027 0.059 0.084
Earlier inact. spell > 3m 0.033 0.178 0.131 0.094 0.357 0.174
Earlier occupational change 0.093 0.175 0.084 0.095 0.127 0.081

These descriptive statistics refer to the samphbsand are therefore unweighted



Table A4: Determinants of being an employed rathethan unemployed job seeker; sensitivity analysis, BPS 1993-2007

6% with highest probability

(ii)
15% with highest probability  All employed people

(iil)

(iv)

Job-to-job moves

on-the-job search on-the-job search (100%) (BHPS)
Men Women Men Women Men Women Men Women
Age 1.577 1.568 1.295 0.981 1.432* 1.522* 1.521* 1.524*
(2.34) (0.98) (1.90) (-0.08) (3.18) (3.07) (10.76) (10.13)
Age square 1.000 1.002 0.999 1.001 0.997* 0.997* 999. 0.998*
(0.25) (1.40) (-1.79) (0.73) (-6.13) (-5.85) (-202 (-4.06)
Married 1.180 1.325 1.309 1.437 1.392* 1.421* 1:385 1.447*
(0.75) (0.68) (1.74) (1.48) (2.65) (2.76) (2.20) 78
Children 0-15 0.621* 0.826 0.720* 1.464 0.899 1.078 0.768 1.291
(-2.66) (-0.48) (-2.58) (1.63) (-1.05) (0.64) (@)1 (2.10)
Qualification (reference: no qualifications)
First or higher degree 5.987* 9.628* 6.065* 6RR* 4.071* 2.991* 3.408* 2.370*
(8.86) (6.13) (11.52) (8.97) (9.94) (7.48) (8.52) 5.7Q8)
Other higher 3.536* 4.096* 3.914* 2.864* 3712 2.365* 2.631* 1.901*
(7.25) (4.36) (20.30) (5.75) (9.77) (6.89) (7.99) 4.99)
GCSE, A levels 3.109* 4.278* 2.980* 2.000* 421* 1.934* 2.164* 1.568*
(7.12) (4.86) (8.97) (4.12) (8.31) (5.79) (7.07) .88
Recent unemployment spell <= 3m 2.168* 21023 1.904* 1.213 1.332 0.773 1.454 0.998
(4.54) (2.10) (4.72) (0.83) (2.28) (-1.71) (2.56) -0.02)
Recent unemployment spell > 3m 2.052* 3.937* 2.174* 2.123* 1.526* 2.018* 1.444* 1.550
(4.95) (3.60) (6.77) (3.24) (4.06) (4.45) (2.84) 50
Recent inactivity spell <= 3m 0.519 0.659 0.501* 0.583 0.424* 0.481* 0.547 0.503*
(-2.31) (-0.85) (-3.03) (-1.52) (-4.12) (-3.42) 39) (-3.02)
Recent inactivity spell > 3m 0.382* 0.308* 0.384* .384* 0.325* 0.369* 0.212* 0.265*
(-4.16) (-2.88) (-5.29) (-3.53) (-6.68) (-6.10) 283) (-7.12)
Recent occupational change 0.761 1.017 0.744* 0.726 0.591* 0.639* 0.513* 0.475*
(-1.89) (0.05) (-2.70) (-1.54) (-5.40) (-3.89) 83) (-6.05)



Earlier unemployment spell > 3m 1.525* 0.994 1.594* 1.251 1.456* 1.819* 2.343* 2.284*

(2.99) (-0.02) (4.34) (0.92) (3.93) (4.17) (6.64) 4.90)
Earlier inactivity spell > 3m 1.649 5.395* 1.309 2.318* 1.201 1.617* 1.106 1.673*

(2.28) (4.05) (1.55) (3.23) (1.13) (3.01) (0.51) .89
Earlier occupational change 0.953 0.747 1.031 0.805 1.084 0.973 0.746 0.570*

(-0.31) (-0.90) (0.27) (-1.05) (0.81) (-0.23) (B4  (-4.29)
Log likelihood -3397 -1354 -5096 -2552 -6585 -4938 -4392 -3325
Observations 5,980 2,307 14,588 5,066 43,659 43,87111,966 10,536

Odds ratios from random effects logit models whbeedependent variable is 1 if job seeker is engdognd 0 if unemployed. T-statistics in parentheslismodels also
include dummies for region and year and meansw-trarying covariates over time.
* statistically significant at 1%; + statisticalbygnificant at 5%.



