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Abstract

Using new data on university-related subjectiveeexations elicited from parents and young
people in the Innovation Panel of the UK Househiotohgitudinal Study, we investigate
whether differences in knowledge about the rettons degree can partially explain the gap
in university participation by socio-economic s&t(SES). Those perceived returns are
thought to be important in the decision to go toversity and, indeed, our data show that
parents/young people who expect higher labour nagkarns from a degree also expect a
higher probability that their child/they will apply university. Parents and young people
from various SES backgrounds hold similar belidfsua the earnings return and employment
returns to a degree. It is therefore unlikely tiegt information gap about the labour market
advantage of a degree explains the SES gap ircipation. We also find that a very light-
touch information intervention showing some statsstabout population earnings and
employment to families is powerful enough to chapgeents’ expectations about population
earnings so that they become more accurate, wahggs still visible 6 months later. This
information also increases participants’ percei@bout the returns to a degree in the
population. However, it does not change parentsigqmions about the future labour market
outcomes of their own children. Possibly due tovgie information, those may be less
responsive to general information.
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1. Introduction

There has been a dramatic increase in participatiohigher education in the UK. In
England, for example, the proportion of 17 to 3@rgeolds participating in higher education
increased from just 5% in 1960 to 49% in 2012, watlstrong acceleration in the 1990s
(Department for Business Innovation and Skills 20B3number of studies demonstrate that
the expansion of the higher education sector hadoreed rather than attenuated socio-
economic inequalities in higher education (Lindeyd Machin 2012, Machin and Vignoles
2004). Previous research for the UK suggests thatetsity enrolment (conditional on
application) is not related to income once previackievements are accounted for (Ermisch
and Del Bono 2012), but application decisions amdérs 2012).

There are several (potentially non-exclusive) raador the socio-economic (SES) gradient
in university applications. Traditional models hagmphasised the role of difficulty in
accessing credit to explain the gap in enrolmerg.,(&ochner and Monje-Naranjo 2012).
However, it is not clear why those gaps are seecoiumtries where grants and loans are
available to students from disadvantaged backgmu@ther factors may correlate with
family income: Many studies show high-SES familgemote cognitive and non-cognitive
skills, have better access to information (whictuldoinfluence beliefs about available
financial aid, the requirements for university adsnmn and the returns to education), and
have an increased taste for education or a grabiiy to pass on academic ability (Carneiro
and Heckman 2002, Dearden et al. 2004). Withowt datexpectations, it is challenging to
separate these various explanations (e.g., MaP8R4). Yet, the policy implications of these
various reasons are distinct. Financial constraiatsbe alleviated with reduced tuition fees,
increased financial aid or easier access to crédé. effect of poor parenting skills and poor
home learning environments can be mitigated thraugh-quality pre-school programmes
aimed at boosting cognitive and non-cognitive skiibr all children. Unequal access to
information can be reduced by targeted informattampaigns, as well as mentoring and
coaching programmes tailored to disadvantaged stsde

In this paper, we use new data elicited from parand young people in the Innovation Panel
of the UK Household Longitudinal Study on: (i) uersity-related expectations about the
chances of qualifying, applying and completing aiversity degree; (ii) subjective

expectations about labour market outcomes condition having a university degree or not,

(ii) beliefs about population earnings; to (a) yie descriptive evidence on labour market



expectations and higher education intentions in the¢ and how it varies by family
background, (b) assess the accuracy of beliefs\Valuate the relationship between parents
and children expectation and, (d) investigate tie of future labour market expectations in
the decision to apply to university. Finally, usiagandomized information treatment, this
paper investigates whether the provision of infdramaon labour market outcomes impacts

parents, and young peoples, labour market, ancetsity-related expectations and outcomes.

The differences in expected university outcomegansental education are clear and large:
while 78 per cent of parents belonging to univgrdégree households (i.e. where at least one
parent has a university degree) believe their chillthave a degree by age 30, only 54 per
cent of their counterparts believe so (differentistically significant at the one per cent
level). This difference in expected outcome steromfdifferences in all the steps of the way
toward acquiring a degree: parents from universiggree households have higher
expectations of the chance of qualifying to go noversity (83 vs 65 per cent), the chance of
applying if they qualify (83 vs 68 per cent) ane tthance of finishing university conditional
on going (91 vs 87 per cent). Differences in a@ian expectations persist by household
degree status even when financial costs are (hgpo#ily) forgone. This suggests that there
are differences other than financial constraintg #xplain the gap in expected university
outcomes by household degree. While there areddfewences in expectations by household
income, they are substantially smaller than by bbakl degree. Young people’s university-
related expectations tend to mirror those of tparents, although children from households
with a university degree have slightly lower exp#icins than their parents, resulting in a

smaller gap in expectations by household education.

Respondents perceive overall a positive payofftiieir children/themselves to a university
degree versus no university degree, both in tefmesnployment and earnings. For example,
Parents expect their children to earn £33,500 peumm on average if they have a university
degree, compared to £24,300 per annum without eedetnterestingly, parents from a high-
income household or from a university degree hoolselexpect their children to earn
significantly more botlwith a degree andithouta degree than their counterparts. They also
expect their children to have a more favourablemjnan earnings. As a result, parents from
more privileged backgrounds do not expect highemieg returns to a university degree than
parents from less privileged background.



These differences in earnings expectations by badkg could be due to different beliefs
about children’s ability, or different access tb jeetworks. Interestingly, they do not seem to
be driven primarily by differential knowledge of pdation earnings. To directly test
respondents’ knowledge, we asked them about theag@esarnings of current 30 year-olds
who have a degree and those of 30 years old whtbave a degree of the same gender as
their child. For the population earnings with a &g parents from all backgrounds tend to
have similar, and underestimated, perceptions.nBafeom more privileged backgrounds
expect slightly larger population earnings withaudegree than their counterparts, and are as
a result slightly more accurate, as everyone téadsder-estimate those earnings as well.
But the difference by parental background in popoaearnings expectations is small, and
more than half the one found for their childrenidufe earnings. Overall, parents under-
estimate the population earnings returns to a @dgyeabout £2,000 per annum.

Our focus on the perceived labour market returna tiegree stem from the fact that they
ought to be an important driver of the decisiogaao university. Indeed, in our data, parents
who expect higher labour market returns for théiftdren also expect a higher probability
that their child will apply to university. A uniquieature of our data is that we have both
parents and their own children’s subjective exgdemta. Interestingly, we find that young
people’s intentions to apply to university are tetato theirown perception of labour market
returns to a degree, but not their parents’ (ohe& bwn is controlled for). However, given
that parents and young people from various SESdvaakds hold similar beliefs about the
earnings return and employment returns to a deggrggest that it is unlikely that information

gaps about the labour market advantage of a degpdains the SES gap in participation.

Half of the households were randomly provided witformation about the average annual
earnings of men and women aged 26-34 and workithgifue for university degree holders

and for those without a university degree, andrtresdpective employment rate. Households
received a mailing with an information sheet juierathe baseline interview, and by post
again about 6 months prior to the follow-up intewi Those who received the information
are more accurate about the population earningsaofuates than those who did not receive
information, suggesting information had a positivgact on accuracy of expectations. This
increase in accuracy translates into higher bebhéfsut the population returns to a degree:
parents who receive the information expect the [aijmn return to a degree to be £2350
larger than parents who did not receive the infdimma (controlling for household

characteristics). However, this does not translate increased returns for their own



children, and thus does not change plans to agpiyntversity. Our results are consistent
with the idea that parents have private informatsout their child’s future labour market
outcomes (e.g., child’'s ability, job network), sutttat beliefs about their child are less
responsive to information than beliefs about poparelabour market outcomes.

Our paper belongs to a long tradition of work segkio determine whether expectations
about future earnings (or about returns to schgplimfluence university attendance,
university field of study or occupation choice (e Willis and Rosen, 1979; Berger, 1988;
Flyer, 1997; Arcidiacono, 2004; Buchinsky and Lesk010; Beffy et al., 2012). The prior
literature has relied on various types of assumpt(@uch as myopic or rational expectations)
for the mapping between realized earnings and ¢éggexarnings. However, existing research
from both developed and developing countries hasidothat individuals tend to be
misinformed about the returns to schooling (e.gttd8 1996; Jensen, 2010; Wiswall and
Zafar, 2015). This has prompted some empirical work educational choice using
expectations data about future earnings. We caigi to this growing literature
investigating the role of subjective expectatiobswt the pecuniary returns to education on
educational plans or achievement (e.g., Jenser), 2D&lavande and Zafar, forthcoming,
Wiswall and Zafar, 2015a). Our setting is quitequa in that we have expectations of both
parents and young peopleParents are likely to be very important in thoseicational

decisions.

Our paper also contributes to a literature invesingy the effects of providing information on
earnings (e.g., Jensen, 2010, Wiswall and Zafar520Bleemer and Zafar, 2018) on
education-related expectations. For example, Wisaval Zafar (2015a) find that students at
a selective US university are misinformed abouirres to college majors, and providing such
information impacts intended major choice. Our Msssuggest that the nature of the
expectations (whether it pertains to own child’'snegy or population’s earning) and context
might influence how responsive expectations ameete information. In our study, population
earnings are more malleable than expectations abenichild’s earnings, a result similar
Ciancio et al. (2019) who find that population sual expectations are more responsive to

information about mortality risk than own surviedpectations.

* Giustinelli (2015) also analyses expectations of parents and young people and studies the joint decision-
making. Attanasio and Kaufmann (2014) also have information on mothers and young people’s expectations.



The paper is organised as follows. Section 3 exasnine accuracy of parent’s labour market
expectations while Section 4 investigates the imiahip between expected returns and
human capital accumulation. In Section 5 we preseateffect of providing information
about the labour market return to a degree on usityerelated expectations.

2. Descriptive analysis of Subjective Expectations
2.1 Sample

The data we use comes from the Innovation Panglofifhe UK Household Longitudinal
Study (UKHLS). The UKHLS is a longitudinal study ath interviews over 40,000
representative households in the UK annually. Theflthe UKHLS uses a sample of 1,500
households to test innovative ways of collectingadand for developing new areas of
research. The innovation Panel sample is a clustered,ifiécand equal probability design.
The survey is fielded over the phone, internetfaicd to face. The present paper uses wave 8
(Spring 2015), wave 9 (Spring 2016) and wave 1Qi(gp2017) of the IP where a special
module designed by Delavande and Zafar on highecathn expectations was fielded.
Young people aged 16 to 21 and not currently atarsity and parents of children ages 10 to
21 were asked a series of detailed questions rieggexpected university-related outcomes
for themselves or a co-resident child. In additiba)f of the wave 8 respondents were
randomly provided information about earnings andpleyment prospects of university

graduates and individuals without a degree.

A total of 169 young people and 332 parents padie in the module. We restrict our
sample to young people who are under the age dntBparents who are responding to
questions about children who are undef Tis gives us a sample of 104 young people and
324 parents. The young people are respondentstaeeten 16 and 18 and are either: not
full-time students, or are a full-time student riot higher education. The parents are
respondents whose co-resident child is aged bet@w6esnd 18 and in full time education,
but not higher education. Sample characteristics sttown in table 1, along with a
comparison with the UKHLS sample of parents ofdrdeih aged 10 to 1&he IP parents are
more likely to be White (71% vs. 60%) and highezome (55% vs. 50%) than the UKHLS

parents (where high income households are defiseth@se earning more than £3,397 per

> Understanding society website https://www.understandingsociety.ac.uk/documentation/innovation-panel visited
07/09/2018

® This is due to the UK institutional setting. Anyone who is 19 and not in higher education has most likely already chosen
not to go into higher education.




month, the IP median gross household income). Bey took similar in term of education,
with 58% of the IP parents living in a householdevehat least one parent has a university

degree (vs 56% in the UKHLS).
2.2 Overview of the Expectations

At waves 8 and 9 of the IP, respondents are aslsadi@s of university-related expectations.
Most questions are elicited using a percent chémceat on a scale from 0 to 100%. The

detailed wording of questions is presented in AgipeAl and summarized as follows:

(1) Expectations of university-related outcomtbe percent change of (i) having a degree
by age 30, (ii) gaining the qualifications to go tmiversity; (iii) applying to
university; (iv) applying to university if all castwere forgone via a scholarship; and
(v) graduating conditional on going to university;

(2) Expected labour market returns to a university @egexpected earnings at age 30
and 45 conditional on working full-time and condital on (i) going to university and
(i) not going to university; and the percent charaf being employed at age 30
conditional on (i) going to university and (i) ngbing to university;

(3) Knowledge about labour market returns to a univgrsiegree:population earnings
of 30-year old of the respondent’s (or child’s) denwith and without a degree.

(4) The expected monetary cost of going to universiBxpected tuition and expected

loan.

An overview of respondents’ expectations is presenh Table 2 (parents) and 3 (young
people). Response rates are high (above 87% fanizamnd children), except for the
monetary cost of going to university where they Hddo 20 percentage points lower. Parents
report on average a 68% chance that their childhaWe a university degree by age 30. The
differences in expected university outcome by paeeducation are clear in the very first
qguestion: while 78 percent of parents belongingrtiversity degree households believe their
child would have a degree by age 30, only 54 percéntheir counterpart believe so
(difference statistically significant at the 1% é#v This difference in expected outcome
stems from differences in all the steps of the wayacquiring a degree: parents from a
university degree household have higher expecttifmn the chance of qualifying to
university (83 vs 65%), the chance of applying aboadal on qualifying (83 vs 68%) and the
chance of finishing university conditional on goi(®l vs 87%). Differences in application

expectation persist by household degree status whien costs are forgone - parents from a



household with a degree report a 13 percentagd paher probability of applying with a
scholarship and 15 percentage point without. Thesationships continue to hold in
multivariate regressions (table 4). This suggdsds there are differences other than financial
constraints that explain the gap in expected ugityeputcomes by household degree. While
there are differences in expectations by houseinclaime, they are substantially smaller than
by household degree. In fact, with the exceptiorthef expectations to apply to university,
parents from high and low income households dahage statistically different expectations
for their children. Regarding gender differencemsepts of girls tend to have slightly more
positive expectations about university-related ontes than parents of boys, although the
differences are spastically significant only foe tthance of qualifying to university. Young
people’s university-related expectations tend torani those of their parents, although
children coming from households with a universiggcee have slightly lower expectations

than their parents, resulting in a smaller gapimeetations by household education.

The expected labour market returns to a degre¢hagetically an important driver of the

decision to go to university. We define three measwof returns to a degree:

- Earnings returnsat age 30 Wgegree — Wno degree Wherew is the expected earnings
at age 30.

- Employment returns at age :3®(job|degree) — (job|no degree)

- Labour market returns at age 3@ going to university. If a young individual gots
university, she faces some uncertainty about whethe will complete her studies,
and whether she will be employed conditional on gl@tmng her degree. Assuming
for simplicity no earnings if unemployed, her exjgelcearnings at age 30 are thus
given by
P(graduate)P(job|degree) logwgegree +
(1 — P(graduate))P(job|no degree) log wy, degree- |f she does not go to
university, her expected earnings at age 30 are engiv by
P(job|no degree) 1o0g Wy, qegree- The overall labour market returns to a degree are

the difference between those expected earnings fiye

P(graduate)(P(job|degree) logwyegree + P(job|no degree)log wy, gegree)-



The first measure focuses on returns in terms ofiegs only; the second measure focuses
on returns in terms of employment only; the thirdasure takes into account the uncertainty

associated with graduating and finding a job.

Revisiting table 2 we see that parents perceiveative positive payoff for their children to a
university degree versus no university degree. Tdwpect their children to earn £33.5k p.a.
on average if they have a university degree, coathty £24.3k p.a. without a degree. They
also perceive a benefit in terms of employment abilliy at age 30 (91% with a degree
versus 87% without). Parents from a high incomeskbald or from a university degree
household expect their children to earn signifibamtore with a degreand without a degree
than their counterparts. They also expect theildodm to have a more favourable earnings
growth. These differences in earnings expectattwagjuite large and significant (e.g., £4.5k
p.a. with a degree and £4k p.a. without a degreggat30). However parents from more
privileged backgrounds do not expect higher earnatgrns (differences in earnings with a
degree and without a degree) than parents fromplegseged backgrounds. Similarly, there

are no differences in the overall labour markeineto a degree (see table 4, column 9).

This difference in earnings expectations with anthout a degree could be due to different
beliefs about children’s ability, or different asseto job networks. Interestingly, these
differences do not seem to be driven by a diffeeandknowledge on the population earnings
returns to a university degree. To directly tespondents’ knowledge we asked them about
the average earnings of current 30 years old, vave fa degree, and those of 30 years old
who do not have a degree. For the population egsnof graduates, parents from all
backgrounds tend to have very similar perceptidiee difference in population earnings
without a degree between high and low income (respsehold with a degree and without a
degree) are statistically significant but small nmagnitude, resulting in no statistically
significance differences in the earnings returree 8lso results in table 4, column 11. We

investigate the accuracy of beliefs in more defailsection 3.

Parents of male children expect higher earnings thase of female children, consistent with
the gender pay gap. These differences by child’slgeare still statistically significant in a
multivariate regression (Table 4, columns 6 andNQte that these differences hold for
earnings both with and without a degree, resuliitingo differences in the returns to a degree

by gender.



Young people’s future earnings expectations aréecgimilar to those held by their parents
when looking at the overall average, but seem rbatanced by family background. There
are no statistical differences in earnings expgxtatby household degree or household
income in multivariate analysis (table 5). The dilen of the heterogeneity in belief is
actually reversed in some cases, with young peombeing from non-university household
expecting on average higher earnings than theinteopart (table 3 and 5). Note however

that the sample sizes are quite smaller than tbibgarents.

When it comes to costs, parents and young peojplectxo pay between £7.5k on average in
tuition per year, and to take loans of a similaroant. Parents from university degree
households expect to pay more in tuition than tbeunterpart, reflecting either differences
in knowledge about university tuitions or differeexpectations in what university their

children would attend. In England, tuition fees eapped at £9,250 a year for UK and EU
students, with around 76% of all institutions chaggthe full amount in 2015-16. Contrarily

to their parents, young people with no householgreke expect to pay higher tuition than

their counterparts. Those differences hold in naatiate analysis (tables 4 and 5).

A correlation table of parents’ expectations ablabiour market outcomes is presented in
Table 6. As one would expect, the expectations ahmuversity-related outcomes are
positively related to each other. There is a pesitorrelation between parents’ perceived
population earnings and the expected earningshiar cthildren both with and without a
degree (correlation of about 0.5). Finally, thesealso a positive correlation between

expected earning and expected employment prospacelation of about 0.17).
2.3 Link Between Parents and Children’s Subjectivé&xpectations

A unique feature of this data is that we have bp#inents and their child’s subjective
expectations. Parents are likely to be an imporsaotrce of information for children. We
investigate this relationship in table 7. In evepgcification we use the child’s expectation as
our dependent variable and their parents’ expectatias our independent variables of
interest. We consider the separate effect of mo#met father expectations and include
missing dummy variables for instances where onth@fparents response is missing. These

regressions exclude children who have both paraigsing (18% of the children’s sample).

In terms of university-related outcomes, we findteong association between the children

and parents’ subjective expectations. For exanglH)% increase in their father’'s (mothers)



expectations of having a degree by age 30 is adsdcto a 4.7% (3.0%) increase in their

child’s beliefs, statistically significant at thécllevel.

Looking at earnings, we find that mother’'s expeotet are positively associated to their

child’s expected earnings with a degree, whilef#itleer's expectations are associated to their
expected earnings without a degree. For examplel(® increase in mothers expected
earnings for her child with a degree is associatiglal a £49 increase in their child’s expected
earnings for themselves, statistically significatthe 1% level (table 7, column 5). In

contrast, there is no relationship between paremtd children’s expectations about

population earning or expected cost.

3. Accuracy of Beliefs
3.1 Earnings

We use parents’ expectations about current populaarnings to assess their accuracy in
beliefs. We compare parents’ beliefs with populatearnings data by gender and degree
status from the Labour Force Survey (LFS) Incom@ Bducation Analysis using quarterly
data between 2004Q2 -2011Q1. The ‘True Value’ fenns £27,100 with no degree and
£39,700 with degree, and £22,600 and £33,800 fonevorespectively.

We define “error” by subtracting their beliefs fraime ‘True Value’, so a positive (negative)
error stipulates that the respondent underestim@atesrestimates) population earnings. As
the error takes positive and negative values, anneeor of zero does not necessarily
represent a low level of error, we also use thelabs value of the error. Table 8 shows that
the mean error is positive in every category - pardypically underestimate population
earnings, by around £5k with a degree and £3k witliGolumn l1a, Table 8). As a result,
parents underestimate the returns to a degree dyna@r£2k. A relatively large standard
deviation indicates considerable heterogeneity efiets —this is particularly striking for

earnings with a degree: the "Lpercentile is -£6.2k (-18%) while the ®@ercentile is

+£13.8k (+37%). Figure 1 presents the earninggmeturors and show that about two-third
of parent’'s under-estimate the return to a dedraes is potentially important as we expect

earnings return to be important for the decisioagply to university (see also section 4).

We further assess how the accuracy varies by desistecs in a multivariate analysis using
the errors and the absolute value of the errotgt@pand an indicator for accuracy defined as

reporting perceived population earnings within 16¢4he actual value (table 10). We are



particularly interested in the difference by houddh SES status to investigate whether the
SES gap in university application may be partlyweini by a SES knowledge gap. We find a
very limited association between SES and accurboytathe earnings returns. High income
households appear more accurate about both thmgsmmith and without a degree, resulting
in no difference for the return. Household with egbe appear more accurate about the
earning returns without a degree. This does noistaée in smaller average error, or more
accurate perception according to our accuracy atdicwhen looking at the returns (Table 9,
column 5; Table 10, column 3). But we do see aectfin the absolute value of the error for
returns (Table 9, column 6) suggesting that housisheith a degree are less likely to make

large mistakes in either direction.

We find that parents of male children are more ¢naate than parents of female children
about earnings with and without a degree, but tiaeduracy balances out resulting in no
differences in the returns. Finally we observe thlder parents typically underestimate the
expected returns by over £3.8k — driven by the tia&t they overestimate earnings without a

degree by over £3k.
3.2 Employment

Respondents are asked their expectations thatdhidl'they will be employed at thirty both
with and without a degree. Unlike for earningseythwere not asked about the current
population employment rates so we cannot directisess knowledge about employment
prospects. Nevertheless, it is still interestingctampare current employment rates with
employment expectations. Using the LFS, we obtainemployment rate of 97% with a
degree at thirty for both men and women, and 92farfen and 93% for women with no
degree. Using these figures we construct paremtigl@yment “difference” by subtracting
their expectations from the current employmentsia®e do not call this an error as the
difference may reflect private information respomdehave about themselves/their children,
beliefs about the economy and future employmengsraand errors about the current

population unemployment rate.

Table Al in the appendix shows an average diffexai&.6 percentage point both with, and
without, a degree, suggesting that they are mossiestic for their children’s employment

than is warranted with the current employment ratere is however a nontrivial amount of
parents who are more optimistic — as indicatechiysignificantly larger mean absolute value

of errors. This is particularly true for differenaéthout a degree where the"™sgercentile is -



7 and the 96 percentile is +42. Using multivariate analysis finel that these differences do

not differ by observable characteristics (tablestaiwn).
4. Expected Returns and Expectations of Applying ttniversity

We have focused on the returns to degree as tmesb@ught to be important drivers in the
decision to apply to university. We investigatesthiirectly by looking at the relationship
between the application intentions and expectagnst Using an OLS specification we find
that parent’s application expectations are posditivassociated to their expected returns
(Table 11). Moreover, the effect is large. For eglman increase from the B@o the 7%
percentile of expected earnings returns (resposdabbur market earning returns) leads to
an increase of 31 percentage point in the prolabdi apply to university (table 11, column
1). The same increase in labour market returnssléadn increase of 72 percentage points in
the probability to apply (Table 11 column 2) whéle increase in employment returns by the
same proportion increases the probability of apglyby 6 percentage points (Table 11,

column 3).

Focusing on young people, we find that applicaBapectations are only associated with the
expected returns for male children (Appendix TahB). This is consistent with existing
evidence that men’s educational decisions tendetmbre driven by pecuniary factors (e.g.
Malgwi et al., 2005).

Because we have data on parents and children, nvalsa investigate whose expectations —
parents’ or own— about the returns to a degree srere relevant to the child’s application
intentions. Table 12 uses multivariate analysisegging the child’s application intentions on
the child’s, mothers and fathers expected returitls @ur usual controls. Our results show
that it is the child’s expectations that are pw@siiy associated to their enrolment probability.
There is no statistically significant associatiatvizeen the parents expected returns and the

child’s application intentions once the child’s exped returns are controlled for.
5. Effect of a Randomized Information Interventionon Subjective Expectations

Half of the households in wave 8 that were eligilide this module were provided

information about the average annual earnings fen mnd women aged 26-34 who are



working full time with, and without, a degree, aioeir respective employment rdte.
Households received the information sheet presentégpendix A2 just after their wave 8

interview, and by post again about 6 months podheir wave 9 interview.

Table 13a and 13b show that the treatment and alogtoups are balanced on baseline
expectations and on most demographic charactexisfiowever, households in the treatment
group are 15% more likely to have at least onergangth a University Degree than the
control group at baseline. Our analytical sampletifiis section includes respondents who
were interviewed at both waves 8 and 9. This regukample is very similar to the baseline
sample in terms of characteristics. Again, it islabheed on expectations and most
characteristics by treatment group, except for abakl degree. We discuss this at the end of

section 5.2.

We investigate the effect of the information intmion on respondents’ accuracy and

subjective expectations by estimating the follonigCOVA specification:
Yiern = al; +yYie + BX; + €

WhereY; ., is individual i's wave 9 outcomd; is a treatment dummy equal to one if
individual i received the treatment and zero otherw¥g,is i's outcome at wave 8&; are
demographic characteristics. Note that our stan@ardrs are clustered at the household

level, which is the level of the randomization.
5.1 Treatment Effect on Parents Expected Earnings écuracy

By providing information on population earnings,ethreatment may have improved
respondents’ accuracy in that regard. We theredtag by investigating its impact on the
accuracy of parent’'s beliefs about the averageimgsnat 30. Figure 2 shows that the
distribution of error in population earnings foettreatment group has its mode closer to zero
compared to the distribution of the control groop the earnings with a degree (left panel)
but there is no large difference for the earningbout a degree (right panel). We see similar
patterns in Table 14. The first column shows traept’'s beliefs about population earnings
with a degree at 30 who received the informatia 5% more likely to be within 10% of
the True Value and the fourth column shows thay tive 14% more likely to be within £3k

" The treatment assignment was implemented priasatee 8 by using a random number generator and-aftut
at the household level whereby households aboveva certain number were assigned to the treatmen
(control) group. Stratified sampling was not used.



of the True Value (both significant at the 1% lgve&imilarly, Table 15 shows that the
treatment reduces parental error by £1.5k in albesairms (column 2). This evidence shows
that the provision of information reduces the meaor in beliefs about population earnings
with a degree. It is worthwhile to note that weyoobserve treatment effect on the accuracy
of population earnings with a degree, even thobghet is substantial error at baseline about

population earnings with no degree.
5.2 Treatment Effect on Parents Expectations

We next explore how parents update their beliefd arpectations in response to the
information we provided. Table 16 reports the doefht associated with the dummy
Treatment on parental expectations. Row (a) shtbesesults for all parents. We find that
the information treatment increase expectationsu@bpopulation returns by £2.4k
(statistically significant at the 5% level). Thdegt is similar for mothers (row b) and fathers
(row c), although slightly less precisely estimatedfathers (p-value=0.13). This increase in
perceived population return is not accompaniedrbjnarease in the returns to a degree for
their own child. In rows (a) to (c), the coeffictsrassociated with the treatment dummy are
positive but much smaller in the specification fdrild’s return compared to population
returns, and the standard errors are very largdoAgh our sample is relatively small, this
suggests that expected returns about own childwferm parents may have quite a lot of
private information, is less responsive to genaredrmation about the labour market than

beliefs about population return.

Our intervention also included information aboutpboyment rate. Row (a) shows no effect
on the subjective probabilities of employment wien look at all parents, but we see an 8
percentage point increase in the probability of leympent with a degree for mothers
(statically significant at 10%), and a 7 percentpgint decrease for fathers (statistically
significant at 5%). Perhaps not surprisingly giwbat there is no change in the expected
returns to a degree for their child, there is radistically significant treatment effect on the

expectations to apply to university or the chamckave a degree at age 30.

Despite the relatively small sample size, rowsidwgstigates the heterogeneity in treatment
effect using interactions by: (i) child’s gendar) SES, (iii) household degree, (iv) baseline
accuracy. Overall, there does not seem to heteougetneatment effects according to these

categories.



Recall that our treatment group is more educatad the control group. While we control for
household degree in all our specification, Tablesh@ws that our results are robust to using
regression adjustment as in Cattaneo (2010) (coldpand propensity score matching, on
baseline beliefs and observable characteristicsurtoo d)® The treatment effects on
population returns to a degree are of similar magei as in the OLS specification, and
precisely estimated. There is also a large (6 péage point) and precisely estimated
treatment effect on the probability to apply to wamsity when using propensity score
matching. But this result does not hold in the esgion adjustment, and therefore seems
sensitive to the underlying assumptions. For prepgrscore matching, similarity between
subjects is based on estimated treatment prohbasjliwhile for the regression adjustment it is

based on a weighted function of the covariateg&mh observation.
5.3 Treatment Effect on Children’s Expectations

We only have 73 young people who participated lotvaves 8 and 9. We still present the
treatment effect for children in tables 17 (coluajnand 18. While none of the coefficients
associated with treatments are statistically siggift, the magnitude of the effects on own
versus population earnings are different than wiat have observed for parents. The
coefficient associated with treatment is £2.8kdan earnings returns, compared to £0.5k for
population returns. It is plausible than young pgedyave more malleable expectations about

their own labour market outcomes than their parents
6. Conclusion

Increasing social mobility is high on the governmegenda in the UK, and many other
countries. Widening participation into Higher Edtica is one possible pathway but, despite
recent effort, there is still a large gap partitipa between high and low SES. We investigate
whether differences in knowledge about the laboarket returns to a degree might be
responsible for this gap. Our focus on the perckiabour market returns to a degree stem
from the fact that they ought to be an importantedrof the decision to go to university.

Indeed, in our data, parents/young people who éxpgber labour market returns from a

degree also expect a higher probability that tbleilid/they will apply to university.

8 Using a matching strategy we create a potential outcome for each respondent by comparing all the
respondents in the treatment (control) group with a respondent who looks most similar to them in the control
(treatment) group. We then and take the average of the difference between the observed and potential
outcome for each respondent.



Our detailed subjective expectations data reveal iiwportant facts. Parents and young
people from various SES backgrounds hold simildrefseabout the earnings return and
employment returns to a degree. Moreover, parermdsrdestimate on average the population
earnings return to a degree. It is therefore uhlikieat the information gap about the labour
market advantage of a degree explains the SES gapaiticipation. But providing
information on earnings may help all families tokedetter informed-decision, irrespective
of SES background.

We have also found that a very light-touch inforimratintervention, such as showing some
statistics about population earnings and employmentamilies, is powerful enough to
change parents’ expectations about population mgsrséo that they become more accurate,
with changes still visible 6 months later. Thisamhation also increased participants’
perceptions about the returns to a degree in thalptbon. However, this intervention did not
change parents’ perceptions about the future labwarket outcomes of their own children.
Possibly due to private information, those may esslresponsive to information about

population statistics.

We also provide indirect evidence that financiahstoaints at the time of university
application are not a major factor in the decistonapply as differences in application
expectations persist by family background even he hypothetical situation of being
provided a scholarship that would cover all costkis does not mean that financial
constraints are irrelevant; rather that they maytenaarlier on - by affecting primary and

secondary school quality, for example, or accesstting.

More research is needed to better understand therlyimmg mechanism explaining the gap in
higher education application by socio-economicustaPsychological costs are found to be
important for educational choices (Delavande anthiZdorthcoming; Eisenhauer et al.,

2015) and those may be different for individualsondome from different backgrounds.

Information gaps might still be relevant in othemnthins than labour market returns to a
degree, such as the non-pecuniary returns to &ed€¢Boneva and Rauh, 2017, Beffield et al.
2018).
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Appendix
Al Complete list of expectations questions asked iWaves 8 and 9:

Next we have a few questions about your [son/daupf@HILD NAME]'s education plans.
On a scale from 0% to 100% where 0% means 'No eéhahbappening' and 100% means
‘Totally likely to happen’, please tell me how ljki¢ is that the following events will happen
to [CHILD NAME] in the future.

How likely is it that [CHILD NAME] will have a un@rsity degree by age 30?

How likely is it that [CHILD NAME] will gain the mguired qualifications to get into
university?

Suppose [CHILD NAME] gains the required qualificats to apply to university. How likely
is it that [CHILD NAME] will apply to university?

Suppose [CHILD NAME] gains the required qualificats to apply to university. How likely
is it that [CHILD NAME] will apply to university i&ll costs (tuition, books, boarding, etc)
were paid out of a scholarship, grant, bursary ee feduction scheme?

Excluding any scholarship, grant, bursary or feduetion scheme that [CHILD NAME]
might receive, how much do you expect [CHILD NAMEpay as yearly tuition if he/she
goes to university

How much does [CHILD NAME] expect to borrow yearlystudent loans if he/she goes to
university

Suppose [CHILD NAME] gains the required qualificats to apply to university, applies,
and gets a place. How likely is it that [CHILD NAMEill finish his/her studies?

How likely is it that [CHILD NAME] will be workingt age 30 if he/she has a university
degree?

How likely is that [CHILD NAME]will be working atge 30 if [CHILD NAME] does not go
to university at all?

Look ahead to when [CHILD NAME] will be 30 yeard @ind suppose that he/she is working
then. Think about the kinds of jobs that will baiable to [CHILD NAME]. Assuming that
one pound today is worth the same as one pound {@téhD NAME] is 30 years old, if
he/she had a university degree, how much do yok {RIHILD NAME]could earn per year

on average at the age of 30

And how much do you think [CHILD NAME] could eaer gear on average at the age of 45
if he/she had a university degree?

Which of these do you think might fairly repred€@HILD NAME]'s yearly earnings at age
45 if he/she had a university degree?



Look ahead to when [CHILD NAME]will be 30 years alad suppose that he/she is working
then. Think about the kinds of jobs that will baikable to [CHILD NAME]. Assuming that
one pound today is worth the same as one pound {@téih.D NAME] is 30 years old, how
much do you think [CHILD NAME] could earn per yaar average at the age of 30 if he/she
did not go to university at all?

And how much do you think [CHILD NAME] could eaer gear on average at the age of 45
if he/she did not go to university at all?

Think about all current 30 year old women / men wh®working full time. What is the
average amount that you believe these workers ntlyrearn per year if they have a
university degree?

What is the average amount that you believe aif&fr old Women / men currently earn per
year if they did not go to university at all?

Note that for all the earnings expectations, thiewong follow-up question was asked if the
respondent initially said ‘Don’t know’:

Which of these do you think fairly represents thieual earnings

The response options are bracketed incomes thaias#10,000 p.a. and increase by £5,000
incrementally with the largest value being £100,@08. These secondary responses were
combined with the initial responses via bracketezshns. The proportion of “don’t knows”
varies between 9% and 11%.



Appendix A2.
and 9.

Annual average earnings of 26-34
year old men working full-time

® Men with a university degree earn £12,600 more
than those without a university degree:

£0 £20,000 £40,000 £60,000

No degree

£27,100

Degree £39,700Q

The earnings of university graduates depend on
the field of study:

1
Medicine / Dentistry

Economics [ Business £45,100

Engineering / Computing / Maths £40,800
i
Humanities / Law / Social Sciences £38,000 :

Biological and Health Sciences

£35,700

1
1
]
:é -= Average eamings of

26-34 year oid men
i with a degree

Education £34,000

7.6% of men aged 26-34 without a
university degree are unemployed versus

v

2.9% of those with a university degree

Information Treatment provided to households in-between IP waves 8

Annual average earnings of 26-34
year old women working full-time

® Women with a university degree earn £11,200 more
than those without a university degree:

£0 £20,000 £40,000 £60,000

No degree

Degree £33,800 -—|
The earnings of university graduates depend on 6

the field of study:

Medicine / Denlistry
Engineerng / Computing / Maths
Economics / Business

Education

{ 1
Humanities / Law / Social Sciences £32,900 :

1

|{~ === Average earmings of

1 26-34 year old women
1 with a degree

Biological and Health Sciences

f. 7.1% of women aged 26-34 without a
university degree are unemployed versus

2.7% of those with a university degree

Source: Labour Force Survey, 2004-201.



Table 1 Distribution of sample across observed chacteristics (Percentage)

@) 2 3)
Innovation Panel UKHLS Mainstage

Child" Parent
High Incomé” 58.7 54.8 49.7
White British 78.9 71.2 60.4
Other 17.3 11.8 35.0
Missing 3.8 17.0 4.6
Living in England 96.2 89.2 87.8
HH Degree 53.9 57.9 56.4
Father 37.8 48.1
Male Child 47.1 53.3
Female Child 52.8 46.7
Only Father responds 6.7 9.5
Father and Mother Respond 44.2 58.4
Only Mothers Respond 35.6 32.1
No Parent Responds

135
Children 18 years old 29.8 7.12
Parent Over 45 53.3
Maximum 104 324 29,498

Observations

Columns 1-2 report the sample characteristite®thildren and parents we use from the InnovaRiamel. Column 3
reports the sample characteristics of parentsitifrein aged 10 to 18 from the Mainstage of the Usukkehold
Longitudinal Study. Parents are asked questiontaheir co-resident child.

“We define child as young people who are betweeanti6l8 and are in full time education (but not kigbducation)
** High income is defined as gross monthly Housekalthings greater than the IP median gross housétwaithe
(£3397 per month or around £41k p.a.)



Table 2. Parents’ subjective expectations, wave 8

Child Sex Household Income Household Education

Variables Mean Response Female Male Low High No Degree

(E£1K’s or %) Rate (%) Degree
Chance of a Degree by 68.02 95 70.2 66.1 64.4 70.7 54 4xrx 77.8
30
Chance Qualify for 75.63 95 79.4%* 72.2 73.0 77.6 65.1%* 83.2
University
Chance of Applyingto  76.93 96 78.3 75.7 73.0* 79.9 68.3%** 83.2
University
Chance of Applying 82.45 96 83.9 81.2 80.8 83.7 75.2%** 87.5
With Scholarship
Chance Finish 89.59 96 915 87.8 89.2 89.8 86.9* 91.1
University
Childs Expectations
Expected Earnings at 3033.49™ 87 31.3%*" 354" 32.1% 345" 30.7%**" 3527
With Degree
Expected Earnings at 3024.31 87 22.8%** 25.6 23.0%* 25.3 21.9%* 25.9
No Degree
Expected Returnstoa 9.80 83 9.9 9.7 10.1 9.6 10.2 9.6
Degree 30
Expected Earnings at 4543.79" 87 404" 46.8" 39.4% 47,07 38. 77 47.07
With Degree
Expected Earnings at 4530.00 87 28.0%** 31.8 26.0%** 33.2 26.1%** 32.6
No Degree
Expected Returnstoa 15.10 82 14.8 15.1 15.7 14.4 15.1 14.9
Degree 45
Chance Employed With 91.40 93 92.1 90.8 91.0 91.8 90.0 92.3
Degree
Chance Employed With 86.83 93 88.8 85.1 87.5 86.3 86.4 87.2
No Degree
Expected tuition 7.05 78 7.19 6.92 6.78 7.23 5.99** 7.56
Expected Tuition
England Only 7.48 78 7.33 7.61 7.44 7.50 6.56** 7.91
Expected Loans 7.55 68 7.94 7.23 7.51 7.58 6.60 5 8.0
Population Beliefs
Expected Earnings at 3032.04™ 89 30. 7%+ 33,27 31.2° 32.77 31.77 32.37
With Degree
Expected Earnings at 3022.10 89 20.7%* 23.3 21.1% 22.9 21.2% 22.8
No Degree
Expected Returnstoa 9.910 83 9.9 9.9 10.3 9.6 10.6 9.4
Degree at 30
Maximum Observations 323 151 172 146 177 136 187

Stars indicate statistical significances at the ¢0956% (**) and 1% (***) levels. The Plus’s indate statistical significance between the
‘with, and without, a degree’ labour market outcsragthe 5%f and 1% (") levels. For example the +'s next to the expeetuhings at
30 with degree mean that the respondents expeatathgs with a degree is statistically differermrfrtheir expected earnings without a

degree at 30.



Table 3. Young people’s subjective expectations, wa

Sex Household Income  Household Education

Variables Mean Response Female Male Low High No degree  Degree

(E1K’s or %) Rate (%)
Chance of a Degree  65.25 93 66.3 64.2 62.1 67.6 59.1 70.3
by 30
Chance Qualify for 71.42 95 71.7 71.2 73.2 70.1 65.1* 77.0
University
Chance of Applying  72.48 96 73.1 71.7 71.1 72.9 69.7 75.1
to University
Chance of Applying  80.39 96 81.2 79.3 79.0 81.3 81.6 79.2
With Scholarship
Chance Finish 87.56 98 88.6 86.4 89.4 86.3 88.0 87.2
University
Own Expectations
Expected Earnings at 36.21° 92 34.2° 38.4" 34.8" 37.2° 36.7" 35.7°
30 With Degree
Expected Earnings at 26.57 91 24.1* 29.3 26.0 27.0 275 25.8
30 No Degree
Expected Returns to a 8.9 84 9.8 8.0 8.8 9.0 8.8 9.0
Degree 30
Expected Earnings at 46.21" 91 425" 50.2°* 44,77 47.7° 43.0° 49.177
45 With Degree
Expected Earnings at 32.80 88 30.9 34.9 331 32.6 33.9 31.9
45 No Degree
Expected Returns to a 13.0 87 12.3 13.8 129 13.1 9.9** 15.7
Degree 45
Chance Employed 88.73 98 89.0 88.4 90.0 87.8 86.3 90.7
With Degree
Chance Employed 82.10 92 79.3 85.5 85.1 79.9 83.0 81.3
With No Degree
Expected tuition 7.69 73 7.8 7.6 7.2 8.0 9.6%** 6.3
Expected tuition 7.82 73 7.8 7.8 7.5 8.0 9.56** 6.5
England Only
Expected Loans 7.42 63 7.6 7.2 8.6 6.6 8.7 6.3
Population Beliefs
Expected Earnings at 31.22° 88 30.4° 32.1° 29.8" 32.3" 30.3° 31.2°
30 With Degree
Expected Earnings at 22.67 88 21.7 23.8 22.3 23.0 21.8 235
30 No Degree
Expected Returns to a 8.53 88 8.7 8.4 7.5 9.4 8.4 8.6
Degree at 30
Maximum 104 55 49 39 65 49 55

Observations

Stars indicate statistical significances at the ¢0956% (**) and 1% (***) level. The Plus’s indicatstatistical significance between the
‘with, and without, a degree’ labour market outcsmaethe 5%*] and 1% {*) levels. For example the +'s next to the expeetuhings at
30 with degree mean that the child’s expected egenwith a degree is statistically different frameit expected earnings without a degree
at 30.



Table 4. Parents Subjective Expectations on obserbke characteristics, OLS

(1) (2 (3) 4 (5) (6) (") (8) 9) (10) (11) (12) (13) (14) (15) (16) a7
University Related Expectations Earnings Expectation For Own Child Earnings Beliefs for Population Employment Exp for Own Child Expected Costs
Chance  PrQualify Pr Apply PrApply PrFinish ExpEarn Exp Earn  Earnings Labor Exp Earn  Exp Earn  Earnings Pr Emp Pr Emp Pr Emp Expected Expected
Degree 30 for With University With No Returns at  Market Pop With Pop No Returns at With With No Returns Tuition Loan
University Scholarshi Degree 30 Degree 30  age 30 Returns Degree Degree age 30 Degree Degree
p age 30 Populatio
n

Child 15 or 1.307 -1.708 5.878 0.366 2.042 673.0 -1142.7 1443.4 0.347 817.5 -56.21 1433.1 -0.970 -3.280 1.995 -751.0 .98
over (4.661) (4.314) (4.134) (4.267) (3.151) (1858.7) 298.9) (1361.2) (0.192) (1268.8) (940.5) (1007.3) 2.182) (3.082) (1.795) (726.3) (1061.2)
Parents 1.256 2.173 1.182 0.00533 0.517 2114.2 2107.8 831. -0.119 -628.5 30085  -3800.8" 1.189 1.209 -0.744 825.4 -354.3
Over 45 (4.657) (4.552) (4.098) (4.285) (3.531) (1935.0) 39a.0) (1397.4) (0.187) (1293.4) (963.4) (1022.8) 2.345) (3.356) (1.705) (721.0) (1117.6)
Male Child -5.137 -7.745 -3.128 -3.544 -3.435 2990.7 27254 18.33 0.237 293571 2806.4" 221.7 -1.672 -3.834 2.560 -36.28 -824.3

(4.170) (3.726) (3.849) (3.796) (2.613) (1720.5) 13Q0.8) (1403.8) (0.215) (1055.8) (888.1) (978.2) 1.903) (2.939) (1.867) (699.0) (1127.7)
Male -4.262 -1.746 1.792 -1.665 0.967 2043.3 1103.4 W39 -0.216 308.0 -671.7 1510.6  -1.942 -0.130 -1.347 -1194.7 397.2
Parent

(2.754) (2.432) (2.924) (2.928) (1.904) (1386.2) 919.5) (1323.3) (0.184) (913.0) (759.6) (889.1) 819) (2.118) (1.559) (560.6) (1044.5)
HH Degree 19.89 14.927 13.32" 11.44 2.705 34182 3255.7 4225 -0.141 409.1 1261.0 -1145.6 2.858 2.353 4102 1608.1 1156.3

(5.150) (4.157) (4.470) (4.587) (2.755) (1954.4) 1314.6) (1407.9) (0.212) (1127.0) (1004.6) (1030.9) (2.327) (3.316) (1.883) (762.6) (1102.5)
High -1.497 -2.727 1.881 -1.906 -2.071 1906.7 1585.3 5184 0.290 26765 1771.3 772.9 0.796 -1.349 2.286 -518.6 -890.4
Income

(4.827) (4.438) (4.216) (4.135) (3.222) (2054.5) 1620.0) (1786.8) (0.222) (1341.6) (1101.0) (1021.5) (2.394) (3.263) (1.889) (756.4) (1278.2)
Married 8.268 7.974 3.035 6.124 3.736 -2531.6 -355.6 -2320.7 0.232 98%%5 -1528.5 -1375.8 -1.481 -1.498 2.504 196.4 1023.7

(5.175) (4.810) (4.813) (4.811) (3.704) (2126.2) 1544.8) (1616.9) (0.259) (1433.2) (1139.7) (1178.7) (2.715) (4.150) (2.192) (806.6) (1456.8)
White 3.589 2.231 -1.494 -4.172 -0.320 -501.4 399.1 B856. 0.158 26123 1325.5 653.9 -1.599 3.232 1.341 694.4 -919.9
British

(5.749) (5.399) (4.997) (4.576) (3.549) (2500.0) 1842.4) (1586.4) (0.221) (1136.4) (1031.6) (1100.5) (2.939) (5.105) (1.959) (722.8) (1835.6)
Ethnic 11.08 8.076 1.700 0.297 1.912 3992.3 2610.0 2240.4 1.276' 7124.4" 1852.6 49028 -1.027 -4.598 8.320 169.0 491.1
Other

(7.745) (5.811) (6.160) (5.899) (4.107) (3702.7) 3213.8) (3447.3) (0.545) (2066.4) (1722.9) (1374.7) (3.841) (6.538) (4.070) (1099.2) (2202.5)
England 10.94 13.36° -0.864 -1.588 3.221 290.6 -1143.6 1810.0 0.0481 0163 -1922.0 7.834 0.110 4.379 0.110 4240.4 32334

(6.541) (6.746) (5.905) (6.138) (5.228) (3428.2) 2470.5) (1801.4) (0.233) (1380.8) (1543.5) (1336.6) (3.541) (6.684) (1.850) (1147.9) (1407.6)
constant 4121 61.33" 66.22" 80.57" 85.59"  32342.8" 19709.7° 11625.7" -0.0703 285591 19138.8" 15576.1"  92.86" 80.12" -3.490 31276 4418.4

(9.398) (8.976) (9.276) (9.521) (6.849) (4929.0) 3764.9) (3489.0) (0.419) (1796.2) (1957.2) (2148.1) (4.727) (9.030) (3.494) (1643.1) (3085.9)
N 307 308 275 274 261 285 277 272 221 286 284 281 65 2 303 262 207 180

This table presents OLS regressions for the paréaitor market and university relative beliefs ardectations on their observable characteristios.sfandard errors are reported in parenthesetharsdars indicate

statistical significant to our usual levels < 0.10,” p < 0.05,

ok

p < 0.01. Ethnicity Missing is our reference catggfar white British and ethnic other. The standartbrs are clustered at the household level. In



Column 8 and 12 Earnings Returns is defined asagd earnings at 30 with a degree minus the esg@zirnings with no degree at age 30. Column % Led®mour market returns at age 3@ going to University
which takes into account the uncertainty abouhdytwill complete their degree and their employmemispects, conditional on degree attainment. dtaisulated by taking the difference between theeeted
earnings with a degree’(graduate)P(job|degree) 10g Wyegree + (1 — P(graduate))P(job|no degree) 1og Wy, gegree and the expected earnings withjob|no degree) 10g Wn, gegree-

“P>|t] 0.109



Table 5 Childs Subjective Expectations on ObservablCharacteristics, OLS

(€3] @ (3) ()] ®) (6) ) ()] 9 (10) (11) 12) (13) (14) (15) (16) a7
University Related Expectations Earnings Expectation For self Earnings Beliefs for Population Employment Expectations for Self Expected Costs
Chance Pr Pr Apply Pr Apply PrFinish ExpEarn Exp Earn  Earnings Labor Exp Earn Exp Earn  Earnings  Pr Emp Pr Emp Pr Emp Expected Expected
Degree 30 Qualify With Universit With No Returns at  Market Pop With Pop No  Returns at With With No Returns Tuition Loan
for Scholarsh y Degree 30 Degree 30 age 30 Returns Degree Degree age 30 Degree Degree
Universit ip age 30 Populatio
y n
Male -0.159 -0.204 0.409 -2.476 -3.261 3710.3 5458.7 -2069.5 -0.427 1839.3 2309.7 -450.1 -0.0969 5.849 -5.578 -489.7 73.54
(7.167) (6.436) (8.503) (8.035) (4.212)  (3744.8) (3236.7) (2769.6)  (0.309)  (2408.9) (1646.7) (2020.8)  (3.419) (4.7086) (3.961)  (1054.1) (1670.9)
High Income -2.034 -7.306 -3.400 0.390 -1.113 3213.9 821.4 146.5 0.372 1523.3 -107.6 1620.7 -4.432 -6.674 6.234 1082.2 -2863.8
(7.703) (6.261) (9.448) (8.975) (3.807)  (3762.1) (3788.7) (3419.4) (0.313)  (2477.5) (1645.3) (2099.4)  (3.443) (4.994) (4.780)  (1115.4) (1782.1)
Household 6.455 9.502 4.011 -5.618 -1.176 -1406.4 -2265.1 502.4 0.347 899.9 1209.2 -261.7 3.363 -3.085 3.660 -1836.5 -2611.5
Degree (8.290) (7.560) (8.753) (7.153) (4.144)  (3751.5) (3652.0) (2086.3)  (0.407)  (2544.3) (1803.7) (2361.6)  (3.602) (5.650) (5.771)  (1448.8) (2518.2)
England 18.40 27.18 -23.21" -9.547 -11.82" 7150.0° 5379.7 186.5 0.129 -3743.7 1611.8 -5377.2 24.39 -16.74" 4.461 5154.0°  8106.2"
(23.49) (22.78) (8.228) (5.911) (3.492) (3130.8) (3730.9) (2866.1) (0.255) (4673.9)  (2537.5)  (4811.9) (26.18) (5.577) (4.374) (1094.5)  (2254.0)
British 19.81 15.86" 41.66" 46.29” 22.407 12883.2  -5950.8°  9021.9" 0.924 -1278.8  -6078.1"  4790.7 12.59 13.14 -0.0441 1398.8 -1584.0
Ethnicity (22.46) (6.898) (10.38) (13.97) (7.008) (6635.3)  (2950.7) (2165.7) (0.392) (2301.2)  (1450.4) (1935.3) (9.678) (7.132) (5.771) (2563.0)  (5285.9)
Ethnicity 18.18 7.491 26.75 37.85 27.92" 18164.3 -2621.1 100839 0.999 -2604.0 -64736 3877.2 12.14 11.49 1.964 716.0 1184.8
Other (24.67) (10.10) (14.97) (17.58) (7.692) (7772.6) 583.0) (4365.5) (0.603) (4224.4) (2739.1) (3502.6) (10.44) (7.711) (6.900) (3022.3) (5580.2)
Parents 7.146 7.192 5.456 5.378 -3.935 -1551.1 1150.2 -1604.6 -0.320 1700.9 1558.3 98.23 -0.0431 4.762 -3.976 793.4 2582.9
Married (9.690) (8.410) (10.09) (9.084) (4.424) (4914.3)  (5432.4) (3385.7) (0.515) (3094.9) (2107.1) (2758.9) (3.990) (7.123) (7.739) (1596.3)  (2743.9)
Constant 23.86 33.58 83.03" 85.79" 109.7" 13597.0 24028.00 11713.9 5.669" 30727.3 245335 8810.7 54,53 97.03" 1.862 -1590.4 2723.8
(33.41) (24.99) (17.40) (17.21) (8.231) (8710.5) : (4449.6) (0.616) : : (5576.9) (26.67) (8.290) (7.541) (3099.6)  (3840.2)
(5262.0) (6005.6)  (3207.6)
N 97 99 75 75 85 93 93 91 74 91 90 90 90 96 85 104 54

The table presents OLS regressions for the chmlsifabor market and university relative beliefsl @xpectations on their observable characteridfiessuse robust standard errors that are reportpdrantheses and
the stars indicate statisticagnificant to our usual levelsp < 0.10,” p < 0.05,” p < 0.01. We also control for parents marital stahissing in our regressions but do not report tivethe table above because the quantity of younglesn
that category is sufficiently small. The referewegegory for our ethnicity variables is ethnicitjssing.



Table 6 Pairwise Correlation between parent’s subjetive expectations.

Variable Pr Pr Pr Pr Pr Exp Exp Exp Exp Populati Populati PrEmp PrEmp Exp Exp
Degree  Qualify  Apply Apply Finish Earn30 Earn45 Earn30 Earn45 onEarn onEarn With No Tuition Loans
30 With Degree  Degree  No No 30 30 No Degree  Degree
Sch Degree  Degree  Degree  Degree
Pr Degree | 1.0000
30
Pr Qualify | 0.8169*  1.0000
Pr Apply 0.7925*  0.5193*  1.0000
Pr Apply 0.7094* 0.4827* 0.8164*  1.0000
With Sch
Pr Finish 0.4622* 0.5974* 0.5773* 0.5851*  1.0000
Exp Earn 0.1761*  0.2472*  0.1627 0.0869 0.1041 1.0000
30 Degree
Exp Earn 0.3002* 0.2787*  0.2599*  0.1908*  0.1577 0.7855* 100
45 Degree
Exp Earn 0.0915 0.1713* -0.0349  -0.0601  0.0423 0.5362* (08352 1.0000
30 No
Degree
Exp Earn 0.1470 0.2146*  0.0008 -0.0048  0.0526 0.4791*  0.32110.7734*  1.0000
45 No
Degree
Population | 0.0389 0.0402 0.0075 -0.0473  -0.0508  0.5407* 0.45340.4426* 0.3518* 1.0000
Earn 30
Degree
Population | -0.1243  -0.0759 - - -0.0821  0.2503* 0.1396 0.4367* 0.4018* 0.5500* DOO
Earn 30 No 0.1984* 0.1967*
Degree
Pr Emp 0.2868* 0.3688* 0.3227* 0.2028* 0.4563* 0.1680* @O7P* 0.1657* 0.2194* 0.1656* 0.1309 1.0000
With
Degree
PrEmp No | 0.2261* 0.3198*  0.1408 0.0837 0.3661*  0.1246 0.¥6800.3177*  0.3004*  0.2165* 0.1533 0.6881*  1.0000
Degree
Expected | 0.2172 0.2368 0.1800 0.2443*  0.2248 -0.0784  0.0312-0.1551 -0.0747  -0.0730  0.0177 0.1608 0.1627 1.0000
Tuition
Expected | 0.2090 0.1195 0.1743 0.2444*  0.1756 -0.0646 0.1171-0.1384  -0.0685  0.0117 0.0115 0.1639 0.1215 0:3818..0000
Loans

Star indicates significance at the 1% level



Table 7. Child’s expectations on their parents expgations and observed characteristics (OLS)

@ @ ® Q) ®) (6) Q) ® ©) (10) (11 (12) (13)

University Related Expectation Earnings Expectations for Self Earnings Beliefs For Population Employment Exp for Self Expected Cost
Chance Pr Apply Pr Apply Pr Finish Expected Expected Expected Expected Logged ProfEmp Prof Emp Expected Expected
Degree by 30 With Uni Earnings Earnings Earnings Earnings  Expected With With no Tuition Loan
Scholarship With Degree With No With Degree ~ With No Returns Degree Degree
Degree Degree
Fathers Beliefs 0.468 0413 0.460° 0.121 0.228 0.612 0.158 -0.0707 -0.00901 0.340 0.187 0.290 0.215
(0.136) (0.194) (0.208) (0.157) (0.192) (0.223) 261) (0.249) (0.182) (0.183) (0.197) (0.251) (1.01)
Mothers Beliefs 0.304 0.412" 0.217 0.377" 0.488" 0.342 -0.0838 0.169 -0.0463 0.116 -0.0104 0.0910 .028B
(0.112) (0.133) (0.124) (0.112) (0.183) (0.272) 161) (0.121) (0.188) (0.137) (0.135) (0.205) (0.18)
Male Child 7.680 2.226 -4.902 -1.144 1049.9 2282.1 -232.8 599.3 -0.350 2.129 8.376 -173.2 -1275.3
(7.030) (7.676) (7.457) (4.347) (3895.7) (3491.0) 2763.3) (2012.1) (0.383) (3.214) (4.765) (1221.5) 2095.6)
High Income -2.183 -6.402 -6.140 -6.053 3631.6 2382 1107.8 -286.7 0.231 -4.898 -7.677 1599.8 -2005.7
(7.347) (8.008) (7.922) (4.383) (4241.2) (3654.9) 2840.6) (1983.0) (0.394) (3.527) (4.938) (1295.9) 230Q.1)
HH Degree -4.156 -8.868 -11.30 -8.003 -6870.0 6510 -1177.8 -104.3 -0.0918 -1.733 -2.050 -1607.1 71917
(8.063) (8.471) (8.359) (4.957) (4252.6) (3791.4) 2959.8) (2083.4) (0.402) (3.757) (5.173) (1365.8) 2520.2)
England 11.41 -17.62 -12.49 -1.916 6877.7 7845.8 6.5 2641.8 0.667 -4.840 -16.02 3504.5 5391.7
(17.68) (29.75) (29.26) (12.40) (9714.0) (8732.3)  (6907.3) (4771.1) (1.002) (10.05) (11.94) (3322.9) (7487.0)
White British 57.93 25.71 23.53 24.09 28209.7 -4016.7 -231.7 -6967.0 1.463 31739 19.43 2089.1 4668.6
(31.75) (21.88) (21.54) (13.82) (13576.5) (15263.1) (11853.3) (8296.6) (1.445) (11.12) (14.77) (40p4.6 (4800.0)
Ethnic Other 42.16 3.726 6.095 23.76 33960.8 -3814.5 -1709.2 -8045.1 1.624 31773 19.15 -50.40 7121.2
(32.44) (23.16) (22.53) (14.31) (14268.8) (15729.2) (12225.0) (8543.1) (1.542) (11.63) (15.52) (4233.7 (5209.0)
Constant -44.99 28.77 46.45 61712 -21162.8 2965.7 30655.5 18699.4 5.996" 28.78 68.54 -2846.7 -2895.2
(40.02) (37.89) (38.30) (23.80) (20095.4) (19730.1  (12823.1) (8199.2) (1.173) (27.55) (28.17) (4034. (9813.1)
N 85 69 69 77 80 82 80 79 66 80 84 91 47

The table presents an OLS regression of Childrexpectation on their fathers and mother expectatiomtrolling for observable characteristics. Tégression also includes dummy for
mother/father not interviewed, and mother/fathdieffie missing. We use robust Standard Error thatreported in parentheses* p < 0.10, ** p < 0.05,p*< 0.01. Ethnicity missing is the
reference category for our ethnicity variables.



Table 8 Parents Mean and SD of elicited populatiobeliefs

(1a) (1b) (2a) (2b) (3a) (3b)
Sample Belief About Women Belief About Men
(Actual — Percent Error (Actual - Percent Error  (Actual - Percent Error
Belief) (Belief)/(Actual) Belief) (Belief)/(Actual) Belief) (Belief)/(Actual)
*100 * 100 *100
With A degree Mean 4.89 12.96 3.11%** 9.20*** 6.46 16.28
(SD) (8.52) (23.27) (8.74) (25.85) (8.03) (20.24)
Absolute Value  Mean 7.96 21.52 7.17% 21.22 8.65 2151
(SD) (5.75) (15.66) (5.85) (17.32) (5.59) (15.66)
Without A Mean 2.90 7.69 1.89** 5.60* 3.77 9.49
degree (SD) (6.86) (18.41) (6.14) (18.16) (7.34) (18.49)
Absolute Value  Mean 5.68 15.33 5.07** 15.01 6.20 15.61
(SD) (4.82) (12.74) (3.92) (11.59) (5.43) (13.69)
Returns to A Mean 2.05 16.84 1.30 11.59 2.68 21.30
Degree (SD) (7.92) (66.82) (8.32) (74.26) (7.52) (59.69)
Absolute Value  Mean 6.32 53.14 6.50 58.04* 6.17 49.00
(SD) (5.17) (43.78) (5.32) (47.50) (5.05) (40.05)

Beliefs in 1a, 2a and 3a are all in £1,000's Bthers are percentages. T-tests conducted fatigoof means between columns
2a and 3a and 2b and 3b. *** ** * indicate signditce at the 1,5 and 10 % levels.



Table 9 Accuracy of Parents beliefs (actual — beflieon observable characteristics (OLS)

1) ) ) (4) (5) (6)
Parents Earnings Errors Expected Returns Error
With Degree No Degree
Absolute Value Absolute Value Absolute Value
Child Over 15 -817.5 -653.8 56.21 74.18 -1433.1 6:93
(1268.8) (939.5) (940.5) (636.5) (1007.3) (696.6)
Parents Over 45 628.5 210.9 -3008.5 244.4 3800.8 624.8
(1293.4) (908.0) (963.4) (692.0) (1022.8) (686.8)
Male Child 2964.5" 1387.1 1693.6 1137.5 1178.3 -116.7
(1055.8) (723.4) (888.1) (570.2) (978.2) (697.0)
Male Parent -308.0 -576.4 671.7 -736.7 -1510.6 -623.3
(913.0) (617.0) (759.6) (545.5) (889.1) (552.7)
HH Degree -409.1 -1364.5 -1261.0 -2109.2 1145.6 -17477
(1127.0) (953.3) (1004.6) (655.6) (1030.9) (778.9)
HH High Income -26765 -1985.7 -1771.3 223771 -772.9 -485.0
(1341.6) (988.3) (1101.0) (789.7) (1021.5) (773.9)
Married 2598.6 1813.2 1528.5 14971 1375.8 47.79
(1433.2) (1132.1) (1139.7) (835.1) (1178.7) (8y4.0
White British -2612.3 -800.7 -1325.5 -1062.4 -653.9 568.6
(1136.4) (940.1) (1031.6) (748.1) (1100.5) (736.7)
Ethnic Other -7124.4” -621.5 -1852.6 803.2 -4902.8" 1093.7
(2066.4) (1178.9) (1722.9) (1242.6) (1374.7) (1205.4)
England 1010.3 1684.9 1922.0 -4.300 -7.834 835.4
(1380.8) (922.1) (1543.5) (1095.8) (1336.6) (1638.
Constant 5240'9 7501.3" 3461.2 7365.5" -4376.1 7479.8"
(1796.2) (1270.4) (1957.2) (1291.2) (2148.1) (1694
N 286 286 284 284 281 281

The table presents an OLS regression of the acgofgzarent’s beliefs on observable characterisiie include Ethnic Missing in our model. We do
not report the coefficients in this table as thasle in these categories are sufficiently low. Stendard errors are reported in parentheses
and the stars indicate statistical significantuo wsual levels: p < 0.10,” p < 0.05,” p < 0.01. Standard errors are clustered at the
household level.



Table 10: relationship between parental wave 8 erio(actual earnings — beliefs) and observable
characteristics

1)

@)

®)

Within 10% of the Actual Earnings+

With A Degree With No Returns To A
Degree Degree
Child Over 15 0.0253 -0.0475 0.0211
(0.0428) (0.0548) (0.0275)
Parents Over -0.0247 0.0265 -0.0182
45
(0.0409) (0.0566) (0.0324)
Male Child 0.0121 0.290 0.0404
(0.0412) (0.0465) (0.0273)
Male Parent -0.0179 0.0270 -0.0346
(0.0431) (0.0470) (0.0264)
HH Degree -0.0822 0.0921 0.00943
(0.0484) (0.0552) (0.0345)
HH High 0.0282 0.148 0.0212
Income
(0.0494) (0.0501) (0.0333)
Married 0.0879 -0.0481 -0.0226
(0.0540) (0.0597) (0.0401)
White British -0.0165 0.147 0.0386
(0.0570) (0.0666) (0.0296)
Ethnic Other -0.0451 0.0141 -0.00542
(0.0743) (0.0850) (0.0436)
England -0.0758 -0.0604 0.0713
(0.0664) (0.0709) (0.0212)
Constant 0.200 -0.0786 -0.0508
(0.0836) (0.0844) (0.0439)
N 286 284 281

The table presents an OLS regression of the priityadifi being accurate on observable charactegsttandard errors in
parenthesesp < 0.10,” p< 0.05," p < 0.01, Standard Errors are clustered at the haiséevel. Ethnicity Missing is the
reference category for our ethnicity variables.

+ This means that the error in the parent’s behéfsut population earnings is within 10% of thaiatearnings. This is to
account for the fact that boys typically earn mitvan girls and therefore a £3k error for boys ispprtionally, smaller,
than a £3k error for girls.



Table 11 Parents Subjective Probability of
applying to university and expected labour
market returns (OLS)

@ @ ©)
Probability of Applying

Earnings Returns 1.236"

Aged 30 (0.416)
Labor Market 2.806'
Returns age 30 of (2.179)
going to University
Employment 0.241
Returns (0.136)
Child Over 15 1.220 3.897 3.487
(3.897) (3.607) (3.920)
Parent Over 45 1.838 4.150 1.593
(3.934) (3.619) (3.984)
Male Child -1.684 -0.717 -3.758
(3.649) (3.393) (3.625)
Male Parent -0.661 -5.545 0.495
(3.772) (3.491) (3.819)
HH Degree 8.003 4.171 8.974
(4.070) (3.751) (3.974)
Parents Married 5.825 2.679 1.544
(4.671) (4.326) (4.454)
HH High Income -2.292 1.899 1.893
(4.199) (3.954) (4.057)
White British -0.823 2.677 -1.819
(4.944) (4.476) (4.938)
Ethnic Other 3.764 9.234 3.645
(7.365) (7.011) (7.110)
England -1.511 -3.700 -0.602
(6.217) (5.965) (6.295)
Expected Tuition 0.0814 -0.162 -0.166
(0.465) (0.427) (0.483)
Tuition Missing -10.74 -1.295 -13.50
(5.461) (5.341) (5.481)
Constant 68.88 83.65" 78.40"
(10.03) (9.246) (9.439)
N 226 204 240

The standard errors are reported in parenthesetharstars
indicate statistical significant to our usual leszélp < 0.10,” p
<0.05," p<0.01. The expected tuition is reported in 1,800’
and Ethnicity Missing is the reference categorydor ethnicity
variables.



Table 12 OLS, Child’s University related applicatian intentions on their own, and their parents, expeed returns

@ (3) (4) (6)

(@) (5)
Probability of Applying Without A Scholarship Probability of Applying With A Scholarship

Labor Market Returns age Earnings Returns at age 30 Employment Returns rLakerket Returns age Earnings Returns at age 30 Employment Returns
30 of going to University 30 of going to University
Child Returns 11.16 24.27 0.931" 8.180” 26.21" 0.700”
(2.802) (11.96) (0.233) (2.317) (11.64) (0.230)
Fathers Returns -0.553 -22.66 0.0815 -1.708 -26.20 0.0939
(3.585) (14.11) (0.392) (3.270) (14.23) (0.338)
Mothers Returns 0.706 23.78 0.459 0.884 16.19 0.236
(3.461) (16.22) (0.290) (3.324) (14.85) (0.259)
Male -6.020 -2.195 -4.222 -12.40 -4.647 -7.845
(9.933) (9.851) (9.762) (9.250) (9.010) (8.539)
High Income 1.306 -1.151 -12.32 2.956 0.942 -10.02
(11.80) (11.63) (10.75) (10.89) (10.47) (10.39)
Household Degree -1.652 9.021 -0.521 -8.290 4.208 3.653
(8.780) (10.31) (9.024) (8.209) (10.55) (8.676)
England -18.48 -28.78 -46.74" -9.285 -14.85 -36.02
(14.74) (16.62) (12.55) (12.95) (13.66) (11.57)
British 30.80° 28.44 23.30” 15.10 10.44 19.89
(14.11) (11.44) (8.114) (14.17) (10.51) (11.21)
Ethnic Other 17.82 8.486 -2.158 9.463 -7.160 -0.405
(20.86) (20.37) (15.58) (19.03) (19.31) (17.83)
Child Expected -1.33 -0.443 -0.761 0.0249 1.02 0.422
Tuition
(1.07) (1.05) (0.963) (0.783) (0.828) (0.776)
constant 45.41 81.61 114.9" 58.39 85.10° 111.27
(35.41) (37.13) (28.49) (30.01) (33.10) (27.70)
N 56 61 65 56 61 65

Regressions also include missing dummies for mf#tger not interviewed, dummies for mother/fathissing return, and missing dummies for tuitione Thild’s Expected Tuition Fees are reported b9a.&nd Ethnicity Missing is the
reference category for the ethnicity variables. $tamdard errors are reported in parentheses arstars indicate statistical significant to ouraldevels: p < 0.10,” p < 0.05,” p < 0.01. We use robust standard errors.



Table 13a. Balance Table. Report the Wave 8 meantbie treatment and control groups by observable
characteristics at the household level using our wa 8 (columns a - b) and wave 9 (columns c-f) saragl
Columns ¢ — d show the mean responses for the patenvho we do not observe in wave 9. Columns e —hosv the
parents are interviewed for our module in wave 9

@) (b) (© (d) (e) (®

By Observable Interviewed in Wave 8 Not Interviewed in Wave 9 Interviewed in Wave 9

Characteristics at
the Household

Level:

Control Treatment Control Treatment Control Treatment
Child Over 15 45 .52 44 .48 .46 57
Parent Over 45 51 .46 .54* .38 .54 57
Child Male 51 .54 44 .49 .54 .56
Parent Male .34 31 .34 .26 .38 44
HH Degree A46%* .61 .48 .55 48%** .70
High SES 49 51 42 48 .55 .60
Parent Marriet .59 .59 .56 .52 .66 73
White British .76 .68 .64 .65 .80 .70
Ethnic Other .10 12 .20 22 .06 .13
England .93* .85 .16 .13 .94 .89
One Parent .59 .54 .94** .82 .52 44
Respondent
Max n 104 121 39 58 65 63

(households)
Stars indicate significance as the following labgd < 0.10,” p< 0.05,” p<0.01
“The national average wé8% in 2017 (ONS). This suggests that parents in our sample in wave 8 are less likely to be

married than in the population.
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Table 13b. Balance Tables. Report the Wave 8 meahtbe treatment and control groups by the subjectie expectations
questions at the individual level using our wave &olumns a - b) and wave 9 (columns c-f) samplesol@mns ¢ — d show the
mean responses for the parents who we do not obserin wave 9. Columns e — f show the parents are érwiewed for our
module in wave 9

(@) (b) (c) (d) (e) ®

Variable at the
individual Level: Interviewed in Wave 8 Not Interviewed in Wave 9 Interviewed in Wave 9

Control Treatment Control Treatment Control Treatment
Chance of a Degree 69.6 66.8 72.5* 61.2 68.1 71.0
by 30
Chance Qualify for 77.4 74.2 78.3* 68.2 76.9 78.9
University
Chance of Applying 77.6 76.4 77.1 69.3 77.9 81.3
to University
Chance of Applying 82.0 82.8 79.6 78.2 83.0 85.9
With Scholarship
Chance Finish 90.4 89.0 90.1 87.5 90.5 90.0
University
Expected Earnings 32.5% 35.3 30.0 33.0 33.5* 37.0
at 30 With Degree
Expected Earnings 43.4 46.0 36.4** 43.0 47.0 48.2
at 45 With Degree
Expected Earnings 24.1 24.4 22.0 22.8 25.3 25.7
at 30 No Degree
Expected Earnings 28.8 31.0 23.5* 27.3 31.5 33.7
at 45 No Degree
Expected Earnings 324 31.7 33.6 317 31.8 317
at 30 With Degree
Population
Expected Earnings 21.8 22.4 21.2 21.8 22.1 22.8
at 30 No Degree
Population
Expected Returns to 10.3 9.6 12.3 10.4 9.3 9.0
a Degree at 30
Population
Expected Returns to 8.8 10.6 9.0 10.1 8.8 11.0
a Degree 30
Expected Returns to 14.8 15.1 13.1 15.2 15.6 15.0
a Degree 45
Chance Employed 90.3 92.3 89.3 91.6 90.8 92.7
With Degree
Chance Employed 89.1 85.0 86.2 83.8 90.5* 86.0
With No Degree
Expected tuition 6.4** 7.6 4.4 3.9 3.7%** 5.8
Expected Loans 6.6* 8.3 7.1 9.5 6.2 7.5
Max n 147 177 50 77 97 100

(Individual)

Stars indicate significance as the following labed < 0.10,” p < 0.05,” p<0.01
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Table 14 OLS Treatment effect on the parent’s accacy about the distribution of earnings in wave 9.

(1) (2 (3)
Within 10% of the True Value

With A Degree With No Degree Returns to A

Degree

Treatment 0.147 -0.0185 0.0165

(0.0509) (0.0562) (0.0428)
Accurate at 0.110 0.134 0.00167
Wave 8 (0.0755) (0.0821) (0.0770)
Child Over -0.110 -0.0314 -0.0158
15

(0.0595) (0.0531) (0.0398)
Parents Over -0.0111 -0.0347 0.0338
45

(0.0627) (0.0500) (0.0416)
Male Child -0.12% 0.232" -0.0264

(0.0491) (0.0595) (0.0402)
Male Parent -0.0404 0.0301 -0.0429

(0.0533) (0.0585) (0.0359)
HH Degree -0.0697 0.110 0.00590

(0.0586) (0.0620) (0.0440)
HH High 0.0508 0.0133 0.0714
Income

(0.0571) (0.0649) (0.0476)
Married 0.0276 0.00731 -0.0876

(0.0699) (0.0788) (0.0573)
White British -0.00280 0.127 -0.0136

(0.0628) (0.0658) (0.0532)
Ethnic Other 0.103 -0.0585 0.00164

(0.0990) (0.0980) (0.0781)
England 0.257 0.0830 -0.0564

(0.0500) (0.0885) (0.0732)
Constant 0.0852 -0.113 0.173

(0.112) (0.111) (0.109)
N 235 232 229

The Standard Errors are reported in parenthesktharstars indicate statistical significant to osual levels: p <
0.10,” p<0.05,"" p < 0.01. The Standard Errors are clustered atabeéhold level.
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Table 15 OLS Treatment on Wave 9 Errors (actual earings — beliefs) in parents beliefs

@ @) ©) 4)

Error in Parents Beliefs about Population earnings

With Degree No Degree
Absolute Value Absolute Value
Treatment -1809.1 -1518.7 708.9 -400.3
(1131.5) (741.6) (1516.5) (532.1)
Wave 8 Errors 0.175 0.158 0.349" 0.336"
(1.93) (0.0850) (0.0939) (0.0705)
Child Over 15 1879.8 1676.2 -821.6 -440.2
(1397.7) (926.6) (1445.4) (605.8)
Parents Over 45 -158.3 -1046.6 -2015.1 -970.1
(1364.7) (850.6) (1744.4) (619.9)
Male Child 3705.5 3365.8" 3236.8 757.7
(1259.7) (764.4) (1855.8) (530.1)
Male Parent -952.5 -482.1 -2973.0 -908.7"
(861.8) (733.3) (1609.5) (406.4)
HH Degree 1025.5 438.3 -22.59 -739.1
(1512.7) (1005.1) (1589.0) (639.0)
HH High Income -687.3 -7.857 2882.9 500.8
(1237.0) (808.8) (2503.6) (578.4)
Married -2079.2 -1713.2 -2651.1 -519.4
(1638.5) (1063.1) (2280.5) (711.5)
White British 248.8 341.5 -1861.0 -1044.1
(1491.6) (1079.2) (2008.1) (740.6)
Ethnic Other -770.5 142.2 -1975.9 -770.4
(2158.8) (1544.5) (2270.4) (948.3)
England -2474.3 -212275 -6204.1 -1915.4
(1597.5) (990.2) (2706.9) (989.3)
Constant 57750 8368.6" 7520.0 7229.3"
(2598.9) (1614.2) (3979.3) (1336.5)
N 235 235 142 232

The standard errorare reported in parentheses and the stars inditatstical significant to our usual levels < 0.10,” p<0.05,” p<

0.01
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Table 16 Treatment effects on parental.

Subsample analysis by observable characteristics

Change  Pr Apply Pr Apply Returnsto  Returnsto Employm Pr of Pr of Expected
Degree by to to a degree at a degree at ent Employme Employme  Tuition
30 University  University 30 30 Own Returnsto ntWitha  nt Without
With Population Child a Degree Degree a Degree
Scholarshi
p
(a) All Parents -0.805  1.958 1.781  2350.5 875.2 -2.246 2.505 5.206 1205.2
(3.236) (3.928) (3.998) (1081.4) (1685.1) (3.067) (2.980) (3.203) (875.6)
(b) Mothers 0.999 2.490 3.044 2627.9 4255 0.270 7.957 7.048 812.2
(4.484) (5.868) (6.123) (1459.4) (2416.4) (3.664) (4.571) (4.267) (824.2)
(c) Fathers -1.925 2.103 2.431 2456.6 1327.2 -8.930 -6.759" 2.489 2855.6
(4.588) (5.982) (4.876) (1620.4) (2694.9) (5.680) (3.168) (4.236) (2205.0)
Interactions Using All Parents
Treatment x:
(d) Male Child -3.017 -1.283 -2.619 -761.7 11154 -7.849 -12.57" -2.212 757.5
(5.995) (7.112) (7.354) (1930.3) (3141.6) (5.614) (5.248) (5.389) (1548.5)
(e) High SES 7.094 -9.456 -4.216 45.98 5186.9 2.615 0.138 0.580 -1792.4
(7.097) (8.383) (9.241) (2205.7) (3270.9) (5.598) (5.803) (6.265) (1705.5)
(f) HH Degree 5.649 -7.894 2.111 -1833.4 65.26 8.511 -1.858 -7.224 -1415.3
(7.547) (8.258) (9.533) (2185.0) (3372.3) (5.678) (6.477) (6.364) (1825.2)
(g) Wave 8 Accurate -12.67 0.561 5.949 1938.2 -11569.9 8.000 -6.857 -3.058 -3600.2
(within 10%) (19.89) (14.07) (11.37) (2884.6) (6864.9) (8.095) (8.786) (10.17) (3519.2)
N 183 134 131 229 138 126 151 159 119

SE in parentheses, starts indicate significandeeafollowing labels p < 0.10,” p < 0.05,”
the treatment and observable characteristics.
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Table 17. Treatment effects on parental and young pete’s expectations

Young people All Parents
Dependent (@ (b) (c) (d)
Variable: Regular OLS Regular OLS Regression Propensity
Adjustment Score
Matching

Change Degree 2.309 -0.805 -0.716 -3.776
by 30 (6.111) (3.236) (3.036) (4.330)
Probability Apply -5.041 1.958 1.443 6.486"
to University (10.47) (3.928) (3.740) (2.904)
Probability Apply -4.956 1.781 0.537 1.054
to University (7.633) (3.998) (4.007) (2.932)
With Scholarship
Returns to a 453.1 2350.5 2449.5 2094.6'
degree at 30 (2069.3) (1081.4) (1009.6) (961.7)
Population
Returns to a 2792.8 875.2 792.0 1605.7
degree at 30 Own (2716.1) (1685.1) (1532.2) (1554.3)
Child
Employment 5.146 -2.246 -1.835 -0.985
Returns to a (5.051) (3.067) (3.062) (2.223)
Degree
Probability of -3.102 2.505 3.200 2.236
Employment (3.415) (2.980) (2.836) (2.532)
With a Degree
Probability of -7.797 5.206 6.582" 2.509
Employment (5.706) (3.203) (3.236) (3.131)
Without a Degree
Expected Tuition -3049.6 1205.2 1016.2 1457.2

(2006.6) (875.6) (778.3) (778.4)
Max n 73 229 229 229

SE in parentheses, starts indicate significandeefollowing labels p < 0.10,” p<0.05,” p < 0.01.
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Table 18 OLS Treatment effect on the Children’s aagracy of the distribution of earnings (OLS)

@) 2 (3)
Within 10% of the True Value

With A Degree With No Returns to A
Degree Degree
Treatment 0.0202 -0.00324 0.0551
(0.0875) (0.1000) (0.0385)
Accurate at 0.110 -0.0459 -0.122
Wave 8 (0.130) (0.1412) (0.0676)
Male Child 0.107 0.352 -0.0389
(0.0930) (0.106) (0.0610)
HH High -0.118 -0.0892 0.00428
Income
(0.124) (0.130) (0.0372)
HH Degree 0.000936 0.0620 0.130
(0.0989) (0.126) (0.0755)
England -0.250 0.0375 0.0711
(0.214) (0.0995) (0.0777)
Ethnic 0.0251 -0.217 0.141
British
(0.116) (0.132) (0.188)
Ethnic -0.0367 -0.203 0.0831
Other
(0.192) (0.180) (0.202)
Parents -0.00873 -0.00401 -0.0838
Married (0.135) (0.165) (0.0764)
Parents -0.0970 -0.285 0.209
Married (0.156) (0.172) (0.200)
Missing
Constant 0.319 0.0478 -0.196
(0.259) (0.180) (0.257)
N 65 65 64

Standard errors in parentheses, starts indiogméfisance as the following labélp < 0.10,” p < 0.05,” p < 0.01.
We use robust standard errors. Ethnicity Missinguisreference category for our ethnicity variables

42



Appendix table Al. Difference in parent’s belief inthe employment rate and the actual employment rate

(1a) (1b) (2a) (2b) (3a) (3b)
Sample Belief About Women Belief About Men
Belief Percent Error Belief Percent Error Belief Percent Error
Differenc  (Belief)/(Truth  Differenc  (Belief)/(Truth  Differenc  (Belief)/(Truth
e ) *100 e ) *100 e ) * 100
With A Mean 5.60 17.42 4.93 17.65 6.19 17.24
degree (SD) (14.80) (17.412) (13.82) (16.08) (15.64) (18.46)
Absolute  Mean 8.94 17.42 8.50 17.65 9.34 17.24
Value (SD) (13.04) (17.412) (11.94) (16.08) (13.98) (18.46)
Without A Mean 5.64 26.00 4.18 23.94 6.93 27.54
degree (SD) (21.39) (25.23) (20.11) (25.48) (22.44) (25.11)
Absolute  Mean 14.03 26.00 12.44 23.94 15.42 27.54
Value (SD) (17.09) (25.23) (16.31) (25.48) (17.68) (25.11)
Returns to Mean 3.22 69.31 2.08 52.03 4.23 84.60
A Degree (SD) (13.42) (290.64) (10.83) (270.65) (15.32) (306.47)
Absolute  Mean 5.56 120.76 4.03 * 100.81 6.92 138.42
Value (SD) (12.63) (272.68) (10.26) (256.39) (14.30) (286.07)

Beliefs in 1a , 2a and 3a are all in £10,000’s. @tiers are percentages. T-tests conducted faliggof means

between columns 2a and 3a and 2b and 3b. *** *idicate significance at the 1,5 and 10 % levels.
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A3 Table showing parents applications Intentions oitheir expected returns and observable characterigts by
the child’s sex (OLS subsample analysis)

(€] &) (3 4 (5) (6)
Probability to Apply to University
Male Child Female Child
Earnings Returns 1.767" 0.471
Aged 30 (0.539) (0.710)
Labor Market 2.835 2.655
Returns age 30 of (.433) (2.284)
going to University
Employment Returns 0.286 0.240
(0.171) (0.251)
Child Over 15 -0.783 3.305 -1.004 5.758 7.701 9.360
(5.373) (5.025) (5.614) (5.963) (5.714) (5.974)
Parent Over 45 5.059 7.454 6.287 -0.0695 1.692 -0.480
(5.584) (5.239) (5.839) (5.906) (5.539) (5.916)
Male Parent -7.596 -10.34 -3.627 5.378 -0.0439 5.937
(5.269) (4.863) (5.518) (5.618) (5.406) (5.740)
HH Degree 6.167 4.075 9.862 6.163 1.717 5.384
(5.520) (5.016) (5.516) (6.646) (6.603) (6.330)
Parents Married 13.40 4.839 6.687 0.202 1.259 -5.007
(6.394) (6.038) (6.018) (7.399) (6.812) (7.240)
HH High Income -8.236 0.768 -0.973 3.168 4.477 7.469
(5.898) (5.742) (5.791) (6.371) (6.043) (6.116)
White British -6.359 -3.626 -8.67 13.016 16.57 11.51
(5.963) (5.472) (6.335) (9.267) (8.364) (8.640)
Ethnic Other 11.45 9.311 1.790 7.02 17.31 9.817
(10.68) (9.661) (9.88) (12.05) (11.92) (11.63)
England 4.356 0.0278 -2.931 -9.407 -13.32 -0.692
(8.855) (8.729) (9.545) (9.640) (9.548) (9.431)
Expected Tuition -0.0680 -0.549 -0.0984 0.114 0.0383 -0.0794
(0.763) (0.700) (0.794) (0.617) (0.574) (0.639)
Tuition Missing -11.66 -0.00508 -13.55 -13.45 -5.696 -12.23
(8.578) (8.573) (8.965) (7.627) (7.568) (7.732)
Constant 60.02 76.32" 78.01" 72.52" 69.33" 62.14"
(11.16) (9.622) (12.68) (14.48) (13.20) (13.44)
N 120 110 130 106 94 110

The reference category for ethnicity is ethnicigsmg. se in parentheses, starts indicate sigmifie as the following labels
"p<0.10," p<0.05~™ p<0.01. Standard errors are clustered at the hoigsével.

Figure 1 Parents Accuracy about the returns togaege(actual returns — belief) we define error by
subtracting their beliefs from the ‘True Value’, mositive (negative) error stipulates that the
respondent underestimates (overestimates) populedmings
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Distribution of Wave 8 Parents Returns Error
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Figure 2 Parents Wave 9 Accuracy about the retiorres degree (actual returns — belief) we define
error by subtracting their beliefs from the ‘Trual\e’, a positive (negative) error stipulates it
respondent underestimates (overestimates) populeiimings.
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Figure 3 Parents Application intentions withouthdarship Wave 8 (LHS) and Wave 9 (RHS) by

Treatment
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Figure 4 Parents Accuracy of Population earningsaied (actual earnings — belief) with (LHS) and
without a degree (RHS) at 30

45



Parents Earnings Accuracy WIth A Degree (Population)

Parents Earnings Accuracy Without A Degree (Population)
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