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This study has a number of aims. Like those of our collaborators, it is concerned to demonstrate further the criterion and construct validity of the prototype ESeC schema. Hitherto the bulk of the evidence used to make ESeC class allocations has been drawn from questions about employment relations asked in the 1996/97 UK Labour Force Survey (LFS). This was heavily used in the criterion validation of the official British classification, the NS-SEC. It is clearly important to know if UK employment relations data stands up to scrutiny when placed in the context of a wider and very heterogeneous Europe.

There is, in addition, a more mundane aim of this study. That is concerned with what one might term the operational validity of the ESeC. It may indeed be conceptually sound but can it be used, i.e. is it a tool that is of practical application in a number of different datasets collected for quite varying purposes, and are the results it produces comparable within some reasonable tolerance limits?. In a sense this is also a question of what is often called external validity, reliability, or replicability. This issue first raised its head at the Paris meeting when we observed the large discrepancies between the ESeC distributions from ECHP and the Labour Force Surveys.
Making the ESeC variable

The initial matrix produced by Essex made class allocations for all four digit OUGs in the ISCO scheme. In some cases the crosswalk from the UK classification is unable to map directly on to these codes and thus makes use of what it calls ‘trailing zeros’. Essentially this is resorting to three-digit coding by any other name. What we failed to anticipate was that this practice would occur in many other countries. This can happen for one of two reasons. Either firstly, as for example in France, it is not possible to map from the PCS to ISCO with four-digit precision. Or secondly, there may simply not be sufficient information for the interviewers/coders to establish the occupational unit group with sufficient precision. 
The result of this is that the European Social Survey contains occupational information coded to four, three, two or even one digit. It must be stressed that only perhaps 5% of cases fall outside the original four-digit matrix. However, it was felt that in the interests of being comprehensive we would not simply delete these. Instead we have completed an ‘all-inclusive’ matrix and sets of syntax where all potential codes are included and allocated to their appropriate classes based on the modal allocation rules. 
The Treatment of Employment Status
The next stage was to make an employment status variable. The self-employed were relatively unproblematic with one exception – Norway – where bizarrely there is no occupational information for the self-employed. Rather than simply abandon the Norwegian data in its entirety we recoded the missing data, sending all large employers to class 1 and the small employers to class 4 in lieu of any indication of agriculture. Not perfect but better. 
When it came to supervisors the approach was to take the data on supervision at face value. It is true that the question in the ESS, in common with that in the Labour Force Survey, is very ‘open’. It asks simply:

‘In your main job, do/did you have any responsibility for supervising the work of other employees?’ A footnote defines supervising as both monitoring and being responsible for the work of others.

However even though there is a very high proportion of respondents claiming to exercise supervisory responsibility, no attempt was made to sift these or to make ad hoc judgements about their ‘true’ nature. Among ISCO major groups 1-3 this does not materially affect the outcome as supervisors tend to be allocated to the same or a lower class than employees. It is really only from sub-major group 34 downwards that this starts to distort the class structure, potentially displacing individuals from class 3 to class 2 and from classes 7, 8 and 9 to class 6. Table 1 summarises the employment statuses within the dataset by country.
Table 1: Employment Status by Country

	
	Employment status (%)
	

	Country
	SE 10+
	SE<10
	SE NO
	Supervisors
	Employees
	All

	Austria
	0.9
	4.9
	6.5
	29.5
	58.3
	100.0

	Belgium
	0.6
	4.3
	7.8
	29.6
	57.7
	100.0

	Switzerland
	1.1
	5.2
	7.9
	34.1
	51.7
	100.0

	Czech Republic
	0.9
	1.8
	5.9
	24.0
	67.5
	100.0

	Germany
	0.7
	4.5
	5.0
	26.4
	63.4
	100.0

	Denmark
	1.3
	3.9
	4.5
	25.9
	64.4
	100.0

	Spain
	0.9
	4.5
	12.1
	14.9
	67.6
	100.0

	Finland
	0.7
	3.5
	6.6
	19.8
	69.3
	100.0

	France
	1.0
	2.5
	7.0
	32.3
	57.1
	100.0

	UK
	1.0
	3.1
	6.8
	37.4
	51.8
	100.0

	Greece
	0.7
	8.3
	28.1
	14.4
	48.5
	100.0

	Hungary
	0.6
	4.4
	5.6
	16.3
	73.1
	100.0

	Ireland
	1.1
	5.7
	8.7
	28.3
	56.3
	100.0

	Israel
	1.4
	5.1
	6.4
	32.8
	54.2
	100.0

	Italy
	1.6
	12.6
	13.3
	16.0
	56.5
	100.0

	Luxembourg
	1.6
	5.1
	6.2
	29.5
	57.7
	100.0

	Netherlands
	1.2
	3.3
	6.1
	35.9
	53.6
	100.0

	Norway
	0.8
	4.4
	5.8
	33.2
	55.7
	100.0

	Poland
	0.6
	3.7
	14.7
	19.9
	61.2
	100.0

	Portugal
	1.2
	5.4
	10.9
	18.6
	63.8
	100.0

	Sweden
	0.6
	3.4
	5.9
	24.7
	65.4
	100.0

	Slovenia
	0.2
	3.7
	4.4
	33.6
	58.0
	100.0

	Totals
	0.9
	4.6
	8.4
	26.8
	59.3
	100.0


A decision had to be made about managers. As frequently discussed, this is a headache because of the circular relationship between ISCO88 (COM) and ESeC. Allocation to group 12 (corporate managers) or group 13 (‘general’ managers) is dependent upon establishment size. Establishment size is in turn used to create the employment status variable that, in combination with occupation, determines class position. In a world of perfect data this would not be a problem, but our previous experience of the UK Labour Force Survey demonstrated the enormous inconsistency between these two variables, and this presented us with the problem of ‘priority rules’. This is again the case in the ESS as table 2 shows. The shaded cells indicate ‘illicit’ combinations of occupational unit group and employment status.
There was a good deal of discussion of this matter prior to and during the Paris meeting. The Essex team produced a ‘version 2.1.1.’ matrix in which an extra ‘managers’ column was introduced for establishments of 49 or more employees, in an attempt to distinguish a small number of ‘truly senior’ managers.

Table 2: Cross tabulation of ‘Managerial’ Occupations by Establishment Size (row percentages)
	
	Establishment size

	OUG
	Under 10
	10 to 24
	25 to 99
	100 to 499
	500 or more
	Total

	1200
	17.5
	29.8
	19.3
	17.5
	15.8
	100

	1210
	28.5
	22.7
	18.6
	16.9
	13.2
	100

	1220
	21.6
	20.6
	24.7
	18.6
	14.4
	100

	1221
	31.3
	18.8
	18.8
	18.8
	12.5
	100

	1222
	8.6
	14.8
	24.2
	21.9
	30.5
	100

	1223
	18.2
	36.4
	16.4
	14.5
	14.5
	100

	1224
	28.2
	22.4
	25.9
	12.9
	10.6
	100

	1225
	24.1
	31.0
	31.0
	6.9
	6.9
	100

	1226
	4.4
	8.9
	37.8
	28.9
	20.0
	100

	1227
	13.6
	25.0
	38.6
	11.4
	11.4
	100

	1228
	2.9
	31.4
	31.4
	20.0
	14.3
	100

	1229
	18.4
	18.4
	34.0
	12.6
	16.5
	100

	1230
	16.7
	5.6
	16.7
	50.0
	11.1
	100

	1231
	19.6
	9.0
	24.6
	25.6
	21.1
	100

	1232
	20.9
	4.5
	19.4
	32.8
	22.4
	100

	1233
	15.1
	20.9
	25.6
	20.3
	18.0
	100

	1234
	26.9
	15.4
	19.2
	26.9
	11.5
	100

	1235
	9.1
	9.1
	18.2
	27.3
	36.4
	100

	1236
	14.6
	4.9
	26.8
	24.4
	29.3
	100

	1237
	2.4
	4.8
	19.0
	23.8
	50.0
	100

	1239
	13.1
	14.4
	17.6
	28.8
	26.1
	100

	1300
	85.7
	4.3
	
	5.7
	4.3
	100

	1310
	60.5
	5.3
	18.4
	7.9
	7.9
	100

	1311
	83.3
	7.1
	9.5
	
	
	100

	1312
	41.1
	21.4
	19.6
	5.4
	12.5
	100

	1313
	53.6
	16.5
	15.5
	6.2
	8.2
	100

	1314
	79.0
	10.1
	7.5
	2.6
	0.9
	100

	1315
	73.1
	9.9
	10.4
	3.8
	2.7
	100

	1316
	66.0
	10.6
	6.4
	8.5
	8.5
	100

	1317
	62.8
	10.3
	6.4
	10.3
	10.3
	100

	1318
	46.8
	10.6
	25.5
	8.5
	8.5
	100

	1319
	49.3
	12.3
	21.7
	8.0
	8.7
	100

	Total
	38.0
	14.9
	18.8
	14.7
	13.6
	100


After Paris, in moving from version 2.1 to version 3 we decided against introducing a larger size rule. The version 3 matrix is a pragmatic compromise in that it does not consistently privilege occupation or employment status. It works on the following rules:

a) All ‘employed’ managers in establishments of less than 10 go to class 2 regardless of how they have been coded to ISCO.

b) All supervisors in managerial codes go to class 2.

c) For establishments of 10 or more:

· All directors and chief executives (minor group 121) go to class 1.

· 1220-1226 go to class 2

· 1227-1229 (business services and personal care and n.e.c) go to class 1.

· Specialist managers (123) go to class 1 (excl 1235)

· 1300s go to class 2 (excl. 1317, 1318, and 1319).

However, one of the purposes of the validations is exactly to assess these judgements against the evidence, so in producing the ESeC within this report the size rule distinction has been abandoned. All OUGs in groups 12 and 13 have been allocated as if employees (column 7 of the version 3 matrix). This allows the use of establishment size as an additional variable in the analysis that follows. The distortion of the class distribution is likely to net to zero or a negligible figure and in any case one is only talking about movements between two portions of Goldthorpe’s service class. 

The result is an employment status variable with five values: 
self-employed >10
self-employed <10
self-employed alone
supervisors
employees. 
Where occupation is coded but there is no information on employment status cases are allocated to UK simplified class.
Data

The data used is version 5 of Round 1 of the European Social Survey, collected in 2002/3. There are 42, 359 unweighted cases. The documentation recommends the use of the design weights (i.e. reweighting for selection probability) for work on aggregate data and all results reported here are weighted.
1. Operational Validity: Examining the Distributions

The ESeC is intended to be a comprehensive socio-economic classification and as such it is desirable to be able to code a very high proportion of the cases in the dataset. Table 3 shows the magnitude of the ‘inactive/excluded’ segment and the degree of item non-response. 

Table 3: Overall distribution of ‘raw’ class data
	Response
	Freq
	%

	1
	3840
	9.07

	2
	8577
	20.25

	3
	3749
	8.85

	4
	2768
	6.53

	5
	955
	2.25

	6
	3779
	8.92

	7
	3644
	8.60

	8
	3513
	8.29

	9
	6362
	15.02

	n/a
	4219
	9.96

	refusal
	77
	0.18

	Dk
	34
	0.08

	no answer
	842
	1.99

	Total
	42359
	100.00


By coding current occupation and the previous or typical occupation of those not currently in paid employment, the ESS allows us to directly classify 88% of the sample. Of the residual cases, it should be possible to re-allocate a high proportion of the ‘not applicable’, either to the class for the long term unemployed or in case of the women (who constitute between 65 and 70% of one residual category) to their partner or father’s class. For the purposes of this report the analysis focuses only on those directly classifiable. Distributions for the four-digit matrix for each country are reproduced in appendix 2.
A key concern during the drafting of the prototype ESeC was that it would be consistent even when the base information varied in precision. The following set of tables give some indication of how three versions of ESeC work on the ESS data. Table 4 shows the distributions for 4, 3 and 2-digit ESeC. Note how the size of some classes moves in one direction from 4 to 3 digits and then in the opposite direction from 3 to 2 digits. This is a function of the way the modal allocation rules work as OUGs sum to minor groups and to sub-major groups. There was an illustration of this process in the notes accompanying the version 3 matrices.
Table 4: Distributions of ESeC for different levels of precision
	
	4 digits
	3 digits
	 2 digits

	Class
	Freq
	%
	Freq
	%
	Freq
	%

	1
	3840
	10.3
	3455
	9.3
	4417
	11.9

	2
	8577
	23.1
	9106
	24.5
	7537
	20.3

	3
	3749
	10.1
	4000
	10.8
	4712
	12.7

	4
	2768
	7.4
	2811
	7.6
	3020
	8.1

	5
	955
	2.6
	945
	2.5
	947
	2.5

	6
	3779
	10.2
	3522
	9.5
	3163
	8.5

	7
	3644
	9.8
	3476
	9.3
	4172
	11.2

	8
	3513
	9.4
	2942
	7.9
	3870
	10.4

	9
	6362
	17.1
	6930
	18.6
	5349
	14.4

	Total
	37187
	100.0
	37187
	100.0
	37187
	100.0


The schema keeps its shape well. The size of class 3 increases, as do classes 1, 7 and 8. The self-employed are kept constant by the availability of the employment status variable. Classes 2 and 9 are subject to modest shrinkage. However, given that these results are generated by a ‘one size fits all’ matrix, it is extremely encouraging. Table 5 shows an example of where the flows are when the fourth digit is lost. The correspondence between versions is high – above 90 per cent – in all but three cases. In two of these, the ‘bleeding’ is to the neighbouring class but within the same basic form of contract. Two more are almost reciprocal transfers (between classes 3 and 7). While these gross movements might each be undesirable in principle they do have the merit of netting off to a negligible figure. 

Two further comments are worth making here. Firstly there was some vigorous debate in Paris about the boundary between the correct size and composition of classes 8 and 9, much of which centred on ‘skilled workers’ and the identification of a ‘class 10’ in need of further analysis. The current situation is that a handful of minor groups remains disputed territory in so far as some OUGs have been allocated to class 9 ad others have been identified as either definitively or potentially ‘skilled’ workers in class 8. The resulting heterogeneity in terms of our allocations is driving the substantial off-diagonal, as these ‘potential class 8’ or ‘class 10’ OUGs get swallowed up by larger OUGs within the minor group. We return to this issue later. Secondly there is a major loss of cases from class 6 to class 2. This is also something of a worry as it adds to the inflation of class 2 already caused by transfers from class 1. 
Table 5: Correspondence between 4 digit and 3 digit ESeC on Round 1 ESS

	4 digit version
	
	3 digit version

	
	
	1
	2
	3
	4
	5
	6
	7
	8
	9
	All

	
	1
	88.3
	8.9
	1.9
	0.9
	
	
	
	
	
	100

	
	2
	0.6
	95.3
	2.0
	0.4
	
	1.7
	
	
	
	100

	
	3
	
	1.0
	93.1
	
	
	
	4.0
	
	1.9
	100

	
	4
	
	1.2
	0.2
	98.3
	0.3
	
	
	
	0.0
	100

	
	5
	
	
	
	2.2
	97.7
	
	
	0.1
	
	100

	
	6
	
	14.0
	
	
	
	86.0
	
	
	
	100

	
	7
	
	
	6.1
	
	
	
	91.6
	
	2.3
	100

	
	8
	
	
	
	
	
	4.0
	
	77.2
	18.8
	100

	
	9
	
	0.1
	0.2
	
	
	
	0.2
	3.5
	96.1
	100

	
	All
	9.2
	24.5
	10.6
	7.6
	2.6
	9.6
	9.5
	7.9
	18.5
	100


Tables 6 and 7 show the make-up of both these flows. In case of the movement from 6 to 2the first case it is the minor groups 512 (housekeeping and restaurant service workers), 612 (animal producers and related workers), 743 (textile, garment and related trades) and 811 (mining and mineral-processing plant operators) where the inconsistencies lie. 512 is an extreme example as the same group of just three (presumably) cognate OUGs contains three different possible class destinations. 612 is another quite interesting contradiction. The group contains four ‘definitively coded’ OUGs, plus one residual (‘9’) and a ‘0’ which summarises when nothing else is specified. The accurately coded OUGs go to class 8, but the dump codes to class 9. The empirical tendency for 0 and 9 codes to dominate the dataset then pushes the group into class 9 when the codes are summed up. This practice needs revisiting as it fails the face validity test. We recommend that all ‘dump codes’ should be allocated on the basis of the modal class for ‘definitively coded’ OUGs.
Table 6: ISCO codes moving between classes 8 and 9
	
	Freq
	%

	5122
	254
	38.3

	6121
	76
	11.4

	6122
	13
	2.0

	7433
	127
	19.2

	7434
	3
	0.5

	7436
	158
	23.8

	7437
	18
	2.8

	8112
	4
	0.6

	8113
	10
	1.4

	Total
	663
	100.0


The second case (table 7) shows a larger number of OUGs constituting the slippages from class 6 to class 2. These are what we might call ‘lower technicians’ and various associate professionals and health workers being dragged upwards by higher technicians and workers deemed to belong in class 2. These could be either supervisors or employees as the outcome would be the same.

Table 7: ISCO Codes Moving between Class 6 and Class 2
	
	Freq
	%

	3113
	55
	10.27

	3114
	91
	17.12

	3122
	59
	11.09

	3123
	4
	0.82

	3220
	13
	2.38

	3221
	48
	9.02

	3225
	40
	7.50

	3227
	3
	0.49

	3228
	50
	9.34

	3470
	3
	0.64

	3473
	1
	0.23

	3474
	1
	0.19

	4142
	23
	4.26

	4213
	1
	0.17

	4214
	2
	0.34

	4215
	5
	0.99

	4222
	40
	7.57

	4223
	9
	1.70

	5112
	13
	2.43

	5113
	2
	0.37

	5161
	26
	4.97

	5169
	42
	7.92

	9111
	1
	0.19

	Total
	533
	100.00


Collapsing the ESeC

Most class schemas come in long and short forms. That is to say the full number of categories can be aggregated or, to use the usual term, ‘collapsed’ into a smaller number of classes. As already discussed, most of the instability caused by incomplete or imprecise information is in terms of short range movements. This means that collapsed forms of ESeC should be stable and allow analysts to make meaningful comparisons across many datasets. Table 8 shows the relative consistency of a five-class schema. This is formed by merging classes 1 and 2 into a single service class and merging class 3 and class 6 into an intermediate, supervisory and technical class. The self-employed become class 3; lower sales and service workers become class 4 and the skilled and unskilled ‘manual’ workers are the lowest group. Collapsing this hierarchy once more would yield three, more or less equal classes: salariat, intermediate, working – the common vernacular of Goldthorpe-based classifications. The ultimate aim should still be a robust and accurate long form of ESeC but these results offer a fallback position for analysts who are frequently interested in less fine distinctions.
Table 8: Distributions for a Collapsed ESeC (%)
	Class
	4 digit
	3 digit
	2 digit

	Salariat
	33.25
	33.66
	32.07

	Intermediate/technical
	20.31
	20.25
	21.19

	Self-employed
	10.09
	10.17
	10.74

	Lower services/sales
	9.85
	9.46
	11.27

	‘Manual’ workers
	26.50
	26.46
	24.73


2. Criterion Validity
This section uses five questions on round one of the ESS to assess how well the ESeC ‘measures what it purports to measure’. The conceptual backcloth to the classification has been well rehearsed and needs no further exegesis here. Broadly speaking, employment relations are, in their most recent theoretical formulation (Goldthorpe’s On Sociology, 2000), an amalgam of asset specificity and ease (or more accurately difficulty) of monitoring. While Goldthorpe himself has stressed the nature of contracts as the key determinant rather than measures of worker autonomy, it has to be said that the two correlate extraordinarily strongly. Again Goldthorpe gives primacy to autonomy with regard to time over other aspects of autonomy. And yet in earlier work using the UK LFS we noted that the inter-item correlations between contractual variables and task autonomy were on average higher than those among those between contractual variables and time autonomy. Indeed they were higher than the correlations between the various ‘contractual’ items. On this basis, and on the assumption that task autonomy is usually an outcome reflecting both asset specificity and difficulty of monitoring, it seems defensible to use autonomy as a decent proxy for employment relations.

The ESS invites respondents to say ‘how much the management at your work allows you….

a) to be flexible in your working hours?

b) To decide how your own daily work is organised?
c) To influence your environment?
d) To influence decisions about the general direction of your work?

e) To change your work tasks if you wish to?

Each has a range from 0 (I have no influence) to 10 (I have complete control). The five items have been added and averaged to give a single autonomy score. Results are presented for all classes and for all countries, but we also pay close attention to the upper and lower ends of the class structure. The self-employed are excluded from the analysis.
Table 9 gives an overview for the entire ESS data. As these questions are only asked of those currently in paid work the sample is roughly halved but there are still large enough numbers in most cells to do cross-national comparisons as we shall see. The basic profile is a monotone from top to bottom, but with a ‘spike’ among class 6, which is of course dominated by supervisors. No surprises here. 

Table 9: Mean Scores for Classes on Work Autonomy Scale
	
	N
	Mean
	sd
	se
	95% CI for Mean
	Minimum
	Maximum

	
	
	
	
	
	Lower
	Upper 
	
	

	1
	1997
	6.52
	2.10
	0.05
	6.43
	6.62
	0
	10

	2
	5343
	6.31
	2.24
	0.03
	6.25
	6.37
	0
	10

	3
	2242
	5.27
	2.40
	0.05
	5.17
	5.36
	0
	10

	6
	2300
	5.75
	2.50
	0.05
	5.64
	5.85
	0
	10

	7
	1943
	4.60
	2.52
	0.06
	4.49
	4.71
	0
	10

	8
	1735
	3.92
	2.67
	0.06
	3.80
	4.05
	0
	10

	9
	2858
	3.87
	2.74
	0.05
	3.77
	3.97
	0
	10

	Total
	18418
	5.35
	2.64
	0.02
	5.31
	5.39
	0
	10


The Class 10 issue
The next exercise isolates the bottom two classes in order to identify whether there is a group of OUGs (which we often call ‘facharbeiter’ as shorthand) that have been deskilled over time so that they now more closely resemble the routine operatives in the lowest class. In the prototype ESeC they are included in class 8 but we are able to identify them and separate them into a ‘class 10’. This is a very detailed table, but the key questions are: 

a) across Europe do the ‘facharbeiter’ appear to have better or worse employment relations than the workers in class 9? 

b) again overall do they have better or worse employment relations than those workers who have been unambiguously identified as class 8?

The results are very interesting. First of all the ESS average at the foot of the table shows that not only does class 10 not resemble class 8 in employment relations terms, but it does not even resemble class 9. The occupations that have been highlighted as part of an ongoing aristocracy of labour do actually look distinctly proletarianised. But the pattern is not even. It has been firmly argued in discussion that the deskilling and proletarianisation of selected occupations in the last two decades is a curiously British phenomenon (even to the exclusion of Ireland). This argument is supported by the data. The UK’s class ten does not have, at 2.93, anything like the worst score in Europe, but it has the largest gap between class ten and the routine workers in class nine than any other country in the ESS. To that extent our critics in the consortium may have a point. However, the UK is not alone. Of the 21 countries in the table (we cannot make ESEC10 for France as there is no 4 digit ISCO), in only 9 does the mean score for class 10 exceed that of class 9. Interestingly, four of these are represented in the consortium. The full list is Germany, Denmark, Finland, Hungary, Ireland, Israel, Italy, Poland and Sweden. 

Table 10: Comparison of Mean Scores for ‘core’ class 8, 
class 9 and ‘Facharbeiter’
	Country
	ESEC10
	Mean
	N
	sd

	Austria
	8
	3.99
	46
	2.46

	
	9
	3.84
	106
	3.09

	
	10
	3.18
	24
	2.38

	
	Total
	3.79
	176
	2.85

	Belgium
	8
	5.33
	37
	2.37

	
	9
	4.01
	122
	2.71

	
	10
	3.96
	36
	2.40

	
	Total
	4.25
	195
	2.63

	Switzerland
	8
	3.87
	63
	2.60

	
	9
	4.36
	74
	2.75

	
	10
	3.54
	30
	2.44

	
	Total
	4.03
	166
	2.65

	Czech Republic
	8
	2.89
	68
	2.62

	
	9
	2.79
	126
	2.08

	
	10
	2.22
	30
	2.15

	
	Total
	2.75
	223
	2.26

	Germany
	8
	3.22
	96
	2.38

	
	9
	2.45
	188
	2.37

	
	10
	2.64
	49
	2.58

	
	Total
	2.70
	333
	2.42

	Denmark
	8
	5.81
	38
	2.13

	
	9
	5.14
	149
	2.55

	
	10
	5.64
	23
	2.07

	
	Total
	5.32
	210
	2.43

	Spain
	8
	3.71
	61
	2.77

	
	9
	3.22
	159
	2.45

	
	10
	2.63
	40
	2.36

	
	Total
	3.24
	260
	2.53

	Finland
	8
	5.83
	64
	2.07

	
	9
	5.24
	172
	2.44

	
	10
	5.75
	56
	2.17

	
	Total
	5.46
	292
	2.33

	France
	8
	4.51
	25
	2.59

	
	9
	3.54
	72
	2.34

	
	Total
	3.79
	97
	2.43

	United Kingdom
	8
	5.03
	30
	2.63

	
	9
	4.31
	148
	2.64

	
	10
	2.93
	23
	2.43

	
	Total
	4.26
	201
	2.66

	Greece
	8
	3.28
	41
	2.55

	
	9
	2.69
	144
	2.79

	
	10
	2.05
	52
	2.20

	
	Total
	2.65
	237
	2.65

	Hungary
	8
	3.42
	58
	2.50

	
	9
	2.49
	133
	2.31

	
	10
	3.07
	49
	2.54

	
	Total
	2.83
	240
	2.43

	Ireland
	8
	4.76
	34
	2.13

	
	9
	4.27
	138
	2.46

	
	10
	4.46
	18
	2.68

	
	Total
	4.38
	190
	2.42

	Israel
	8
	5.68
	17
	2.69

	
	9
	4.20
	112
	2.84

	
	10
	6.66
	10
	3.57

	
	Total
	4.55
	139
	2.96

	Italy
	8
	4.91
	17
	2.13

	
	9
	4.06
	84
	2.41

	
	10
	4.26
	13
	2.12

	
	Total
	4.21
	115
	2.34

	Luxembourg
	8
	4.29
	31
	2.98

	
	9
	2.92
	105
	2.64

	
	10
	2.21
	18
	2.72

	
	Total
	3.10
	154
	2.78

	Netherlands
	8
	5.00
	35
	2.22

	
	9
	4.99
	152
	2.45

	
	10
	4.76
	18
	1.70

	
	Total
	4.97
	205
	2.34

	Norway
	8
	5.51
	74
	1.86

	
	9
	5.68
	145
	2.19

	
	10
	5.47
	22
	2.19

	
	Total
	5.61
	240
	2.09

	Poland
	8
	2.14
	58
	1.81

	
	9
	2.43
	121
	2.35

	
	10
	2.91
	64
	2.40

	
	Total
	2.49
	243
	2.26

	Portugal
	8
	3.33
	40
	2.80

	
	9
	4.10
	172
	2.98

	
	10
	3.24
	72
	2.46

	
	Total
	3.77
	284
	2.85

	Sweden
	8
	5.79
	47
	2.41

	
	9
	5.04
	138
	2.54

	
	10
	5.92
	30
	2.16

	
	Total
	5.33
	215
	2.48

	Slovenia
	8
	3.31
	40
	2.59

	
	9
	2.64
	99
	2.55

	
	10
	2.53
	39
	2.77

	
	Total
	2.76
	178
	2.61

	All ESS
	8
	4.18
	1019
	2.64

	
	9
	3.87
	2858
	2.74

	
	10
	3.56
	716
	2.68

	
	Total
	3.89
	4593
	2.72


Managers and Establishment Size

Next we examine the upper end of the class structure to see what impact size of establishment plays, if any, in determining job quality. There were not enough managers in each occupational code to do a complete cross tabulation by each category of establishment size. Since the key distinction is between groups 12 and 13, table 11 shows an OLS regression where y=the work autonomy scale score and the predictors are dummies representing group 12 (corporate managers) and whether an establishment has more than ten employees.
Table 11: OLS regression on Mean score for autonomy measure
	
	B
	Se
	Sig.

	(Constant)
	7.252175
	0.146275
	1.2E-292

	Group 12
	0.477258
	0.136834
	0.000505

	+10 emps
	-0.19633
	0.148797
	0.187281


The effect of being coded to a group 12 occupation, after controlling for establishment size, was to add another half point to the work autonomy score. Establishment size had a negative co-efficient that was non-significant. This suggests that the evidence to support establishment size as a proxy for superior employment relations is far from compelling, but that group 12 occupations do, controlling for size, seem to be ‘better’ jobs than those in group 13. 

Table 12 illustrates a similar point with a measure of health. What it shows is that using minor group 131 as the reference category, only 123 (specialist managers) have significantly better health outcomes. Both these exercises are consistent with ongoing caution about allocating too many managers to class 1, as there is not enough unambiguous evidence that most OUGs in group 12 score more highly than all those in group 13. This needs more detailed examination in the next stage if the sample numbers allow.
Table 12: Logistic regression: Odds of being in the best of subjective health

	
	B
	S.E.
	Sig.
	Exp(B)

	131
	Reference 
	category
	
	

	120
	-0.17208
	0.363708
	0.63612
	0.841911

	121
	0.128354
	0.200525
	0.522113
	1.136956

	122
	-0.01551
	0.134269
	0.908063
	0.984614

	123
	0.383727
	0.121767
	0.001625
	1.467745

	130
	-0.55045
	0.315013
	0.080567
	0.576688

	TEN + est. size
	-0.10143
	0.112128
	0.365662
	0.903541

	Constant
	-0.88258
	0.076951
	1.88E-30
	0.413714


Summary
In terms of criterion validation then, the nine-class ESeC performs well. Although the self-employed have been excluded here their absence makes negligible difference to the scores for classes 1 and 2 (the absence of a large proportion of self-employed professionals could have distorted the figures). Initially there is a lack of obvious discrimination between the bottom two classes, that is to say the class 8 ‘skilled workers’ looked very similar to those in the bottom class. However, when the disputed ‘class 10’ occupations are removed from class 8 and identified separately the distinction becomes clearer, as class 8 scores rise in the overall sample.. 
3. Construct Validity
Much of the next stage of work will deal with construct validity variables, such as income and unemployment. This section uses two health variables to assess the extent to which ESeC can predict outcomes assumed to correlate with class. The ESS has two questions: the first asks respondents to score their subjective general health on a five point scale where 1 = very good and 5= very bad. Thus the scores reported here are a measure of poor health, the higher the number the worse the respondent’s state of subjective health. 
Table 13: Mean Health Scores by ESeC Class

	
	N
	Mean
	Sd
	SE
	95% CI
	
	Minimum
	Maximum

	
	
	
	
	
	Lower
	Upper
	
	

	1
	3791
	1.93
	0.80
	0.01
	1.90
	1.96
	1
	5

	2
	8528
	2.03
	0.84
	0.01
	2.02
	2.05
	1
	5

	3
	3723
	2.06
	0.84
	0.01
	2.03
	2.08
	1
	5

	4
	2761
	2.14
	0.89
	0.02
	2.11
	2.17
	1
	5

	5
	975
	2.45
	0.97
	0.03
	2.39
	2.52
	1
	5

	6
	3804
	2.17
	0.90
	0.01
	2.14
	2.20
	1
	5

	7
	3652
	2.12
	0.89
	0.01
	2.09
	2.14
	1
	5

	8
	3524
	2.33
	0.95
	0.02
	2.30
	2.37
	1
	5

	9
	6291
	2.36
	0.97
	0.01
	2.33
	2.38
	1
	5

	Total
	37049
	2.15
	0.90
	0.00
	2.14
	2.16
	1
	5


The results show a gentle slope from the top to the bottom of the class schema with a ‘poor health spike’ among the agricultural self-employed. The apparent difference between class 6 and class 7 is not statistically significant, and nor is that between the bottom two classes. However, as with the previous section on criterion validity we wanted to test the facharbeiter hypothesis. Table 14 repeats the exercise with the separate identification of class 10. The outcome is that the class 8 score improves and the class 10 score is the worst for any class. The differences between class 8 and 9 and class 9 and 10 are not statistically significant but the gap between classes 8 and 10 is, suggesting that the facharbeiter OUGs identified do not belong there.
Repeating this comparison produces unevenness in the pattern across countries. In certain countries where class 10 scored more poorly than class 9 on worker autonomy, it scores more highly than class 8 on subjective health. Thus there are some apparent contradictions between the criterion and construct validity measures for class 10. The full country by country table is included in Appendix 1. Further specification of this model to control for age and gender is required in the next stage.

Table 14: Comparison of Health Means for ‘ESEC10’

	
	N
	Mean
	sd
	se
	95% CI
	
	Minimum
	Maximum

	
	
	
	
	
	Lower
	Upper
	
	

	1
	3774
	1.93
	0.80
	0.01
	1.91
	1.96
	1
	5

	2
	8528
	2.03
	0.84
	0.01
	2.02
	2.05
	1
	5

	3
	3723
	2.06
	0.84
	0.01
	2.03
	2.08
	1
	5

	4
	2479
	2.14
	0.90
	0.02
	2.11
	2.18
	1
	5

	5
	975
	2.45
	0.97
	0.03
	2.39
	2.52
	1
	5

	6
	3804
	2.17
	0.90
	0.01
	2.14
	2.20
	1
	5

	7
	3652
	2.12
	0.89
	0.01
	2.09
	2.14
	1
	5

	8
	2029
	2.29
	0.95
	0.02
	2.25
	2.33
	1
	5

	9
	6291
	2.36
	0.97
	0.01
	2.33
	2.38
	1
	5

	10
	1495
	2.39
	0.95
	0.02
	2.35
	2.44
	1
	5

	Total
	36749
	2.15
	0.90
	0.00
	2.14
	2.16
	1
	5


Table 15: Logistic regression: Odds of reporting being hampered a lot or to some extent by illness/disability

	
	B
	S.E.
	Sig.
	Exp(B)

	ESEC10 class 2
	0.21
	0.05
	0.00
	1.24

	ESEC10 class 3
	0.32
	0.06
	0.00
	1.38

	ESEC10 class 4
	0.33
	0.07
	0.00
	1.39

	ESEC10 class 5
	0.63
	0.09
	0.00
	1.87

	ESEC10 class 6
	0.57
	0.06
	0.00
	1.77

	ESEC10 class 7
	0.54
	0.06
	0.00
	1.71

	ESEC10 class 8
	0.70
	0.07
	0.00
	2.02

	ESEC10 class 9
	0.70
	0.06
	0.00
	2.01

	ESEC10 class 10
	0.81
	0.08
	0.00
	2.25

	Female
	0.15
	0.03
	0.00
	1.16

	AGE
	0.04
	0.00
	0.00
	1.05

	Constant
	-4.07
	0.07
	0.00
	0.02


In the final piece of analysis reported here we used the second health variable on the ESS, which asks respondents if they are hampered by illness or disability in their daily activities. Table 15 shows the chances of respondents saying that they are hampered a lot or to some extent. The results show that, using class 1 as the reference category, each class below is significantly more likely to report this limiting illness or disability after controlling for age and gender, which are themselves significant. Class 10 once more is in an unfavourable position with respect to classes 8 and 9.

Interim Summary

This initial work has had three aims. The first one to be tackled and achieved was to operationalise ESeC in a context outside the UK LFS, dealing with the deficiencies in coding and different data conventions between countries. This has been successful. ESeC can be applied to a large proportion of the data with good reliability between its different versions. There is scope for existing inconsistencies to be ironed out to increase reliability still further. The second was to attempt to reproduce the sort of high criterion validity which was found when trailing the ESeC classification on the UK Labour Force Survey employment relations data. This also appears to have been a success as the classification discriminates well from top to bottom and most classes seem significantly different from one another. The third aim was that this would be equally true, and in the same places, of construct validity measures.
Issues remain with regard to aims two and three. The data has been limited to a handful of items in one dataset. Future work will use round 2 of ESS and look to other sources such as the ISSP. More specifically in respect of the classification: the use of establishment size seems to do little to differentiate between class 1 and 2 for managers given that it is already ‘embedded’ in ISCO major group 1. The data show enormous inconsistencies between ISCO coding and the size variable, so as to make it almost meaningless. Size seems to have no predictive power with regard to autonomy or health outcomes (see tables 11 and 12). One radical suggestion therefore is to dispense with the two managerial columns in the matrix and to give each OUG a single possible outcome, treating them as though they were employees. This would also simplify the syntax.

In respect of the ‘skilled workers’ (or facharbeiter) issue, while the UK case does seem to be extreme, it is by no means unique. Other countries’ data show that the ‘class 10’ occupations not only seem inferior to those in class 8, but frequently inferior to those in class 9. This needs further country by country, code by code analysis.

Appendix 1

A1: Full table for country by country ESEC health variation
	Subjective general health

	Country
	ESEC10
	Mean
	N
	Sd

	Austria
	1
	1.76
	161
	0.84

	
	2
	1.81
	552
	0.78

	
	3
	1.86
	365
	0.79

	
	4
	1.81
	115
	0.89

	
	5
	2.08
	49
	0.79

	
	6
	2.06
	233
	0.79

	
	7
	1.97
	205
	0.80

	
	8
	1.88
	70
	0.75

	
	9
	2.07
	212
	0.88

	
	10
	2.08
	50
	1.01

	
	Total
	1.90
	2012
	0.82

	Belgium
	1
	1.86
	175
	0.65

	
	2
	1.89
	405
	0.73

	
	3
	1.95
	154
	0.72

	
	4
	2.06
	127
	0.74

	
	5
	2.06
	17
	0.66

	
	6
	2.09
	183
	0.86

	
	7
	2.10
	105
	0.84

	
	8
	2.20
	76
	0.98

	
	9
	2.13
	276
	0.86

	
	10
	2.11
	71
	0.78

	
	Total
	2.01
	1589
	0.79

	Switzerland
	1
	1.77
	267
	0.65

	
	2
	1.89
	492
	0.73

	
	3
	1.84
	261
	0.69

	
	4
	1.83
	102
	0.70

	
	5
	2.07
	31
	0.81

	
	6
	1.91
	227
	0.77

	
	7
	1.85
	170
	0.75

	
	8
	1.95
	103
	0.76

	
	9
	2.02
	139
	0.78

	
	10
	2.04
	46
	0.74

	
	Total
	1.88
	1839
	0.73

	Czech Republic
	1
	2.10
	86
	0.71

	
	2
	2.50
	289
	0.80

	
	3
	2.45
	113
	0.88

	
	4
	2.22
	66
	0.80

	
	5
	2.00
	2
	1.16

	
	6
	2.44
	116
	0.91

	
	7
	2.34
	87
	0.86

	
	8
	2.43
	145
	0.92

	
	9
	2.71
	263
	0.99

	
	10
	2.62
	63
	1.04

	
	Total
	2.48
	1231
	0.90

	Germany
	1
	2.22
	273
	0.81

	
	2
	2.37
	596
	0.81

	
	3
	2.35
	336
	0.82

	
	4
	2.35
	141
	0.87

	
	5
	2.68
	12
	0.96

	
	6
	2.45
	276
	0.89

	
	7
	2.30
	271
	0.86

	
	8
	2.50
	191
	0.91

	
	9
	2.61
	387
	0.95

	
	10
	2.51
	106
	0.88

	
	Total
	2.40
	2589
	0.87

	Denmark
	1
	1.49
	138
	0.78

	
	2
	1.79
	349
	0.90

	
	3
	1.75
	180
	0.88

	
	4
	2.01
	72
	0.94

	
	5
	2.25
	12
	0.87

	
	6
	1.77
	158
	0.86

	
	7
	1.79
	123
	0.78

	
	8
	1.89
	71
	0.90

	
	9
	2.10
	281
	0.97

	
	10
	2.14
	44
	1.07

	
	Total
	1.85
	1428
	0.91

	Spain
	1
	2.24
	84
	0.82

	
	2
	2.05
	136
	0.70

	
	3
	2.15
	120
	0.83

	
	4
	2.37
	133
	0.94

	
	5
	2.57
	56
	1.11

	
	6
	2.20
	116
	0.86

	
	7
	2.01
	112
	0.71

	
	8
	2.50
	122
	1.00

	
	9
	2.37
	358
	0.94

	
	10
	2.45
	91
	0.99

	
	Total
	2.29
	1328
	0.90

	Finland
	1
	1.92
	183
	0.74

	
	2
	2.05
	436
	0.78

	
	3
	2.09
	127
	0.79

	
	4
	2.27
	100
	0.81

	
	5
	2.68
	62
	0.84

	
	6
	2.25
	124
	0.79

	
	7
	2.13
	213
	0.81

	
	8
	2.25
	163
	0.78

	
	9
	2.29
	402
	0.83

	
	10
	2.32
	101
	0.82

	
	Total
	2.18
	1911
	0.81

	France
	1
	2.13
	193
	0.78

	
	2
	2.11
	269
	0.82

	
	3
	2.25
	200
	0.86

	
	4
	2.46
	73
	0.94

	
	5
	2.34
	23
	0.69

	
	6
	2.47
	155
	0.97

	
	7
	2.29
	202
	0.91

	
	8
	2.42
	75
	1.03

	
	9
	2.30
	157
	0.85

	
	Total
	2.27
	1347
	0.88

	United Kingdom
	1
	1.85
	174
	0.76

	
	2
	1.87
	538
	0.83

	
	3
	2.00
	164
	0.91

	
	4
	1.95
	134
	0.89

	
	5
	2.16
	9
	0.83

	
	6
	2.02
	252
	0.91

	
	7
	2.14
	262
	1.00

	
	8
	2.14
	60
	0.94

	
	9
	2.29
	333
	0.96

	
	10
	2.27
	38
	0.86

	
	Total
	2.03
	1965
	0.91

	Greece
	1
	1.71
	174
	0.79

	
	2
	1.74
	229
	0.89

	
	3
	1.60
	150
	0.76

	
	4
	1.84
	334
	0.93

	
	5
	2.34
	279
	0.98

	
	6
	1.79
	119
	0.99

	
	7
	1.80
	109
	1.00

	
	8
	1.97
	80
	1.03

	
	9
	2.12
	349
	1.04

	
	10
	1.80
	101
	0.91

	
	Total
	1.92
	1925
	0.97

	Hungary
	1
	2.48
	100
	0.90

	
	2
	2.55
	261
	0.84

	
	3
	2.63
	72
	0.80

	
	4
	2.57
	116
	0.97

	
	5
	2.86
	7
	0.69

	
	6
	2.88
	116
	1.02

	
	7
	2.61
	141
	0.95

	
	8
	2.87
	156
	1.02

	
	9
	2.98
	376
	0.94

	
	10
	2.79
	117
	0.87

	
	Total
	2.75
	1462
	0.94

	Ireland
	1
	1.57
	171
	0.68

	
	2
	1.72
	401
	0.76

	
	3
	1.66
	158
	0.68

	
	4
	1.77
	116
	0.78

	
	5
	1.83
	77
	0.74

	
	6
	1.69
	169
	0.74

	
	7
	1.69
	241
	0.74

	
	8
	1.79
	72
	0.94

	
	9
	1.88
	333
	0.84

	
	10
	1.82
	44
	0.99

	
	Total
	1.74
	1782
	0.77

	Israel
	1
	1.94
	332
	0.86

	
	2
	1.89
	629
	0.86

	
	3
	1.84
	216
	0.86

	
	4
	2.07
	123
	0.86

	
	5
	1.63
	4
	0.88

	
	6
	1.93
	203
	0.85

	
	7
	2.14
	153
	0.98

	
	8
	1.86
	38
	1.01

	
	9
	1.98
	249
	1.02

	
	10
	2.37
	37
	1.12

	
	Total
	1.94
	1984
	0.90

	Italy
	1
	2.20
	83
	0.83

	
	2
	2.21
	156
	0.65

	
	3
	2.11
	96
	0.81

	
	4
	2.30
	153
	0.77

	
	5
	2.43
	20
	0.68

	
	6
	2.37
	72
	0.78

	
	7
	2.16
	79
	0.66

	
	8
	2.24
	28
	0.99

	
	9
	2.38
	199
	0.81

	
	10
	2.27
	25
	0.99

	
	Total
	2.27
	911
	0.78

	Luxembourg
	1
	1.92
	140
	0.84

	
	2
	2.00
	327
	0.84

	
	3
	2.15
	126
	0.88

	
	4
	2.32
	52
	0.97

	
	5
	2.30
	8
	0.86

	
	6
	2.22
	153
	0.84

	
	7
	2.26
	86
	1.08

	
	8
	2.31
	55
	0.96

	
	9
	2.45
	206
	0.98

	
	10
	2.49
	40
	1.04

	
	Total
	2.18
	1192
	0.92

	Netherlands
	1
	1.98
	318
	0.70

	
	2
	2.04
	731
	0.75

	
	3
	2.22
	244
	0.79

	
	4
	2.00
	122
	0.77

	
	5
	1.90
	15
	0.66

	
	6
	2.16
	232
	0.66

	
	7
	2.14
	183
	0.71

	
	8
	1.85
	66
	0.83

	
	9
	2.14
	275
	0.81

	
	10
	2.49
	51
	0.80

	
	Total
	2.09
	2237
	0.75

	Norway
	1
	1.65
	176
	0.76

	
	2
	1.90
	494
	0.86

	
	3
	2.10
	132
	0.84

	
	6
	2.03
	272
	0.85

	
	7
	2.07
	270
	0.92

	
	8
	2.15
	117
	0.81

	
	9
	2.18
	249
	0.99

	
	10
	2.35
	34
	1.18

	
	Total
	2.00
	1744
	0.89

	Poland
	1
	2.28
	82
	0.80

	
	2
	2.41
	346
	0.88

	
	3
	2.32
	140
	0.84

	
	4
	2.40
	116
	0.84

	
	5
	2.92
	202
	0.98

	
	6
	2.66
	115
	0.94

	
	7
	2.41
	147
	0.95

	
	8
	2.52
	111
	0.90

	
	9
	2.71
	368
	0.93

	
	10
	2.59
	153
	0.94

	
	Total
	2.55
	1780
	0.93

	Portugal
	1
	2.27
	81
	0.74

	
	2
	2.47
	197
	0.76

	
	3
	2.21
	91
	0.69

	
	4
	2.60
	116
	0.91

	
	5
	2.83
	53
	0.85

	
	6
	2.50
	110
	0.92

	
	7
	2.47
	85
	0.87

	
	8
	2.75
	73
	0.75

	
	9
	2.76
	333
	0.84

	
	10
	2.64
	130
	0.77

	
	Total
	2.58
	1267
	0.83

	Sweden
	1
	1.79
	247
	0.81

	
	2
	1.96
	448
	0.86

	
	3
	2.02
	176
	0.84

	
	4
	2.14
	96
	0.94

	
	5
	2.14
	22
	0.94

	
	6
	2.09
	191
	0.88

	
	7
	2.05
	308
	0.85

	
	8
	2.00
	77
	0.96

	
	9
	2.20
	306
	0.95

	
	10
	2.26
	66
	0.86

	
	Total
	2.03
	1937
	0.88

	Slovenia
	1
	2.19
	135
	0.82

	
	2
	2.30
	246
	0.83

	
	3
	2.45
	103
	0.78

	
	4
	2.38
	72
	0.88

	
	5
	2.87
	15
	1.06

	
	6
	2.46
	213
	0.92

	
	7
	2.26
	99
	0.84

	
	8
	2.47
	81
	0.84

	
	9
	2.64
	239
	0.96

	
	10
	2.70
	87
	0.93

	
	Total
	2.44
	1290
	0.89

	Total
	1
	1.93
	3774
	0.80

	
	2
	2.03
	8528
	0.84

	
	3
	2.06
	3723
	0.84

	
	4
	2.14
	2479
	0.90

	
	5
	2.45
	975
	0.97

	
	6
	2.17
	3804
	0.90

	
	7
	2.12
	3652
	0.89

	
	8
	2.29
	2029
	0.95

	
	9
	2.36
	6291
	0.97

	
	10
	2.39
	1495
	0.95

	
	Total
	2.15
	36749
	0.90


Appendix 2

Graphs showing ESeC distributions
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[image: image11.emf]Hungary

0.0

5.0

10.0

15.0

20.0

25.0

30.0

1 2 3 4 5 6 7 8 9


[image: image12.emf]Ireland

0.0

5.0

10.0

15.0

20.0

25.0

1 2 3 4 5 6 7 8 9


[image: image13.emf]Israel
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[image: image22.emf]ESS Class 1 by country
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[image: image23.emf]Class 2 by country
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